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THREE-LAYERED PERCEPTRON THAT IS ABLE TO LEARN
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Neural network architecture and algorithms of a three-layered percep-

tron that is able to learn without loss of previously stored information were
first proposed. The new neural network can become an alternative to dis-
crete networks of adaptive resonance theory.

Keywords: perceptron that is able to learn, neural network, the net-
work of adaptive resonance theory.
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