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Machine learning algorithms are used in many fields in the modern world.
However, building well-performing machine learning applications requires
highly specialized data scientists and domain experts [1]. Every machine
learning system has hyperparameters. Recent deep neural networks crucially
depend on a wide range of hyperparameter choices about the neural network’s
architecture, regularization, and optimization [2]. It is necessary to set values of
numerous hyperparameters prior to the learning process. But with modern
algorithms, the evaluation of a given hyperparameter setting can take a
considerable amount of time and the search space is often very high-dimensional
[3].

There are three classical and commonly used approaches for finding optimal
hyperparameters: Grid Search, Random Search, Bayesian Optimization. Grid Search
is resource-intensive and execution time even for a shallow neural network. Random
Search uses a random selection from hyperparameters space and shows good results.
The latest research introduces a new BOHB method, which combines Bayesian
optimization and Hyperband algorithms [4].

Modern neural networks are successfully applied to satellite image
classification problems [5]. EuroSAT dataset consists of 27,000 images across 34
European countries. Several experiments were carried out on the EuroSAT dataset.
The explanation of Random Search and BOHB algorithms is provided. It is
established that the BOHB algorithm is more effective and could find better neural
network hyperparameters configuration which could increase classification
accuracy on the EuroSAT dataset.
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