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BBEJAEHUE

Ceromgus texnonoruu Natural Language Processing (NLP) cranosstcs Bce 60-
Jee pacmpocTpaHeHHbIMUA. Hampumep, TenedoHbl U TUTaHIIETH MOAACPKUBAIOT UHTE-
JIEKTyabHBIA MPEIUKTUBHBIN BBOJ TEKCTa U PACIIO3HABAHUE PYKOMUCHOTO TEKCTa; CH-
CTEMbl MH(QOPMALIMOHHOTO TMOMCKA AHAIU3UPYIOT HECTPYKTYPUPOBAHHBIM TEKCT; CHU-
CTEMbl MAIlIMHHOTO MEPEBO/A MO3BOJISIIOT U3BJICKATh TEKCT KUTANCKOTO SI3bIKa U 3aTEM
TPAHCIMPOBATh €r0 Ha YKPAaMHCKOM, PYCCKOM WJIM aHTJIMHCKOM si3bikax. [locnennue
IATH JIET 9aT-00Thl HAYAIU JOMUHUPOBATH B MPEANPUHUMATEIHCTBE U PEKIaMe, a Sen-
timent analysis MO3BOJISIET OMPEAENATh HACTPOCHUS B COLMAIIBHBIX CETAX, TBUTaX U
onorax. [Ipenocrapisis 0osiee eCTeCTBEHHBIE Y€IOBEKO-MAIIMHHBIE UHTEpENCH 1 00-
Jiee CIIOXKHBIN JOCTYN K XpaHUMOU MH(pOpMaInu, A3bIK0Basi 00paboTKa cTajga 3aHUMAaTh
OJIHO U3 LIEHTPAIBHBIX MECT B MHOTOSI3bIYHOM UH(POPMAIIMOHHOM OOIIIECTBE.

JlanHoe yueOHOe mocoOue, MpeaocTaBisas JOCTYIMHOE BBeAeHHEe B oOmacth NLP,
paccMaTpuBaeT Takue TPAJAUIIMOHHBIE MOJXOJbI 00paOOTKU TEKCTa, KaK TOKCHU3AIMS,
HOpMauM3alus, creMMuHr, POS-tagging, cCHHTaKCUYECKHM parser, CCeMaHTUYECKU aHa-
nu3, ¢ noakatoueHueMm Kk WordNet, perynsipasie BeipakeHus1. [locodue Takke BKIIOYAeT
OMKCaHNe BO3MOXHOCTEH mpakTudeckoil peanusaruu NLP 3anau unctpymentamu 6uo-
muotexkn NLTK Python.

Natural Language Toolkit (NLTK) npencrasisier co0oii OTKPBITYI0 OHOIHOTE-
Ky, BKJIFOYAIONIYI0 OOIIMPHOE MPOTPaMMHOE 0OeCTieueHHe, NaHHbIE U JTOKYMEHTAIUIO,
KOTOpBhIE MOXHO OECIIaTHO 3arpy3uth ¢ caiita http://nltk.org/. B Hactosiee Bpems
NLTK cuurtaercss XOpomuM UHCTPYMEHTOM ISl 00y4eHUsI U padOThl B BHIYUCITUTE b~
HOM ¥ KOMIIBIOTEPHON NUHTBUCTHKE (“‘computational linguistics™)

[Tocobue MoOXeT OBbITh MCIOJIL30BAaHO JJISi M3YYEHUS IUCLMIUIMH, CBS3aHHBIX C
00pabOTKOM €CTECTBEHHOTO $3bIKa, KOMIBIOTEPHON JUHTBUCTHUKON, WHTEIUICKTYallb-

HBIM dHAJIM30M TCKCTA, 4 TAKIKC JId MHAUBUAYAJIbHOT'O U3YUCHUAI.



Tema 1. BBEJJEHUE B NATURAL LANGUAGE PROCESSING

1.1. 3apaum u npunoxenns NLP.

1.2. MHctammamus otkpeiToit Oudauorekn NLTK.

KonTponbHbie BOMpOCH M MpakThyeckue 3agaHus Kk teme ‘“‘BBenenume B Natural

Language Processing”.

1.1. 3apaum u npuioxenust NLP

Natural Language Processing (NLP) mpencraBnser co00li aKTHBHO MpUMEHsIE-
MYIO Ha MPaKTUKE 00JIACTh UCCIEIOBAHUM, IIENIbI0 KOTOPOU SIBIISIETCS 00padOTKa sI3bIKa
Ha 0a3e JMHTBUCTUYECKUX, CTATUCTHUYECKUX U WH(POPMALMOHHBIX TexHoiormil. OO-
nacth uccienoBanuid NLP dacTHyHO mepecekaeTcss ¢ KOMIIBIOTEPHOM M MaremMaThye-
CKOW JIMHTBUCTUKOM. OHAKO, OCHOBHOM 3a/ladyell KOMIIBIOTEPHOW JIMHTBUCTUKH SIBJIS-
€TCs MOJEJIIMPOBAHUE MPOLECCA IIOHUMAHUs CMBICIA TEKCTOB, BKIIIOYAIOLIEE aHAIU3 —
Hepexo]l OT TeKCTa K (OpMaIM30BAaHHOMY IPEICTABICHUIO €0 CMbIC/IA, U CUHTE3 —
nepexoa oT (OpMaIM30BaHHOIO MPEACTABICHHS CMBICIa K TEKCTaM €CTECTBEHHOI'O
a3blka. J7ist perienus Takoro poja 3ajgaud He0OX0AUMO MOJEIUPOBATh (PYHKIIMH YEJI0-
BEUECKOTO MHTEIUIEKTa, CBSI3aHHBIE C MCIOJIb30BAHMEM ECTECTBEHHOIO SI3bIKA, TaKHE,
KaK peepupoBaHue, NEPEBO/I, U3BICUCHUE U WICHTU(UKALMS 3HAHUI, OTBETHI Ha 00-
IIMe ¥ CHeIUalbHbIe BOMPOCH, Mepudpas u apyrue QyHKIHMH, CBI3aHHBIE C TOHUMA-
HUEM TEKCTA WIIN PEYH.

Ceronns HarpaBinenue NLP, moj KoTopsiM mopa3zyMeBaroT 000N THIT KOMITbIO-
TEepHOU 00paOOTKU €CTECTBEHHOTO SI3bIKa — OT MOJICYETA YHCIIa CJIOB 10 CPAaBHEHHUS pas3-
JUYHBIX CTUJIEH TEKCTa U «IIOHUMAHUS» CMBICIA TEKCTA, — UMEET O0JIee MPaKTUYECKYIO
HaIlpaBJICHHOCTh, YEM KOMIIbIOTEpHAs JIMHIBUCTHKA B 1enaoM. [loaxoaer NLP, gacto
Ha3biBaeMble “Computational Linguistics”, CTAHOBSITCS OJJHUM U3 HauOoJiee UHTEHCUB-
HO Pa3BUBAIONINXCS HAMpPaBJICHUH HHPOPMAIIMOHHBIX TexHoyorwii. [Ipuunna nnrepeca
K TTOJX0JIaM U 3ajadaM 00paOOTKH TEKCTOBON MHGOpPMAIMA BO MHOT'OM CBsI3aHa C He-
IPEPHIBHBIM YBEJIMUYEHUEM 00beMa TEKCTOBBIX JAHHBIX B COI[MAIBHBIX U MHTEPHET Ce-
TAX.

K nanbonee usBectHbIM npuiiockenusiMm NLP oTHocsTCA:

*  BONPOCHO-OTBeTHbIE cucTeMbl (Question answering (QA));



* cucTeMbl u3BiIeYeHHs uHPopMmanuu U u3BiaedueHue ¢aktoB (Information
extraction (IE));

* aBTOMaTMYeCKUi aHanu3 MHeHui (Sentiment analysis wiu Opinion Mining );

* cucTeMbl MammHHOTO nepeBojia (Machine translation (MT));

* aBTOMaTHYecKoe nepedpasupoBanue, pepaThuar, cuHonumaiizep (Paraphrase);

* cucteMbl aBToMatnueckoro pedepuponanus (Text Summarization);

*  UEeJOBEKO-MAalIMHHBIN guanor B wuHTepdeiicax cuctem (Human-Machine
Dialogue), Bximouatomuii Chatbots;

* cuctemsl nHGopmalmonHoro rnmoucka (Information retrieval);

* aBTOMaTuyeckas kiaccudukamms W Kigactepuzanus — TekctoB  (Text
classification);

e aBromaTuyeckas nposepka opporpadun (Spelling Correction);

e apTOoMaTuyeckas re’epaiusi ontosioruu (Ontology generation);

* aBTOMaTMyeckoe omnpezeneHue tematuku Tekcra (Topic identification) u apy-
r'Ue MPUI0KEHHUS.

[IpakTrueckas peanusanus MEPEUUCICHHBIX NpUiIokeHuid NLP mupoko Bapbupy-
€TCsl OT HampaBIICHUH, MO KOTOPHIM €CTh KOMMEPYECKHE MPOAYKTHI U CHUCTEMBI, 10
HaIpaBJCHUH, B peain3alliid KOTOPBIX 3aJCHCTBOBAHBI Pa0OTAIOIINE AJITOPUTMBI, U
HAIpPAaBIICHUH, CYIIECTBYIOIIUX TOJBKO B AKCIIEPHUMEHTAIBHBIX pa3padoTKax.

K nanpaBnenusiMm 06pabOTKH TEKCTa, IO KOTOPBHIM CYIIECTBYIOT XOPOIIIO PeaTn30-
BaHHbIE KOMMEPUECKUE MPEUIOKEHHSI, MOKHO OTHECTU MPUIIOKEHHS 110 OINPEIEICHUIO
criama B MOJIy4aeMOM T0JIb30BaTeNIeM MOTOKe e-mail TekcToB. Y XOTsI 3T MPpUIIoKEeHHS
IPOAOKAIOT MPUHUMATH JOCTATOYHOE KOJIMYECTBO OLIMOOYHBIX PEIIEHUH, OHU BKIIIO-
YEeHBI B COBPEMEHHBIC TTIOUTOBBIE CEPBHCHI.

Eme oguM npuMepoM KOMMEpLMAIU3AlMK SBISETCS CUHTE3 peud (speech syn-
thesis), UMeOIMMIA yCHENTHO pa3pabOoTaHHBIC MPUIOKEHUS, TMOJO00HO CcreruduKaImm
SALT (Speech Application Language Tags).

[IprmepoM HE TOBEAEHHBIX O KOMMEpUYECKOM peanu3anuu 3ana4 NLP, Ho nmero-
X pabOTAIONINE AJITOPUTMBI, SIBJISETCS 3a/iaya W3BJICUEHUS UH(POpMAIUU U3 TEKCTa

(Information Extraction). [IpunoxxeHusi, CBs3aHHBIC C W3BJICYCHUEM HHMOPMAIIHH,

9



KOTOPBIE W3BJICKAIOT U3 TEKCTOB MHEHHs aBTOpa (MOJIOKUTEIHHBIC WU OTPUIIATEIIb-
HBIC) O TOM WM HHOM IpeaMeTe, mpeAcTaBisioT 3amadn Opinion Mining. [lansebrii
npolecc HasbIBaeTcs Takke Sentiment analysis, opinion extraction wmu opin-
ion mining, sentiment mining, subjectivity analysis u nmeer HekoTOpBIC ApyTHE
HAaMMEHOBAHUS.

Takue cucTeMbl OTCIICKUBAHMS MHEHUN aBTOPOB IO UX MyOJHMKALMAM U TEKCTaM
MOTYT OBITh HCTIOJL30BAHBI JIsI PEIICHUS] MHOKECTBA MPAKTHIECKUX 3a1a4d. Hampumep,
cuctembl Opinion Mining moryr:

1) SBIATHCS MOTOJHUTEIHHBIM HCTOYHHKOM TpECKa3aHUs U3MEHEHHH Ha (DOH-
JTOBOM PBIHKE WJIM BO3MOYKHBIX U3MCHEHHH CTOMMOCTH aKITHI;

2) MOMOYb KOPIOpAIUSM OMpPEAEIUTh MOJIb30BaTEIbCKOE MHEHUE O HOBOM IIPO-
IyKTe, Hanpumep o HoBoM 1Phone;

3) momMoub MOJUTHUKAM OMPENENUTh MPEINOYTeHUs] U30upareraeil Ha TPencTos-
IIUX BBIOOpax.

K aT10ii ke rpyrime 3aga4 OTHOCUTCS IPYroe BaXKHOE MPHIOKCHHUE JIMHTBHCTHYC-
CKOTO MpoIleccopa — MAIIMHHBIN NepeBojl, T0/Ipa3yMEBAIONINI MOJHOCTHI0O ABTOMA-
THYECKHUIl mepeBOAYMK. B aBTOMaTHYECKH TOJy9aeMbIX MEPEeBOIaX, HECMOTPS HaA J0-
CTUTHYTBIN B TIOCIIEHEE BPEMS MPOTPECcC B Pa3BUTHH TEXHOJIOTHH, O CUX TIOpP BCTpeE-
YaeTCs IOCTATOYHOE KOJMYECTBO OMIMOOK, KOTOPHIE MOJJICKAT PYYHOMY PEeIaKTHPOBa-
HUIO.

[Tocnennuii (Tpetuii) knacc 3aga4 NLP — 910 3agaun, KoTOpble Ha CEro/IHA HaXO-
JIATCS TOJIBKO HAa YPOBHE HAYYHBIX MCCIICIOBAHUNA M DKCIIEPUMEHTATIBHBIX Pa3paboToK.
K Takum 3amadaM MOXKHO OTHECTH pa3paOd0TKy BOIPOCHO-OTBETHBIX CHCTEM, KOTOPHIE
UCIIOJIB3YIOTCSl JIJII aBTOMATHYECKOTO OTBETa Ha BOMPOCHI JtoOoro Buaa. Question
answering systems MMEIOT pealbHbIE aJITOPUTMBI TOJBKO TIPH (POPMYIHPOBKE CaMBIX
MPOCTHIX, (hakTOorpapuvecKux BOIPocoB. Jlaxke MpocThie, HO OOIIME BOIPOCHI IO-
MPEKHEMY TSKEIIO MOIAI0TCS aBTOMATH3aIINH.

Hepemennon 3anaueid NLP octaeTcs 3a7aya aBTOMaTHYECKOM TEHEPALIUU OHTOJIO-
rum (Ontology generation, wiu ontology acquisition) , BKJItoYaroIas aBTOMAaTHYECKOE

H3BJICUYCHUEC N3 TCKCTOB TCPMHHOB )IaHHOﬁ Hp@)lMCTHOfI 00JJaCTH M1 aBTOMaTHYECKOE
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BBISIBJICHHE OTHOLICHUI MEXIy TepMUHAMU Ha 0a3e KopIyca TeKCTOB.

Eme oxHOM, NpakTUYECKU HEPEIICHHON 3a/1a4€id JIMHTBUCTUYECKOTO IIPOLECCOPA,
aBisieTcs nepeppasuposanue (paraphrases). Hanpumep, Takas cucrema a0kHa npa-
BUJIBHO MPUHATH PEIMICHHE O TOM, YTO MPEMIOKEHUE «MPUHAOYAMb CON0am NOmepsiu
CB0U JHCU3HUY UMEET TOT K€ CMBICI, YTO U MPEUIOKEHUE «Uacmby GoucKa OvL1a pas3-
epomnena». Takas cucteMa mnepedpasupoBaHUs JODKHA 00J1ajaTh MOIIHBIMU CpPEJ-
CTBaMH CEMAaHTHUYECKOTO CMBICIIOBOTO aHajIu3a, MPAKTHYECKH HE CYIIECTBYIOIIMMH Ha
CETOJIHSITHUHN JICHb.

Cucrema aBTOMaTHyeckoro pedepupoBanusi (Summarization), xoropas K
CJIO’KHOCTSIM TiepedpazupoBaHusi 100aBIsSET MPOOJIEMbl CMBICIOBOIO 0000IICHUS, TaK-
K€ HE UMEET IPaKTUYECKOHM peanu3auuu. B HacTosee BpeMs Ha pbIHKE NO-IIPEKHEMY
MPUCYTCTBYIOT TOJBKO CHCTEMBI KBa3Upe(epupoBaHUs, UCIONB3YIOLIUE MO OOJbLIEH
YacCTH CTAaTUCTUKO-TIO3ULMOHHBIE MOJAXO/bl, a4 AITOPUTMBI «UCTUHHOT0» CMBICIIOBOTO
00001IEeHNs] MPAKTUYECKH OTCYTCTBYIOT. Takass oOoOmiaromias cuctema, Hojydas Ha
BXOJI TEKCTOBYIO MH(popManuio o cymecTBywomux B llopryranum ¢uHaHCcOBBIX Hpo-
OjeMax, I'pEYECKUX JOJITOBBIX 00S3aTENIbCTBAX M MTAJIBSHCKOM JIOJITE, HAa BBIXOJE
JOJIKHA C/IeJIaTh BBIBOJ, YTO BCE 3TO NOJ0OHO €BPONEHCKOMY J0JITOBOMY KPU3HCY.

Cy1iecTByeT 10CTaTOYHOE KOJIMUYECTBO MPOOJIEM U OCOOEHHOCTEN €CTeCTBEHHOTO
S3bIKA, HE TIO3BOJISIIOIIUX OBICTPO U JIETKO aBTOMATU3UPOBATh ero o0pabotky. K Takum
npoOjemMaM, MpexAe BCEro, HEOOXOAMMO OTHECTHM MHOI'O3HAYHOCTh E€CTECTBEHHOTO
si3bIka. 1101 MHOTO3HAYHOCTHIO IIOHUMAIOT JIFDOOM CiTydaid, Korja BHEIIHEE BhIPAKCHUE
AJIeMEHTa sI3bIKa (3HaKa) MOXKET MMETh MHOXKECTBEHHYIO MHTeprperauuo. Heomnpene-
JIEHHOCTh WJIM MHOTO3HAYHOCTh, IPH 0OpaOOTKE TEKCTOB, MOKHO BBIJIEIUTH HA Tpa-
bemHOM, MOP(HOIOTUYECKOM, CHHTAKCUYECKOM M CEMaHTHYECKOM YPOBHSX SI3BIKOBOM
cucteMbl. E1te 01HOW 0COOEHHOCTRIO SA3BIKA SIBIISIETCA €r0 WANOMAaTUYHOCTE. [loa nan-
OMOM noHHMaeTcs ¢pasza, 3HAUCHUsI KOTOPOM OTJIMYAETCS OT 3HAYEHHSI, KOTOPOE MOXKHO
OKHJIaTh U3 CYMMBI 3HAYEHUH CJIOB JJAHHOU (pasbl.

Kpome Toro, cymiecTByroT mpoOJIeMbl, CB3aHHBIE C CErMEHTaluen (BbIIEICHUEM )
CIIOB U MPEIJIOKEHUH, MpOOJIeMbl BbIACIEHUS HMEH CYIIHOCTEeH, CHHOHMMOB, KO-

pedepentHocTH. C MOSIBICHUEM COLMATBHBIX CETE U MOBBIIIEHUEM CKOPOCTH Pacipo-
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CTpaHEHHSI TEKCTOBON WHGOpMAIMK K paHee CYIIECTBYIONUM MpoOIeMaM HaIHYUs
OOJBIIIOT0 KOJMYECTBA OIMMOOK M OMEYaTOK B TEKCTAaX J0OABWIACH MPOOJIeMa MCTIOb-
30BaHMS HECTAHAAPTHOTO S3bIKa, KOTOPBIM YAaCTO MOYKHO BHICTh B TEKCTaX IOJIOOHBIX

Twitter, SMS, blog, commanbHbix ceTsix u T. 1. Hampumep, Koraa HCHIONb3YIOTCS
GoubIIre OyKBBI HJIM KOTJIA CJI0BA IHUIIYTCS C MCIONb3oBaHueM cumBosioB 2, U, ¥ u

UM MOJOOHBIX.

MOKHO BBIJICTHUTH CIEAYIONUE TEXHOJIOTHH KOMIBIOTEPHOHN JIMHTBUCTHKHU, KOTO-
pBIC HaIlPaBJICHBI HA PEIICHHUE 3TUX U APYTUX TIPOOIIEM KITOHUMAHUS» S3bIKA:

* Part-of-speech (POS) tagging (aBromaTuyeckas pa3meTKa yacTed peuu, Mopdo-
Joruyeckas 00padoTka, MOp(oIOTHYECKUil aHaU3);

* Parsing (mapcuHr, CHHTaKcu4ecKkas 00padoTka);

* Name entity recognition (pacro3HaBaHHU€ CYITHOCTEN (KOHIICTITOR));

* Relation Extraction (pacrno3HaBaHle OTHOIIEHHN MEXy CYIIHOCTSIMHU);

* Co-reference resolution (pemieHue 3aaun CHATHS KOPEPEPEHTHOCTH, paclo3Ha-
BaHue aHadop u xkatadop);

* Word sense disambiguation (CHITHE CMBICIIOBOI MHOTO3HAYHOCTH CJIOB);

* Collocation extraction (u3Bie4eHHE CIOBOCOUYETAHUN);

* Semantic Equivalence recognition (pacrno3HaBaHHUE CEMAHTHUECKHUX DKBHBAJICH-
TOB).

OT TOrO, HACKOJBKO YCIEIIHO pabOTAIOT aIrOPUTMbI JIAaHHBIX 3TAOB 00pPabOTKH

TEKCTa, 3aBUCUT YCIEIIHOCTh PA0OTHI T€X WJIM UHBIX MpuioxkeHnii NLP.

1.2. Macranasiuus oTkpbiToii 0ndamnoreku NLTK

OtkpeiTast 6ubmmuorexka Natural Language Toolkit (NLTK), koTopyto MOKHO BMe-
CTE C JIAaHHBIMU M JJOKYMEHTaMu 3arpy3uTh ¢ caita http://www.nltk.org/, npencrasnser
coboii cpeny, ucnosbdyemyro s noctpoenuss NLP nporpamm Ha ITutone. OHa BKITIO-
yaeT 0a30BbIe KJIACCHI JJIsl IPEJCTABIICHUS JAaHHBIX, CBsI3aHHBIX ¢ NLP, u cTangapTHBIM
uHTep(delic s BHIMOJIHEHUS Takux 3aaad, kak POS-tagging, syntactic parsing, text
classification u ap.

bubmoreka NLTK Osniia pa3zpaborana B 2001 romy kak dacth kypca Computa-
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tional Linguistics course Ha kapenpe Computer and Information Science ynuBepcurteTa

Pennsylvania. Bce nocnenyromiee BpeMsi OH JOMOJHSJICS U MCIOJIB30BAICS BO MHOTHUX

YHUBCPCUTCTAX U HUCCIICAOBATCIIbCKUX ITPOCKTAX. Ta6Jmua 1.1 moxa3pIBaeT HamoOoyce

yacTo ucnonbzyemble NLTK-momymnu.

Ta6muma 1.1 — OcHoBHbIe 3a1aun NLP 1 cooTBeTCTByIOIIME UM MOJYJIM IMaKeTa

NLTK

Pemaemas 3agaua NLP

NLTK-mony.n

DOyHKUUA MOAYJISA

JlocTyn k Koprycam

nltk.corpus

CraHaapTU3UPOBaHHBIM uHTepdeiic

KOPITYCOB Y JIEKCUKOHOB

O0paboTka cTpoK

nltk.tokenize,
nltk.stem

TokeHunsanus, cerMmeHTanus MpeaioxKe-
HUM, CTCMMEHT

Pab6ora ¢ KOJIOKaIuAMHA

nltk.collocations

Hcnonb30BaHue METPUK chi-

squared, PMI

t-test,

nltk.cluster

Part-of-speech pa3smerka | nltk.tag n-rpammel, backoff, ckpeiTas mapkos-
ckas mojienb, ITnT
Knaccuduxanus nltk.classify, JepeBo pelieHHil, MakCUMaJllbHasl dH-

Tponus, HauBHBIA baiiec, k-cpennwue,
MaKCHMAJIbHOE MPaBI0IIo00He

CunTakcuueckuil pazoop
MIPEITIOKEHNN

nltk.chunk

CDYHKI_[I/IOHaJ'IBHBIe U BCPOATHOCTHBIC
3aBUCHUMOCTHU

MeTtpuku OLIEHKH

nltk.metrics

[TonHoTa, TOYHOCTH, KOADPUIIUEHT CO-

TJIaCOBAaHOCTHU
BepositHocTh 1 otienka | nltk.probability | YacTtoTHble pacmpeneneHus, CriiakeH-
HbIE BEPOATHOCTHBIC pacIpeiesieHUs
[Tpunoxenus nltk.app, ['paduueckuit koHKOmAHCEP, mMapcep,
nltk.chat WordNet-0pay3ep, chatbots

Jnst ycranoBku uHcTpyMeHTapuss NLTK HeoOxonumo 3aiiTu Ha opUIHMAIbHYIO

crpanwuiy http://www.nltk.org/, BeIOpaTh myHkT mento Installing NLTK u ckauath Ha

KOMIIBIOTEP H€O6XOJII/IMy}O HWHCTAJIJIAITUIO ITaKETA.

Jlist Toro uToObl TIpoBepUTH Bepcuro Python, ycTaHOBIEHHOrO Ha KOMIBIOTEpE,

MOKHO B KOHCOJILHOM PEKHMME UCIIOJIh30BaTh KOMaHy python —version.

ITocae Toro kak maker 6Y)ICT CKa4daH Ha KOMIIBIOTCP, MOKXHO YCTAHOBUTL €ro C
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MOMOIIBIO YCTAHOBINKKA pip: pip install nltk.

[Toce ycTaHOBKM MO’KHO BBECTH JBE KOMAaHJbI, TTO3BOJISIONINE YCTAHOBUTH Ha
KoMmmbiotepe “book collection” NLTK-Data, npeactaBistomniye JUHTBUCTUYECKUE KOP-
nmyca a1 00paboTKu:

>>>import ntk

>>>nltk.download()

[pu 3arpy3ke NLTK Book Collection ra sxpan OyneT BBIBEIEHO OKHO, OTpaXKaro-
1Iee JOCTYIHBIC IS HCIoyib3oBanus makersl. Brimagka Collections NLTK Downloader

MOKa3bIBAET, KAK NAKEThl CIPYNIIUPOBAHBI BO MHOKecTBa (puc. 1.1).

# NLTK Downloader o=

File View Sort Help

Collections @ Corpora m All Packages

Identifier i

o JAipadage e Jinsuies |8

all-corpora All the corpora na installed
all-nltk All packages available on nltk_data gh-pages bran| n/a installed
book Everything used in the MLTK Book na installed
popular Popular packages na installed
tests Packages for running tests na installed
third-party Third-party data packages na installed

-

Download Refresh

ServerIndex https://raw.githubusercontent.com/nltk/nltk
Download Directory: C: \Users\Nina\AppData‘\Roaming\nltk data

Pucynok 1.1 — ITakeTsl kopitycoB, 1ocTynHble Ipu yctaHoBKe NLTK

Bce nmaketsl TpeOyroT npuMepHo 2.8 1'0aiiT 1MCKOBOTO MPOCTPAHCTBA.

[Tocne Toro kak JaHHbIE KOPITYCOB OYIYT 3arpy:K€Hbl Ha KOMITBIOTEP, MOKHO UX
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oOpabaTeIBaTh ¢ MOMOIIBI0 HHTEpIpeTaropa Python. J{ns Toro 4toOsl yBUAETh Ha3Ba-
HUSA KHUT, TeKcThl KoTopeix mpemraraer NLTK-Data, wcnons3dyercs komanna
from nltk.book import *.

[Tocne 3TOro Ha 3KpaH BBIBOJUTCS CIIUCOK KHUT, TEKCTBI KOTOPBIX AOCTYIHBI IS

00paboTKH:

’ E:\Users\ﬂina\PycharmPrcjEcts\untitlei\venv\Scripts\pythcn.exe D: /$ai

dede intrcductcry Examples for the NLTHE Book **=*
Loading textl, ..., textd and sentl, ..., senth
Type the name of the text or sentence to view 1t.
Type: 'texts()' or 'sents()' toc list the materials.
textl: Moby Dick by Herman Melwille 1851
text2: Sense and Sensibility by Jane Rusten 1811
text3: The Book of Genesis
v textd: Inaugural Address Corpus
textS: Chat Corpus
b texté: Monty Python and the Holy Grail

text7: Wall Street Journal

text8: Personals Corpus

text9: The Man Who Was Thursday by G . K . Chesterton 1908

T
LY

b eI [

Ecnu Heo6xouMo noayuuTh HH(POpMAIUIO 0 KaKOM-TO KOHKPETHOM TEKCTE, J10-
CTaTOYHO HAMHUCaTh €r0 UMSI:
print(text5)
print(text6)

n: nlp_lsimple

<Text: Chat Corpus>
<Text: Monty Python and the Holy Grail>»

KouTtposibHbie BOonpochl U MpakTU4Yeckue 3ajianus K teme “BBenenue B Natu-
ral Language Processing”

1. CymectByromue npusioxenust NLP.

2. CoBpeMeHHBIC MPOOIEMbI aBTOMATHU3AIIMA 00paObOTKH TEKCTOB.

3. Haubonee npumensiembie moxynu nakera NLTK.

4. Yto nonumaetcs noj noustuem Natural Language Processing?

5. Ilpunoxenusa NLP, nmeronipe KoMMEPUECKYIO peaInu3aluio.

6. Ilpunoxxenust NLP, cymiecTByromiye TOJIbKO B 3KCIEPUMEHTAIBHBIX pa3paboT-
Kax.

7. Yto coboit npeacrasiser naker NLTK Python?
15



Tema 2. CTPOKH PYTHON

2.1. OcobeHHoCcTH pabOTHI ¢ TEKCTOBBIMU CTpokaMu B Python.
2.2. ®opmaTtupoBaHue cTpok Python.

2.3. Ctpoku B hopmare Unicode B Python.

2.4. CTpoKOBBIE METO/IbI U (DYHKITHH.

KoHTposibHbIE BOMPOCH! U MpakTUYeckue 3aaanus no reMe «Ctpoku Pythony.

2.1. OcobeHHOCTH PadoTHI ¢ TEKCTOBLIMH cTpoKkaMu B Python

CTpoku MpeacTaBisioT co0oi mpumep nocieaoBareabHocTH B Python — 310 mo-
CJIEIOBATENIbHOCTh CUMBOJIOB C MPOM3BOJIBHBIM AOCTYNOM. /[ paboThl cO cTpokamu
[IMTOH MMeeT BCTPOEHHBIM CTPOKOBBIM KJIACC, Ha3bIlBaeMbl Str. MOXHO yIIpaBisiTh
TEKCTOBBIMU JAaHHBIMU B [TuTOHE, UCIIONB3YSl CTPOKOBBIE O0OBEKTHI. CTpoKa Mpe/icTaB-
nseT coboii Hem3MeHseMyr TocienoBarenbHocTh Unicode. [TosTtomy wn3MeHEHHYFO
CTPOKY MO>KHO CKOITMPOBATH UIIM COXPAHUTH B IPYTOM CTPOKE.

3anuchIBalOTCSA CTPOKH B ABOMHBIX WJIM OJIMHAPHBIX KaBblUKax. B cioydae HeoOxo-
JUMOCTH B MIPOTPaAaMMHOM KOJI€ JJIMHHBIE CTPOKHM MOKHO pa3OuBaTh C MOMOIIBI0 00-
paTHOIO cCJiellla WX BBOJWTH UX C MOMOIIBIO TPOMHBIX KaBBIYEK WM TPOMHBIX aro-
cTpooB:

>>> g = '"this is first word\

and this 1s second word'

>>>c="""" MHOTOCTpPOYHBII OJIOK

TekcTa™””

[Ipu paboTe co cTpokaMu OOpATHBIN CIIEII \ TAK)KE MOXKET OBITh UCTIOIB30BAH IS
obo3HaueHus ympasistonux cumBoiioB (\n, \t, \f — nepeBox crpanuisl, \xhh — mecrna-
JIaTepuyHOe 3HAYeHUE, \000 — BOCBMEPUYHOE 3HAUYCHUE).

Omnepatop + cO CTpOKaMH ONpeaesieT KOHKaTeHAUo cTpoK. KpoMe Toro, MoxHO
00BEIUHATH CTPOKH, MPOCTO PACIIOJIOKHUB UX PSIIOM:

>>>print (“Hello “ ‘World”)

Oneparop *(YMHOXHUTb) MOXET HUCIIOIB30BATHCS JIJIsl IOBTOPEHUSI CTPOK:

>>>print (“Hello * *3)
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Tak kak CTpoka — 3TO MOCJIEAOBATEILHOCTh CUMBOJIOB, C HEHl MOXHO paboTaTh,
HCITIONIB3YsI CPE3bI U MHACKCHI, MOJJOOHO CITUCKAMH B KOPTEXKaM.

MOXHO TIOJY4UTh JIFOOOM CHMBOJI CTPOKHM MO €ro HMHJeKcy. MHaekc KpaitHero
CJI€BAa CHMBOJIA PABEH HYJIIO, CICAYIOIIEro — €AUHULE U T. A. MOXHO HOJYyYUTh TAKKE
JOCTYNl K CMMBOJIAM CTPOKH, MCHOJIb3ysl MHIEKCHI MPOTHUBOIIOJI0KHOTO HaIpaBIICHHUS,

OTCUMTBIBAEMBIE OT KOHIIA CTPOKHU (OT MUHYC oJ11H) (puc.2.1).

M H,ﬂ.. 0o 1 g 3 4 5 6 T B8 2
str="0 1 2 3 4 5 6 7 8 9
MHAO-10 -9 g -7 E -5 4 =13 2 |

Pucynok 2.1 — Bo3mMokHBIE HHIEKCHI CUMBOJIOB CTPOKH.

Tak Kak KaXablii CUMBOJI CTpOKM IIMTOHA MMeeT COOTBETCTBYIOIIMUA HHAEKC,
MO>KHO MAaHMITYJIMPOBATh CTPOKAMHU TaK K€, KaK ¥ JPYTMMU TUIIAMU MOCJIEA0BATEIIbHO-
CTeM:

>>>print (“Hello ““ [0])

‘H’

>>>x="Hello’

>>>print (X [-1])

‘o’

Ecnu ykaszaTh cMellleHHe, paBHOE JJIMHE CTPOKH M OOJbIIE, TO CTeHEpUPYETCs
HCKJIIOUYECHUE.

Cpe3bl npeAcTaBiIsaiOT coboil MexanusM [IuToHa, MO3BOISIOMIUN MOJYYUTH JJie-
MEHT WJIM MOJIMHOXKECTBO JJIEMEHTOB M3 KOHTEHHEpa O0OBEKTOB, MCIOJb3Ys 3HAUCHUS
nHJEeKCOB. Takum 00pa3oM, cpe3bl MO3BOJISIOT M30€KaTh MCIOJIH30BAHUS ITUKIIOB IS
TOT0, YTOOBI MOTYUYUTh TOCTYI K HEKOTOPBIM MOACTPOKAM.

Cpe3 mpencraBisier coboit omeparop [Start:end:step], mosBossromimii M3BJICYD
MOJICTPOKY M3 CTPOKU. B moacTpoky OyayT BKIIOUEHBI CUMBOJIBI ¢ HOMepa Start mo

end-1, omyckasi CHMBOJIbI, Yb€ CMEIEHHE BHYTPU MOACTPOKU KPATHO (T. €. C IIIArom)

17



step:

o [:] u3Bnekaet BCIO MOCICAOBATEILHOCTD;

o [start:] u3BiekaeT mocCiIeAOBAaTEIBLHOCTh, C CHMBOJA HOoMep Start mo konia

CTPOKH;

o [:end] u3BnekaeT mociea0BaTEILHOCTL OT Havaia CTpOkU o0 end-1;

O €eClii 3aJaTh OTpHUIIAaTeNIbHOE cMmeleHue, Python OyaeT nBurarbcsi B 0OpaTHYIO

CTOPOHY:

HHUC

>>>]etter="abcd’
>>>print(letter[2:3])
‘o’

>>>print (letter[:2])
‘ab’

>>>print (letter[::2])
‘ac’

>>>g=r"\n\n\\’
>>>print (s [:-1])
\n\n\

Ecnn 3agaTe oTpUUATENBHBIN LIAT, TO MOYHO IOJYYUTh PEBEPCHOE IPEICTaBIIE-

ctpoku. [lpu mare munayc 1, ctpoka GopmMupyercs OT KOHIIA M 3aT€M BBIBOIUT

OJIMH CUMBOJI 32 APYTHUM:

number_str="123456789"'
print(number_str[::-1])
print(number_str[::-2])

2.2. ®opmaTupoBanue cTpok Python

[Tpu BeIBOAIE MH(DOpMaIuu Ha 3kpaH [[MTOH MO3BOJISET UHTEPIIOIUPOBATH JAHHBIC

B CTPOKY, T. €. Pa3MECTUTh 3HAUYCHHS BHYTPU CTPOK, UCTIONB3YS pa3avdHble (OpPMATHI.

[lutoH mojAepkUBaeT JBa OCHOBHBIX CllocoOa (opMaTHpoOBaHMsI CTPOKH, KOTOPBIC

4aCTO HAa3bIBAIOT cmapbim cmuiem U HOBbIM Cmuiem CI)OpMaTI/IPOBaHI/Iﬂ. O0a cTuis

noanepxxusatorcsa kak Python 2, tak u Python 3.
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Crapsrii ctiitb GopMaTUPOBAHUS TIPOIIIE, B HEM CTPOKA UMEET BUJT
cTpoka % JaHHbIE
Berpoennas oneparus % HaspiBaeTcs omepaTopoM mHTepnossiuu (interpolation
operator) um MokeT paboTaTh KaK C OAHOM, TaK K CO MHOXKECTBOM IIEPEMEHHBIX:
¢ crpoka_cuMBoJIOB %f; cTpoka cumMBoJI0oB’ % nmepemenHasil
WIH
¢ ctpoka_cumBogoB %f; %f, ....cTpoka cumBoJioB’ % (nepemennasil, me-
peMenHas2...),

rre f onpenenser popmat u MOKET MPEACTABIATH COOOM:

'%d', '%1', '%u' | AeCATUYHOE YHCIIO

'%0' YHUCJIO B BOCBMEPUYHON CUCTEME CUUCIIEHUS

YHUCJIO B MIECTHAAIATEPUYHON cUCTEME cuncieHus: (OyKBBI B HUXK-
'%XV

HEM PETUCTpE)

YUCJIO B IIECTHAAUATEPUUHON cHUCTeMe cuHucieHus (OyKBbI B
'%Xl

BEPXHEM PETUCTPE)

YHCIIO C IJIaBAIOIIEH TOYKOM ¢ SKCIIOHEHTOM (IKCIIOHEHTA B HUXK-
'%GV

HEM PErUcTpe)

YHUCJIO C TIJIaBAIOIIEH TOYKON C AKCIIOHEHTOM (PKCIIOHEHTAa B BEpX-
'%E'

HEM PErucTpe)

'%f", "%F' YHCJIO C TUIaBarouiel TOukoi (0ObIUHBIN (hopmar)

'%c' CHUMBOIJI (CTPOKa M3 OJTHOTO CHMBOJIA MJIM YHUCIIO - KOJl CHMBOJIA)
'%s' CTPOKY
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Hanpuwmep,
print ('%d %s u %5.1f %s' % (6, '6ananos',12.5, 'lemons'))
print ('%d %s u %1.1f %s' % (6, '6ananos',12.5, 'lemons'))

& Gauanos m  12.5 lemons
& BamamoE M 12.5 lemons

HoBblii cTvIIb (hOopMATHPOBAHMS CO3JIAETCS C MOMOINBIO CHMBOJIOB {} M QpyHKIIMK
format. B Python 3 pekomeHmyercs NpUMEHSITh HOBBIH CTWIb (DOPMATHUPOBAHHMS, HE
UCIIOJB3YIONMUI oniepaTop %.

dopmatupoBaHue ocyiecTBisgercss Bbi3oBoM ¢yHkimu .format() mns oO0bekra
CTPOKHU:

text="{} and {} = {}'.format('teacher','student', 345)

print (text)

APryMeHTBI CTaporo CTHJIS HY)KHO CTaBUTh B MOPSIKE WX TIOSBJICHHS B KauyeCTBE
3anofiHuTeNe cuMBoia %. B HOBOM cTuiie MOXKHO yKa3bIBaTh MOPSIIOK 3HAYEHUN B
CTPOKE MPH MOMOIIY UHIIEKCOB:

text="{2} = {1} and {0}'.format('teacher','student', 345)

print (text)

345 = student and teacher

Aprymentsl pynkiuu format () Moryr ObITH cllOBapeM MM MMEHOBaHHBIMH ap-
TYMEHTaMH, a Creu(pHUKaTOpbl MOTYT BKIIIOYATh X HMCHA:
print('{num} = {teach} and {stud}'.format(teach="Professor’, \

stud="Ivanov', num=100))

100 = Professor and Ivanov

B mpuBeeHHBIX BBINIE TPUMEPAX apryMEHTHI BBIBOJSTCSA Ha SKpaH ¢ popMaTupo-
BaHHEM 1O ymoidaHuto. CTapblii CTHIb MO3BOJIAET yKa3aTh crernuduxkatop dopmara
nocJsie cuMBojia %0, a HOBBIM CTUJIb — MOCIIE ABOETOYMS, MOCIE KOTOPOTO MOXKHO YCTa-

HOBUTb MUHUMAJIbHYIO JJIMHY I10JIs1, MAKCHUMAJIbHYIO INUPUHY CUMBOJIOB!
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print('{2:10d} = {1:10f} and {0:10.1f}".format(23,36.34, 47))
print('{2:d} = {1:10f} and {0:10.1f}".format(23,36.34, 47))

47 = 326.340000 and 23.0
47 = 326.340000 and 23.0

Jlns tunos float u String MOXKHO yCTaHOBHUTBH KOJMUYECTBO UMD, BBIBOJAUMBIX I10-
ciie 3ansaToi (i String ykas3bsIBaeTcsi MAKCUMAIbHOE KOJIMYECTBO BBIBOJUMBIX CHMBO-
70B). JIst nenbIx yrcen aApoOHyro YacTh B hoopMare ykasbiBaTh Henb3s: {0:10-4d}

print("{0:>10.4s} = {1:>10.3s}".format("123456789","0987654321"))

1234 = 038

Hcnonp3oBanre CUMBOJIOB > ,< U  TIO3BOJIIET YKa3aTh BHIPAaBHUBAHKE B ITOJIC BBI-
BOJIa MO MPaBOMY Kparo, 10 JEBOMY Kparo U 1O HEHTPY:
print('{2:<10d} = {1:>10.1f} and {0:>10.1f}".format(23,36.34, 47))
print('{2:>10d} = {1:>10.1f} and {0:>10.1f}".format(23,36.34, 47))
print('{2:710d} = {1:710.1f} and {0:*10.1f} u {3:*10}".format(23,36.34, 47, 'Ttekct'))

47 = 36.340000 and 23.0
47 = 36.3 and 23.0
47 = 36.3 and 232.0 M TEKCT

Bwmecto npo6ena IIPpH BbIBOJAC MOKHO HUCIIOJIb30BaTh CUMBOJI-3alIOJIHUTCIIb, KOTO-
pr?'I HaJ10 pasMCCTHUTH Cpa3y I1OCJIC ABOCTOYM:A, HO IICPCA CMMBOJAMH BbIpABHUBAHU S
>, <7

print ('{0:1°20s}'.format('BIG SALE"))

2.3. Ctpoku B popmate Unicode B Python
Ctpoxu B Python 3 sBusitorcst ctpokamu opmata Unicode, a He MacCUBOM Oailr.
®opmat Unicode pazpaboTaH Jjisi BO3SMOXHOCTH MPEACTABICHUSI BCEX CUMBOJIOB SI3bI-

KOB. B roHUKONE Kaxaas OykBa WM CUMBOJ MpelacTaBisercs 4-0alTOBBIM YHUCIIOM.
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Unicode — 310 AeiicTBYIOIMUN MEXTyHAPOIHBIA CTAaHAAPT, KOTOPHIA MPEAOCTABIISIET
YHUKQJIbHBIM HOMEpP KaXKIOMy CHMBOJIY BCEX SI3BIKOB MHpPA, IUIFOC MAaTEMAaTUYECKUE U
JpyTrUe CUMBOJIbI, HE3aBUCUMO OT IJIaT(QOPMBI, IPOIPaMMBI U S3bIKA.

B npenpiayment Bepcun [InToHa 1 BO MHOTHX A3bIKaX MPOTPAMMHUPOBAHUS CTOKH
umeroT popmat ASCII (American standard code for information interchange), npu ko-
TOPOM Ka)K/Iblil CUMBOJI XpaHUTCsI B OJHOM Oaiite, 8 ourax. Takum oOpasom, Bcero 256

BO3MOKHbBIX BApUAHTOB.

2.4. CTpokoBble MeTOAbI U PYHKIIUH

CyliecTBYIOT CIIEHHAJIBHBIE CTPOKOBBIE METOJbI, KOTOPBIE BBI3BIBAIOTCS KaK
CTPOKA.MeTOA(APTYMEHTHI).

Tak kKak CTpPOKM MPEACTABISAIOT COOONM HEM3MEHSEMbId OOBEKT, TO TaKUE€ METOJbI
BO3BPAILAIOT HOBYIO CTPOKY, KOTOPYIO CIEAYET IPUCBOUTH IIEPEMEHHOM.

Meron split() mo3BomnsieT pa3oUTh CTPOKY Ha CITUCOK CTPOK, OCHOBBIBASICh Ha pa3-
JeIuTeNe:

>>>stroka="Give, me, please, a, pen”

>>>a=stroka.split(*,”)
) ‘Give’, 'me’, ‘ please’, “a’, ‘ pen’
>>> print(a) [ P pen’]

Ecnu He yka3aTh mapameTp, T. €. He yKa3aTh pasaenureib, Metos Split() oyner mis
pas3zeneHus UCIIOJIb30BaTh JIFOOYIO MOCIICA0BATEIEHOCT MPOOEIIOB, B TOM YHCIIE CHUM-
BOJIBI TIEpEX0ia Ha HOBYIO CTPOKY U TaOyJISAIIHH.

Meton join() sBisieTcss MeTOI0M, POTHBOIOIOKHBIM MeToy SPlit(). On npenHa-
3HA4YCH JUII OOBEAMHECHHS DJIEMEHTOB CITMCKA CTPOK B OJHY CTPOKY. DTOT METOJI SIBJIS-
€TCSl METOJOM CHMBOJIA Pa3JCJIUTENS, a IMapaMeTpPOM METOJa SIBISICTCS CIUCOK TOJ-
CTPOK, KOTOPBIE OOBETUHSIFOTCS C TIOMOIIBIO PA3JICIIUTENS B CTPOKY:

string_glues.join(list)

print (' "join(['Could','you', 'please']))

Meton startswith(prefix[, start[, end]]) -> bool ompenensier, HaunHaeTcs Jn
cTpoka ¢ npedukca prefix (koTopbiit MoeT ObITh 3a1aH KopTexeM). [Torck HaunMHaeT-

Cs1 C CUMBOJIA ¢ MHJAEKCOoM Start m 3akaHunBaeTCs CHUMBOJIOM C HHIEKCOM end:
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poem="Y 1yKoMOpbs Ay0 3eIeHbII\
\n 3naTas uenp Ha 1y6€ TOM'

print (poem) True

print(poem.startswith('Y"))

print(poem.starswith('kom',4,8))

MeTton endswith(suffix[, start[, end]]) -> bool onpenenser, 3akanunBaercs Ju
cTpoka ykazaHHbIM noctdukcom; SUffix tak ke, kak prefix, moxer ObITh yKazaH KOp-
TEKEM:

print(poem.endswith(('toM','Tam','ps1'), 5,11)) True

Meton find(subl, start[, end]]) -> int — HaxoaHUT MOACTPOKY B CTPOKE M BO3Bpa-
m1aeT MO0 TO3UIUIO TEPBOTO BXOXKIEHUS MOACTPOKU, MO0 —1, eciim moacTpoka He
HaiineHa; start=0 — nHgekc Havajga cpe3a B UCXOIHON CTPOKE, C KOTOPOH HAYMHACTCS
MIOUCK TOJICTPOKH.

Merton rfind(sub[, start[, end]]) -> int— HaxoaUT MOJACTPOKY B CTPOKE — BO3Bpa-

acT MMO3NMIHUIO ITOCIICAHETO BXOXKICHNA CTPOKH.

stroka="word word word' 0

print (stroka.find('word")) 10

print (stroka.rfind('word'))

Meton count(sub[, start[, end]]) -> int — Bo3BpaIaeT KOJUUECTBO BXOXKIACHUI

MOJICTPOKHU B CTPOKY:

print(stroka.count(‘wor")) 3

print(stroka.count('wor',4,10)) 1

Meton replace(old, new[, maxcount]) -> str — Bo3Bpariaer KoM CTPOKH, B KO-
TOpOM MoJCTpoKa s 3aMeHbl 0ld 3ameHsieTcss Ha HOBYIO MOACTPOKY NEW, maxcount
MOKa3bIBa€T MAKCHUMAalbHOE KOJMYECTBO 3aMeH. ECI 3TOT mapamMeTp HE yKasaH, TO

OCYHICCTBIIAOTCA BCC BO3MOKHBIC 3aMCHBI:

stroka='word word word world world word

print (stroka.replace('d','ld",2))
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Merton isalnum() -> bool — Bo3Bpamaer True, eciiu B CTpOKE €CTh XOTs ObI OJIUH

CUMBOJI U BCC CUMBOJIbI CTPOKU SBJISAIOTCA LII/ICI)paMI/I 500041 6YKBaMI/I, HHA4YC BO3BpAIIACT

False:
print(‘'word word'.isalnum()) False
print("WWW5678'.isalnum()) True

Mertopn isalpha() -> bool — Bo3Bpaiaer True, eciii cTpoka COAEPIKHUT TOJIBKO OYK-
BBI, MHaue — False:

print(WWW5678'".isalpha()) False

print('ly63enensiii'.isalpha()) True

Mertopn isspace() ->bool — Bo3Bpariaer True, ecii B CTpOKE €CTh TOJIBKO MPOOCITH-
HBIC CUMBOJIBI (ITPO0OEI, TaOyJISALHUs, ITyCTast CTPOKa U JIp.)

Mertopn isdigit() ->bool — Bo3BpamaeT True, eciii CTpoka COCTOMT TOJIBKO U3 IUDP.

Meron strip([chars]) -> str — Bo3BpaliaeT KOMuo CTPOKU, C 000X KOHIIOB KOTO-
poli ycTpaHEHbI yKa3aHHbIC CMMBOJIBI. Ecy mapaMeTp He ykas3aH, TO yIaJsIFOTCS MPo-
OesbHBIC CUMBOJIBL. [lepeunciieHHble B KauecTBE MapaMeTpa CHMBOJIBI MPEACTABIISIOT
CIIMCOK OT/ACIBHBIX CHMBOJIOB, a HE MOCIIEI0BATEILHOCTH CHMBOJIOB:

setup=' a duck goes into a bar....\n'

. - ' a duck goes intc a kar... I
print (setup, setup.strip(‘ .\n ")) a duck goes into a bar

print ( 'abca'.strip(‘ac’) ) # 'b’

JlBa anamornunbix Merona Istrip([chars]) -> str wu rstrip([chars]) -> str — Bos-
BpaIalOT KOMMIO YKa3aHHON CTPOKH, Y KOTOPOW YyalleHbl 3alaHHbIC CHMBOJIBI C Haya-
na (cnesa | — left) u ¢ KoOHIIA CTPOKU COOTBETCTBEHHO.

Meron capitalize() — Bo3BpamaeT KONHMIO CTPOKH, MEPEBOAS MEPBYIO OYKBY B
BEPXHUM PETUCTP, @ OCTAIIBHBIC B HHXKHUM.

Merton title() — Bo3BpaIaeT KONMIO CTPOKH; TiepBasi OyKBa KaXKI0TO HOBOTO CJIOBA
CTAaHOBUTCS 3arjiaBHOW, B TO BpPeMs KaK OCTaJbHBbIC CTAHOBSATCS CTPOYHBIMU. Takoe
HaMMCaHUe XapaKTEPHO ISl 3ar0JOBKOB aHTJIOSI3BIYHBIX CTATEH.

MeTton upper() — Bo3BpaiaeT KOIMHUI0 HCXOIHON CTPOKH ¢ CHMBOJIAMH, MPUBEIEH-
HBIMHU K BEPXHEMY PETUCTDY.

Merton islower() — Bo3Bpamiaer True, eciiv Bce CUMBOJIBI CTPOKH TPOIHACHBIE.
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Metox lower() — Bo3Bpamaer KOMUIO CTPOKH C CHMBOJIAMH, NMPUBEAEHHBIMU K
HIDKHEMY PETUCTPY.

Mertoxa swapcase() — Bo3BpalaeT KOIMHI CTPOKH, B KOTOPO# Kakaas OykBa Oyjer
UMETh MPOTUBOIOJIOKHBIH PETHCTP.

JIJTMHY CTPOKH MOKHO TOJIYYHTh C MOMOIIBIO BCTpOeHHOU (QyHKImuU len(), KoTO-

pad UCIIOJIB3YCTCA OJIAA CTPOKU U APYTUX THUIIOB HOCHGHOB&TGHBHOCTCﬁ.

KoHTpoabHbIe BONPOChl M MpaKkTHYecKHe 3a1anus mo teMe «Ctpoku Pythony»

1. OcobenHoctH pabOThI C TEKCTOBBIMH CTpokaMu B [Iutone.

2. Hcnonp3oBaHWE 3KPAHUPOBAHHBIX MOCIEIOBATEIFHOCTENH U «CHIPBIX» CTPOK B
ITutone.

3. Hcnonp3oBaHHe MEXaHU3Ma CPE30B MPH paboOTE CO CTPOKAMHU.

4. @®opmaTHpOBaHUE CTPOK C MOMOIIBIO ONlEpaTOpa UHTEPIOIISALIH.

5. BcTpoeHHble METOBI paOOTHI CO CTPOKAMH.

6. IIporpammuo co3naiite TekcToBbl (haiinm filel.txt, B KOTOpbBIM 3anmuIIUTE
(dbparMeHT CTUXOTBOPEHUS, B 33JaHHOM (popmare:

O, speak again, bright angel, for thou art

As glorious to this night, being o'er my head,

As is a winged messenger of heaven

Unto the white-upturned wondering eyes

Of mortals that fall back to gaze on him

When he bestrides the lazy-puffing clouds

And sails upon the bosom of the air.

[Tepenummmte B npyroit daiin file2.txt Bce cTpoku, KOTOpble HAYMHAIOTCA Ha “A” 1
“0”. CoznaiiTe i CTPOKOBBIX MpeoOpazoBaHuit ¢pyukiuto. [logcunraiiTe KOJIUMUECTBO
3alKUCaHHBIX CTPOK. BhIBeANTE Ha AKpaH COAEPKUMOE NMEPBOr0 MM BTOpOro (aiina, B
3aBHCHUMOCTH OT UMEHH (paiisia BBEIEHHOIO MoJib30BaresieM. B ciiydyae HeBepHOTro BBOJa
MMEHHU BBIBEINTE COOTBETCTBYIOIIEE cooOIeHne. BrIBOa OCyIIeCTBIATh 03 MyCThIX
CTPOK.

7. IlporpammHO co3naiiTe TekcTOBbIM (aitn filel.txt, B KOTOpBIA 3anmuIIATE

¢dparmeHT ctuxorBopeHus 3ananus 1. [lepenummre B npyroit daiin file3.txt nanubIi
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(dparmMeHT, 3aMEHUB BCE CTPOKHU, KOTOpPbIe HAYMHAIOTCS ¢ “As”, Ha mycThie cTpoku. Co-
3MaiTe ISl CTPOKOBBIX mMpeobOpaszoBanmii pyHkiuio. [lojcumraiiTe KOJTUYECTBO 3aIv-
CaHHBIX CTPOK. BriBeanTe HaA PKpaH COAEPKUMOE MEPBOro WK BTOPOro Qaiina, B 3aBU-
CUMOCTH OT MMEHH (pailia BBEJICHHOTO MOJIb30BaTeneM. B ciydae HEeBEpHOTro BBOJA
MMEHHU BBIBEIUTE COOTBETCTBYIOIEE cooOiieHrne. BrIBOa oCyiiecTBIATh 0€3 MyCThIX
CTpOK.

8. Tlporpammuo co3naiiTe TekcToBblii ¢aiin filel.txt, B KoOTOpbId 3amuIIuTe
(dbparMeHT 1nosmMsel B 3aJJaHHOM (popMare:

What's Montague? It is nor hand, nor foot,

Nor arm, nor face, nor any other part

Belonging to a man. O, be some other name.

What's in a name? That which we call a rose

By any other name would smell as sweet;

[Tocuuraiite, CKOJIBKO pa3 CIOBO NAME BCTPETUIIOCH B JaHHOM (pparmente. Ilepe-
nummTe B Ipyroit ¢ain file2.txt 3TOT e TeKCT, 3aMEHUB CIIOBO Name Ha HAllMCAHHOE C
Oomnpioi OykBbl cioBo Surname. Co3gaiiTe AJisE CTPOKOBBIX NMpeoOpa3oBaHuil (yHK-
11t0. BeiBenuTe Ha SKpaH COMEPKUMOE IIEPBOT0 WK BTOPOTO (haiiyia, B 3aBUCUMOCTH OT
uMeHH (pailyia BBEJIEHHOTO TOJIb30BaTesieM. B ciiydae HeBEpHOTo BBOJa UMEHHU BBIBE]IU-
T€ COOTBETCTBYIOLEE cO0OIIeHUE. BBIBO OCYIIECTBIATH 0€3 MyCThIX CTPOK.

9. IlporpammHoO co3naiiTe TekcToBbIM (aitn filel.txt, B koTOpbIi 3anuimre gppar-
MEHT TI03MBI B 33/IaHHOM (hopmarTe:

Thou blind fool, Love, what dost thou to mine eyes

That they behold, and see not what they see

They know what beauty is, see where it lies

Yet what the best is take the worst to be

Cosznaiite ¢pynkiuto change str(), koTopasi, €Clu CTpOKa rmapamerpa 3aKaHINBaeT-
Csl Ha COTJIACHYIO, T00aBIsET JaHHYIO COTJIAaCHYIO M OYKBY “‘ay” B KOHIIE CTPOKH, a €CITU
CTpOKa 3aKaHYMBAETCS Ha IJIaCHYIO, TO B KOHIIE CTPOKU Ao0aBisieTcs cioBo‘‘way’”. Ile-
penummuTe B Apyroi ¢aiin file2.txt mamenennslit hyHkuen Tekct ¢aiina filel.txt. Boi-

BEJIUTE HA SKPaH COAEPKUMOE MEPBOr0 WK BTOPOTro (haiisia, B 3aBUCUMOCTH OT UMEHHU
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¢aiina BBEICHHOTO TOJIb30BaTeNeM. B ciryuae HeBEpHOTro BBOJja IMEHH BBIBEIUTE COOT-
BETCTBYIOIIEE COOOIIeHNEe. BBIBOI OCYIIECTBIATE O€3 MyCTBhIX CTPOK.

10. TIlporpamMHO co3naiiTe TeKCTOBBIN ¢aiin filel.txt, B KOTOpBIN 3aMMIIKUTE Clie-
AYIOIYIO CTPOKY 00 OTHpaBUTENIE MOTYYSHHOTO JIEKTPOHHOTO COOOIIECHUS:

From stephen.marquard@uct.ac.za Sat Jan 5 09:14:16 2018

N3Bnekute u3 tekcra gaHHoro ¢aina filel.txt u 3anummure B daiin file2.txt nms
XO0CTa OTMPABUTENSI COOOIIEHUS, 3Hasl, YTO XOCT 3alMCHIBAETCS MOCIE CHUMBOJIA (@ 10
onmkaiiero npo6ena. BeiBeaute Ha sKpaH coAEp>KUMOE MEPBOTO WM BTOPOro (haiina,
B 3aBUCHUMOCTH OT UMEHH (haiijja BBEJCHHOIO MOJb3oBaTeleM. B ciydae HeBepHOTro
BBOJIa IMEHU BBIBEJIUTE COOTBETCTBYIOIIEE cooOmeHne. BriBoa ocymiecTBiATh 6€3 my-
CTBIX CTPOK.

11. IIporpammHO co3naiite TekcToBbIM ¢aiin filel.txt, B KOTOpBIN 3amuiInTE Clie-
AYIOLUH TEKCT 3JIEKTPOHHOTO COOOIICHHUS:

From stephenev.martin@net.ac.za Sat Jan 5 10:15:46 2020

X-Authentication-Warning: set sender to stephenev.martin@net.ac.za using — f

From stephenev.martin@net.ac.za

Author: stephenev.martin@net.ac.za

From anton.horwichev@gmail.com Fri Jan 4 08:25:23 2020

X-Authentication-Warning: set sender to santon.horwichev@gmail.com using — f

[lepenummre B apyroi ¢aiin file2.txt Bce cTpoku, KOTOpbIE HE COAEPKAT HAUMeE-
HOBaHMs XOcTa (@uct.ac.za. BrlBequTe Ha 3KpaH COJAEPKUMOE MEPBOTO MM BTOPOTO
(aiina, B 3aBUCUMOCTH OT UMEHU (ailna BBEIEHHOTO MoJb30BareneM. B ciydae HeBep-
HOTO BBOJa MMEHH BBIBEIUTE COOTBETCTBYIOIIEE cOOOIIeHHe. BrIBOJ OCYIECTBIATH
0€3 MyCThIX CTPOK.

12. IIporpammHO co3naiite TekcToBbld ¢aiin filel.txt, B KOTOpbIN 3anuIIUTE Clie-
YOI (OpMaTUPOBAHHBIN TEKCT:

bananbr 12.23 Amnanacer 3.40

Kokocer 124.23 S6noku 233.40

Jlumonwr 789.23 I'panar 55.71

Bunorpan 5.20 Cimueer  233.40
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[lepenummure B apyrou daiin file2.txt Bce CTpOKH, KOTOPhIE 3aKAHUUBAIOTCS HY-
neM. [locunranTe 31 cTpOoKH. BeIBEAUTE HA DKpaH COAECPKUMOE MIEPBOTO UM BTOPOTO
daiina, B 3aBUCUMOCTH OT UMEHU (ailia BBEIEHHOTO MoJib30BaresieM. B ciydae HeBep-
HOTO BBOJa MMEHM BBIBEIUTE COOTBETCTBYIOIIEE COOOIIeHHE. BBIBOJ OCYIIECTBIATH
0€3 MyCThIX CTPOK.

13. IIporpamMHO co3maiiTe TekcToBbIN (aitn filel.txt, B KOTOpBIN 3alUIINUTE ClIe-
JYIOILIMM:

d:/®aiineiPython/files/filel .txt Log:Adminl Password:12345

send message saturday january 2018 Horwichev

[lepenummure B apyrou ¢ain file2.txt Bce ciaoBa, HE coaepKallue CHelraibHbIe
3HAaKH, a cojepxallue ToJbKO OykBbl U LU(psl. Bece cinoBa 3anuchiBaTh ¢ OOJBIION
OykBbl. OTIIENBHON CTpOoKON n00aBbTe B (aiin file2.txt maposb, 3Has, YTO OH 3amUCaH
nociue ciosa Password: u no 6nmxaiiero npodena. BriBenuTe Ha 5KpaH COIEPKUMOE
IEPBOrO WJIM BTOPOro (¢aiina, B 3aBUCUMOCTH OT UMEHU (ailia BBEIEHHOTO IMOJIb30Ba-
TeneM. B ciydae HEBEpHOro BBOJAa MMEHU BBIBEJIUTE COOTBETCTBYIOIIEE COOOIIEHUE.

BBIBOI[ OCYHICCTBJIATH oe3 IIYCTBIX CTPOK.
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Tema 3. PEI'YJISAPHBIE BBIPAKEHUSA

3.1. BeeneHue B peryssipHble BBIPAKECHUS.

3.2. Ucnonp3oBanue peryasapHbIX BeipakeHui B Python.

3.3. “Hexannbie” kBanTudukaropsl B Python.

3.4. Kpyruble ckoOKH B peryJIIpHbIX BhipakeHusx Python.

3.5. Metoasl u PyHKIIMM MOJTYJIA T€.

KoHTpoJsibHBIE BOIIPOCH! U MPAKTHYECKUE 3a1aHusl 10 TeMe «PeryispHbie BbIpaxe-

HU.

3.1. BBeienue B pery jsipHble BbIPasKeHHs

Haubonee ¢pyHnameHTanbHbIM, XOpOIIO pa3pabOTaHHBIM HHCTPYMEHTOM aBTOMa-
TUYECKON 00paboTkm TekcToB (Text processing) sBISIOTCS PETyJSPHBIC BBIPAKCHUS
(regular expression). PerynspHbie BbIpaK€HHUS B O0IIEM CMBICIIE — 3TO CHCTEMa 00pa-
OOTKHU TEKCTa, OCHOBaHHAsI Ha CIEIMAJIbHOM crcTeMe 3allucu 00pa3IioB JUIsl TOUCKA.

PeryJisipHoe BbIpa:keHHe B MPAKTUYCCKOM, Y3KOCTICIIMATFHOM TOIX0JE, — 3TO
CTpOKa, UMEIoUIasi CIeLHUaIbHbId CUHTAKCUC, KOTOpas MpEJCTaBisIeT 1MA0JIOH KaKoM-
b0 HUCKOMOW CTpoku. Takod mabiioH SBISETCA IOCIENO0BATEIBLHOCTBIO OYKB WIIU
CHUMBOJIOB, KOTOPBIE MOTYT OTOOPa3nUTh UM TEKCT, I CJIOBO, WIIM MyHKTyanuo. Pery-
JISIPHBIE BBIPAXXEHUS MO3BOJISIIOT OCYILECTBUTH CIOXHBIA MOUCK UM 3aMEHY B CTPOKE
WIH ee pa30MeHre Ha YaCTH Pa3InYHbBIMU CIIOCOOAMHU.

Hanpumep, peryispHble BbIpaK€HUS MO3BOJIAIOT HAWTH MOACTPOKY, MOJOOHYIO
URL Be0-cTpanule, e-mail-agpecy, win yJalauTh HEKeIaTelbHbIE CTPOKU WIA CHUMBO-
JIBL.

Cy1ecTByeT HECKOJIBKO CTaHIApTOB PETYJIAPHBIX BBIPAKEHUH, MpaBuUiia rpaMMa-
TUKHA KOTOPBIX MOTYT HEMHOTO OTJIMYaThCSI:

« ECMASCcript (momoben JavaScript) — mpencrtaBiseT coOOH BCTpanBacMBbIit
CKPHUITOBBIN SI3bIK, HE MMEIOIIUN CPENICTB BBOJA-BBIBOJA, M MCIIOJIB3YETCS IS TO-
CTpOCHHSI JIPYTHX CKPHUINTOBBIX S3bIKOB (JavaScript — WMIUIEMEHTAIMs CTaHAapTa
ECMAScript komnanuet Mozilla, JSCript — ummiementanus ctangapra ECMAScript

komnanuen Wicrosoft).
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« POSIX-coBmecTumble S3bIKM pETYISIpHBIX BbIpaxkeHuit (Portable Operating
System Interface for Unix) — npencraBisiroT co00ol IepeHOCHUMBINA UHTepdelic omepa-
MoHHBIX cucTeM Unix). CuuTarorcs ycTapeBIIMMHU U MEIJICHHBIMH.

o PCRE ((Perl Compatible Regular Expressions) — 6ubnnoTeka, peamusyromas
paboTy peryasapHbIX BeIpakeHu# B ctuiie Perl).

PerymnsipHoe BeIpakeHHE MpeacTaBisieT coboit obpazery (pattern), 3agarommii nmpa-
BUJIO MOMCKA, KOTOPBIM Tak)Ke€ HA3bIBAIOT «IIA0JIOHOMY» WM «Mackoi». Kaxnpiii cum-
BOJI B 111a0JIOHE TIPOBEPSETCS HA COOTBETCTBHME CUMBOJY B LIEJIEBOM MOCIIEIOBATEIBHO-
CTH, T. €. B TIOCIIEZIOBATEIILHOCTH OJWH 3a APYruM. B 1m1aG10H MOTYT OBITh BKIIFOUCHBI
KaK OOBIYHBIC CHMBOJIBI (OpPHTHHAIBHBIC CHMBOJIBI, KOTOpPhIE Takke OymyT B target se-
quence), Tak ¥ METAaCUMBOJIBI — CHUMBOJIbI, KOTOPhIE MUMEIOT CIEIUMaIbHbIC 3HAUCHHUS,
OTIPEIEIIAIONINE CUMBOJIBI MJTH KJIACChI CHMBOJIOB B IIEJICBOM ITOCIIEIOBATECIILHOCTH.

[Ipocreiiiinii UHCTPYMEHT B PETYJISIPHBIX BBIPAKECHUSIX — MU3bIOHKIM. Hampu-
Mep, metacuMmBoll “[]” (KBaapaTHble CKOOKH) MPUMEHSETCS JUIsl ONMUCAHUSA TMOJAMHO-
KECTB, U BHYTPU PETYJSIPHOTO BBIPAKCHHSI pACCMAaTPUBACTCS KaK OJWH CHMBOJI, KOTO-
PBI MOXKET IPUHUMATh 3HAYEHUS, IEPEUUCTICHHBIE BHYTPU ATHUX CKOOOK.

[Ipennonoxkum, 4To HY>KHO HaUTH B TekcTe damuinio “/eanog”, HO CylIECTBYET
pa3nuyHbIe BO3MOXKHBIE CIIOCOOBI 3anucu: Meanogy, Meanosw: n T. 1. Tak Kak KBajapat-
HbIE CKOOKM B IIa0JIOHE PETYJISIPHOTO BhIpa)KEHUS 0003HAYAIOT JTF00OM CHMBOJ BHYTPHU
ATUX CTPOK, TO MIA0J0H OyJeT UMETh clienyromuil Bua: Meanos/aywi]

PaznuuaroT 1Ba MHOXKECTBA MemAacuME0108: T€, UTO PACTIO3HAIOTCS B JIIOOOM Me-
cTe madJIoHa, 32 UCKITIOUCHUEM COJICPKUMOTO KBaJpPAaTHBIX CKOOOK, U T€, YTO Pacro-
3HAIOTCSl BHYTPH KBaJPAaTHBIX CKOOOK.

B kBagpaTHBIX CKOOKaX MOKHO yKa3aTh CUMBOJIbI, KOTOPHIE MOTYT BCTpEYAThCS Ha

9TOM MCCTC CTPOKH. Mo>xHO NEPCUNCIIATE CUMBOJIBI ITOAPSA WKW YKA3bIBATH JHUAIIaA30H

4yepes TUpe:
[09] cootBeTcTBYeT ynciy 0 ninm 9
[0-9] COOTBETCTBYET Jr000oMy uncity oT 0 110 9
[a0B] COOTBETCTBYET OykBaMm “a”, “0” u “B”
[a-T] COOTBETCTBYET OykBam “a”, “0”, “B” u “r”’
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(1P 6 %

[a-s1€] COOTBETCTBYET JIt000M OyKBe OT “a” 10 “s

(1P cc_ 99

[a-1A-SI8E] | cooTBeTcTBYeT mo60oii GykBe OT “a” 10 “a” B 11060M PerucTpe

Otpurnianue B TU3BIOHKIIUH HCIIOJIB3YETCS B TOM Cllydae, Korjaa mabjaoH He J0J-
KEH cofiepaTh CUMBOJIBL. ECiin mepBhIM CHMBOJIOM BHYTpPHU CKOOOK siBiisieTcs /™ (caret),
TO 3HAUYE€HHEM CHMBOJILHOTO KJIacca MOTYT OBbITh TOJIbKO cuMBOJIbI, HE mepeuncnennble
BHYTPHU CKOOOK:

[~09] He mudpa 0 umm 9

[0-9] He 1udpa ot 0 10 9
[a-1A-5I8E] | He GykBa

CumBoa “N” TepsieT CBOE CIeIMaIbHOE 3HAUCHUE, €CIIM OH HE PAcIOJIOKEH Cpa3y
Mocje OTKpBIBAIOIICHCS KBaipaTHON ckOOKU. Kpome Toro, /it TOro 4To0bl OTMEHUTD

9

cHelHalIbHOE 3HAUEHHE CUMBOJIA (meduca), ero HEOOXOAUMO YKa3bIBaTh MOCIIE Te-
peUYHuCIeHUsS BCEX CHMBOJIOB, Tepej] 3aKpBIBAIOIICHCS KBaJapaTHON CKOOKou. Touka
TaK)Xe TepseT CBOE CIEIMaIbHOE 3HaUYECHUE B KBaIPATHBIX CKOOKaX ¥ 0003HAYAET TOJIb-
KO CUMBOJI TOYKH.

K meracuMmBosIam peryisipHOrO BBIPAXKEHHS, PACIO3HABAEMBIM BHE KBAJPaTHBIX

CKOOOK, OTHOCSTCS TaKue crenuanbusie cuMBojbl, kak ., ™, 8, *, +, 2, L. L L. 1.\ |, ().

MCTaCHMMBOJI 3Ha4YCHUC

\ MeHSeT THI CHMBOJIA, CJIEIYIOUIET0 3a HUM, Ha MPOTHBOIOJOXKHBIH,
T. €. ecqi 3TO ObLI 00bIYHbINA cuMBOJI, TO OH MOXXET npeBparurbcst B Me-
TaCHUMBOJI, @ €CJIM 3TO OBbLJI METaCUMBOJ, TO OH TEPSIET CBOE CIELHaIbHOE
3HaYEHHE U CTAHOBUTCSA OOBIYHBIM CHMBOJIOM.

" "

Hanpumep, cumBon B OOBIYHOM pEXHUME O3HavaeT "Io0oi enuHuY-

HBIM cuMBOIT", @ cuMBOJ " \." — MPOCTO TOUKY.

31



MCTaCHMBOJI

3HAa4YCHUC

\ 0003HaYaeT TeHEPUPYEMBbI CUMBOJBHBIN THI (T. €. COIEPKUT 0003HAUE-
HUE KJ1acca BO3MOKHBIX 3HaueHui). Croa BXOJIUT:

\d - mrobast necsatuanas mudpa (0-9);

\D — o060 cMMBOJI, KpOME IECATUIHON UG PHI;

\s  — mo0oii mycTol cHMBOJ (MIPOOENT UK TaOYIISAIINs);

\S - 1r06o¥ cuMBOJI, KpOME TTYCTOTO;

\W  — cuMBoII, UCTIONB3YyeMbI i HanucaHus Perl-cioB (310 OykBbl, nudps! 1
CHUMBOJI ITOTYECPKHUBAHUS), TaK Ha3bIBaeMbIH "ClOBapHBIM cuMBoi". "[a-ZA-
70-9 |"*

\W  — HecioBapHBIi CUMBOI (BCE CHMBOJIBI, KpoMe ompenesieMbix \w). O60-
3HAUYCHHE aHAJIOTMYHO 3anucu "["a-zA-Z0-9 ]"*

\ o0o3HauaeT KOJUpPOBaHWE HEIMEYATHHIX CHMBOJIOB (aHAJIOTUYHBIX €scape-
nocieaoBaTeabHOCTM si3bika C) :

\\-  — Gek-ciem (backslash);

\n  — cuMBOJI IepeBOIa CTPOKH;

\e — cuMBOI escape;

\t - cumBoI TAOYyNISAIHH.

\xhh  ob6o3navaer mectHamnatepuunbiii konx (Hexadecimal), rme hh — nBe
mecTHaanarepuyHbix 1udps (-9 a—f A-F). Hampumep, “\x41” 0603Ha-
yaeT OykBy A.

N o0o3Hauaercs B Havajie cTpoku. OObBISET HAYasI0 00BEKTa (UM CTPOKHU
B MHOTOCTPOYHOM pexume). Harmpumep, madnon “ “abc” o003HavaeT, 4To
CTpOKa HaumHaeTcs ¢ “abe”.

$ Mapxkep KOHIIa CTPOKHU (MM TEKCTa B MHOTOCTPOYHOM peknme). Hampu-
Mep, mabsIoH “abe$” 0003HaUaeT, 4To CTPOKA 3aKaHIMBACTCS Ha «abey.

()  Kpyrabsle ckoOKM MPUMEHSIFOTCS JUTSl BBIICICHUS TPYII WM Toamadmio-

HOB.
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Ecnu Takue crienmanbHbIE CHMBOJIBI HEOOXOIUMO TPAKTOBATh “Kak €CcTh” (T. €. KaK
OOBIYHBIE CUMBOJIBI), TO MX CJIEAYyET 3KPaHUPOBATh C MOMOLIbIO0 ciema. Hekoropsie
CHELMAJIbHBIE CUMBOJIBI TEPSIOT CBOE CIELUAIbHOE 3HAUYEHHE, €CIU MX PAa3MECTHUTH
BHYTPH KBaJIpaTHBIX CKOOOK, TOTJ]a UX HE HY>KHO 3KPaHHUPOBATD.

Hanpumep, cMMBOJ «TOYKa» COOTBETCTBYET JHOOOMY CHUMBOJYy, KPOME CHUMBOJIA
nepeBoja cTpoku. Ecinu HeoOXoIMMo HallTH UMEHHO TOUYKY, TO IIEpE] HEMl HaJl0 yKa3aThb
CHUMBOJI \ WJIK TIOMECTUTH TOYKY BHYTPH KBaJPaTHBIX CKOOOK.

K MeracuMmBoaM, 3aluChIBa€MbIM BHE KBaJpPaTHBIX CKOOOK, OTHOCSTCS TaKXe
kBaHTU(PUKATOPBl. KBaHTH(UKATOPHI — METAaCHMBOJIbI, OMHICHIBAIOIIUE KOJUYECTBEH-
HbIE WJIM TOBTOpAOIIKMECs OTHOIIEeHHs . CylllecTBYeT JBa TUIA KBAaHTU(UKATOPOB:

e 0011Me, KOTOPBIE 3a/1al0TCS C IOMOIIBIO (PUTYPHBIX CKOOOK;

® COKpalleHHbIE, PEICTABISAIOMINE COOOH UCTOPUUECKH CIIOKHUBIINECS COKpaIle-
HUS HanboJiee pacIpOCTPAHEHHBIX KBAHTH(PUKATOPOB.

OO6mue kBaHTU(DUKATOPHI:

{N} — NOBTOpEHUE NPEABIAYLIErO0 CUMBOJIA TOYHO N pas.

{N,} — mOBTOpEHUE MPeAbIAYIIEro CUMBOJIA N 1 OoJiee pas.

{min,max} — moBTOpeHKE MPEIBIAYIIEro CHMBOIIAa OT MIN 0 Max pas.

CoxkpaleHHble KBaHTU(DUKATOPHI:

* — HOJIb WK OOJIbLIIEE YHUCIIO BXOXK/IEHUH CUMBOJIA B CTPOKY; SKBUBAJIEHTHO KOM-
ounarmm {0,};

+ — OJIHO WJIM OOJIbIIEE YUCIIO BXOXKJIEHUW CUMBOJIA B CTPOKY; SKBUBAJIECHTHO KOM-
ounanmm {1,};

? — HM OJJHOTO WJIM OJHO BXOXKJIEHUE CUMBOJIa B CTPOKY; SKBHBAJICHTHO KOMOMHA-
uu {0,13}.

Bce kBaHTH(UKATOPHI SBISIOTCS «GKaAHBIMWY» — IPU MOMCKE COOTBETCTBUSA 11a0-
JIOHY MIIETCs caMas JUIMHHAs MOACTPOKA, COOTBETCTBYIOIIAs IabJIOHY, M HE YUYUTHIBA-

I0TCS 00JIee KOPOTKHE COOTBETCTBHS.

3.2. Ucnoan30BaHne peryJsipHbIX BhIpaxkeHuii B Python
ITo cyTu perynsipHble BBIPAKEHUS — 3TO SA3bIK IPOrPaMMUPOBAHMS, BCTPOCHHBINA B

Python u noctynuslii pyu moMouy Moayns re. Mcnomns3yst ero, MOXXKHO yKa3aTh MpaBH-
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Ja 711 MHOKECTBA BO3MOXKHBIX CTPOK, KOTOPBIE HEOOXOAMMO HAWTH UM MPOBEPUTH

Oynkuus compile() MOIys e IO3BOJISIET CO37]aTh OTKOMITMIUPOBAHHBIN 11a0JI0H
PEryJsiPHOTO BBIPAXKEHUS U UMEET CUHTAKCUC

re.compile (peryasipnoe_BbIpaxkeHue [, Moaudukatop))

B nanHOM BbIpa)keHUH MOAU(PUKATOPOM MOXKET OBITh:

e | i IGNORECASE - o3HauaeT nouck 6e3 ydeTa perucTpa.

o L unu LOCALE — yuntbIBaeT HACTpOUKH TEKYyIIeH Jokanu. J{Jis pycckoro u
YKPAWHCKOTO SI3IKOB HEOOXOIMMO yKa3aTh JAHHBIN (iar 1 HACTPOUTH JIOKATh.

e Swm DOTALL - o3Ha4aeT, 4TO METaCUMBOJI «TOYKa» OYAET COOTBETCTBOBATH
JTF000MY CUMBOJIY, BKJIFOUasi CKMBOJI IepeBoaa cTpoku (\N). [To yMoa4aHuio CUMBOIT
«TOYKa» HE COOTBETCTBYET CHMBOJIY TIEPEBOJIa CTPOKH.

e M umu MULTILINE — o3Ha49aeT MOKMCK B CTPOKE, COCTOSAIICH U3 HECKOJIBKUX
HOJICTPOK, Pa3/IeJCHHBIX CUMBOJIOM HOBOM cTokH (\N). CUMBOJI © COOTBETCTBYET MPH-
BS3KE K Ha4Yaly KaXKI0i IMOJACTPOKHU, a CUMBOJI $ - mo3uiuu nepes; CiMBOJIOM ITEPEBO/Ia
CTPOKHU.

e X umn VERBOSE - o3navaet, uto ecnu ¢ar ykasaH, TO TpoOeIbl 1 CHMBOJIBI
NIepeBOIa CTPOKHU OYIyT UTHOPpUPOBaHBI. KpoMe TOTo, BHYTpH PETYIISIPHOTO BBIPAKCHHS
MO>KHO UCIOJIb30BaTh KOMMEHTapHil.

e U wm UNICODE - o3nauaer, 4yTo m1abJioH ¥ CTPOKa BBOJIa pacCCMaTPHUBAIOTCS
B Koguposke Unicode.

TpagunuoHHO Tepes; BCEMU CTPOKAMH, COACPIKAIIUMU PETYISIPHBIC BBIPAKECHUS,
yKa3bIBaeTCsI MOAUQPHUKATOP I, TTOKA3BIBAIOIINMA, YTO MCIOJB3YIOTCS HeopMaTUpOBaH-
HbIe CTpoKHU (raw string). B takom ciydae 3aJaHHBIN MIA0JIOH OYJIET MHTEPIPETUPO-
BaTbCs Kak cTpoka. MHade cTpoka, MCTOIb3YyIomas OCK-CIEeNl MOMXKET MHTEPIPETUPO-
BaThCsl KaK escape sequences, T. €. “\n” OyJeT sIBISATHCS WHIUKATOPOM TEepexojia Ha HO-
BYIO CTPOKY.

Ecnmu MmomudukaTop He yka3aH, TO BCE CIEIIM HEO0X0auMO OyAeT SKpaHUPOBATh.
Hanpumep, ctpoky

p=re.compile(r “\w+$”)

HY)KHO OyJIeT 3almmcarh Kak
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p=re.compile(“"\\w+$")

3.3. «<Hexkaauble» kBanTuuKaTopsl B Python

Tak xak Bce KBaHTH(PUKATOPHI SIBISIOTCS «GKAAHBIMHY, TO €CIU JIJIS TTOMCKA CO-
JepkaHus Tera <b> OyJeT MCTIOIL30BaH CIEAYIONNi, Hanboiee OYeBUIHBIN, Ma0IoH"
<b> Textl</b>Text2<b>Text3</b>", To B pe3ynaprare OyAeT “3axBaueH”’ 3HAYUTEIHHO
OonpIiil parMeHT TeKCTa, 4eM He0OXOUMO.

s=" <b> Text1</b>Text2<b>Text3</b>"

p=re.compile(r"<b>.*</b>" re.S)

print(p.findall(s))

B pe3yJsbTaTe 6y,Zl€T BO3BpallleHa MOJCTPOKA: ["<b> Textl</brTexti<b>Texti</b>"]

YTOOBI OIrpaHUYUTH <GKATHOCThY» KBAHTU(PHKATOPOB, HEOOXOAUMO IOCIE KBAHTH-
¢dukaTopa yka3bplBaTh CHMBOJI BOIIpoca “?”’:

s=" <b> Textl</b>Text2<b>Text3</b>"

p=re.compile(r"<b>.*?7</b>" re.S)

print(p.findall(s))

ek

B sTom ciydae kBaHTHU(UKATOP He OyzeT “3axBaTblBaTh’ BCIO CTPOKY M B pe-

3yJbTaTc 6y,Z[CT BO3BpalicHa UCKOMas MoACTPOKa ["<b> Textl</b>", "<b>Text3</b>']

3.4. Kpyriible ckOOKH B peryJisipHbIX Beipa:kenusx Python

Kpyribie ckoOK# UCTIONIB3YIOTCS ISl TPYNIIUPOBKH (DparMEHTOB BHYTPH 11a0JI0HA
M 4acTO CO CIEIHATbHBIM CHUMBOJIOM | -uiu. Hampumep, dbparMeHT MmporpaMMHOTO
KOJa:

str="abcabc 23 privet!"

p=re.compile(r"abcabe \d{2}") [*abeabe 237]

print(p.findall(str))
MOKHO 3aICaTh, BBIJACIUB KPYIJIBIMA CKOOKaMU JBAXIbl TTOBTOPSEMYIO YacTh pery-
JIIPHOTO BBIPAYKEHUS

p=re.compile(r"((abc){2} \d{2})")

Ho kpyrible CkOOKH «BBIPBIBAIOT» (BO3BpAIAIOT) KYCKH BBIICIEHHBIX CTPOK.

To ecTb B pe3yabpTaTe TAaKOro mabdiioHa OyJEeT MOJIyYEeH CIEAYIONINI KOPTEeX COBIMajia-
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IOLITUX MOJICTPOK:

[("abcabc 23', 'abc')]

Ecnu B perynsspHOM BBIpaXKEHUN HEOOXOUMO CTPYNIHPOBATH KaKyl0-TO 9acTh, HO
HE BO3BpAILlaTh €€, TO MOCIe OTKPBIBAIOIIEHCS CKOOKH, MOACTPOKY KOTOPOW HE HYKHO
BO3BpaIiaTh, HEOOXOAMMO MOCTABUTH 3HAK BOIIPOCA U IBOCTOUHE:!

p=re.compile(r"((?:abc){2} \d{2})")

wm  p=re.compile(r"(?:abc){2} \d{2}") ['abeabe 237]

print(p.findall(str))

Eme onun npumep:

my="./dumps/backup2011-04-01.txt"

p=re.compile(r"(backup(20[19)\d{2}-(\d{2}))")

print(p.findall(my))

[{('backup 2011-04", "20', '11", "04")]

CoBmnajieHuss MOJACTPOK BO3BPAILIAIOTCS B KOPTEK B TOM HOPAJIKE, B KOTOPOM OT-
KPBIBAIOIIHMECA CKOOKM BCTPEUYAIOTCS B IIA0JI0HE.

I[O63BJ'I€HI/IG ?. IO3BOJIAET OCTaBHUTH TOJBKO HYZKHBIC ITIOJACTPOKH:

p=re.compile(r"(backup (?:20[19)(?:\d{2})-(?:\d{2}))") ["backup 2011-047]

Eme npumep.

s="test text"

p=re.compile(r"([a-z]+((st)|(xt)))",re.S)

print (p.findall(s)) [{'test’, 'st’, "st', '), ("text’, 'xt', '', "xt')]

B pesynbrare Oyner mojiydeH CHUCOK C JBYMSI KOPTEXaMH, KaXKIbIi U3 KOTOPBIX
COZIEPKUT YEThIpE AJeMeHTa. Bce ajeMeHThl COOTBETCTBYIOT (PparMeHTaM, 3aKIIF0UEH-
HBIM B I11a0JIOHE B KPYTJjble CKOOKU. TpH MOCIETHUX 3J€MEHTa KaXI0r0 KOPTexKa JIHILI-
Hue. [ Toro yToObl HE BHIBOJUTH PE3YibTaT, HEOOXOAUMO T0OABUTH CUMBOJIBI ?: MO-
CJie KaKJ0M OTKpBIBAIOIIEHCS CKOOKHM mojmadioHa. B pesynbrate mojsyyeHHBIH CIu-
COK OyJeT BKJIIOYaTh TOJIBKO (PParMEHThI, COOTBETCTBYIOUIME MOJHOMY PETYISPHOMY

BBIPAKEHHUIO:
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p:re.COInpilG(I'”([EI-Z]"‘(?:(?:St)|(?:Xt)))",I‘e,S) ["test', "text']
boiiee nHTEpECHBIN M MTPAKTUYHBINA IPUMED:

y:'OH IICJI, OH IUIBLI ABa OJHSA, TOT IICII TPU AHA, TOT ILIBII BUCpaA

print (y)

p=re.compile(r"((?:01|ToT) (?:111€71|TTBLIT))")

[Yox men', '"om mmn', "Tor men', 'ToT mmmn']

e

@parMeHTaM BHYTPH KPYTJIBIX CKOOOK MOKHO JaTh MMEHA, Ui 3TOTO MOCJE OT-
KpBIBaIOIIEHcs KPyrioi CKOOKH cllelyeT yKa3aTh KOMOMHALIMIO CUMBOJIOB ?P<name>

Hanpuwmep:

email="unicross@gmail.com"

p=re.compile (r"(?P<name>[a-z0-9 .-]+) @(?P<host> (?:[a-z0-9-]t\.) + [a-z]
{2,65)")

print(p.findall(email))

r=p.search(email)

print (r.group ("name"))

print (r.group("host"))

K HaiineHHOMYy (parMeHTy B KPYIJIbIX CKOOKax BHYTpH IIa0JIOHA MOXHO 0Opa-
THUTHCS C TIOMOIIBI0 OOPaTHOM CCHUIKH. JIJIs1 3TOr0 MOPSIAKOBBI HOMEP KPYTJIBIX CKOOOK
B mabJioHe yKasbIBaeTcs mociie Ock-ciema \. Hymeparus ckoOok BHyTpH I1abioHa
HAYMHACTCS C CAMHUIIBI.

print ("MexaHu3M 00paTHBIX CCHUIOK')

s="<b>Textl</b> Text 2 <[>Text3</[>"

p=re.compile(r"<([a-z]+)>(.*?)<\1>",re.S|re.l )

print (p.findall(s))

MEXGHHM3IM EE}}ETH&H{ CCIIOR
[{"b', 'Textl'), ('I', "Text3')]|

Kpome TOro, BHyTpu KpyribiX CKOOOK MOTYT OBITh PAaCHOJIOKEHBI CIEIYIOLINE
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KOHCTPYKIIMU:

* (?=...) — HOJIOXKUTEIBHBIN MPOCMOTP BIHEped. BHIBOIUT BCe MOACTPOKH, MOCIE
KOTOPBIX PAaCIOJIOKEHBI YKa3aHHbIE CUMBOJIbI. Hampumep, MOKHO BBIBECTH MOJICTPOKH
mabJI0Ha, pacoIOKEHHBIE TTOCTIE 3aATON Win rpoderna:

s="textl, text2, text3 text4"

p=re.compile(r"\w+(?=[, ])")

["textl', "text2', "text3']
print(p.findall(s))

« (?1...) — oTpuIaTeIbHBINA TPOCMOTP BIIepea. BriBeaeT Bce MOACTPOKH, TOCTIE KO-
TOPBIX HET YKa3aHHBIX CUMBOJIOB. Hampumep, BBIBOASTCS CIOBA, MOCIE KOTOPBIX HET
3aIISITOM:

s="textl, text2, text3 text4"

p=re.compile(r"[a-z] H\d(?![,])")

print(p.findall(s)) bR b, RGN

* (?<=...)- HOJOXHTEIbHBIA MPOCMOTPp Ha3ajJ. BBIBOIUT Bce MOJCTPOKH, MEpe
KOTOPBIMH PACIONIOKEHbI YKa3aHHBIC B CTPOKE CMMBOJIBI. HanpuMmep, Bce ciioBa, mepe
KOTOPBIMHU CTOHMT 3aIsTast C IPOOCIIOM.

s="textl, text2, text3 text4"

p=re.compile(r"(?<=, )[a-z]+[0-9]", re.S|re.])

print(p.findall(s))

NonoxuTeNbHE NPOCMOTP Ha3an
('text2', 'text3']

» (?<!..) — oTpunaTenpHBI MPOCMOTP Ha3aja. BBHIBOAMT BCE MOACTPOKH, Mepe
KOTOPBIMH HET YKa3aHHBIX B CKOOKaxX CUMBOJIOB. B mpumepe, cioBa, mepes; KOTOPhIMU
pacmosoxeH mpoben, HO HET 3arsaToi.

print ("OTpuiareabHbIi TPOCMOTp Ha3ad'")

p=re.compile(r"(?<!,) \w+\d",re.S|re.I)

print(p.findall(s))

OTpHMUETENEHEI NpOCHMOTE Ha3&O
[" textd"]
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3.5. Metoabl u pyHKIIUM MOTYJIS re

K Moaymio re Python oTHOCsITCA cienyromne MeToOIbI:

e split — pacmeniseT cTpoKy Ha OJCTPOKH IO 33JaHHOMY PETYJISIPHOMY BbIpa-
KEHUIO;

¢ finall — umrer Bce 11a0IOHBI B CTPOKE;

e match — nposepsieT coBnajieHue ¢ 11a0JI0HOM Hayayia CTPOKH;

e search — wuier nmepBoe COBNajCHUE C Ma0I0HOM (aHAJIOTHYHO METO Iy match,
HO HE TpeOyeT COBMAJCHUN C HAYaJIOM CTPOKH);

o finditer — anamornuen ¢pynkuuu findall(), Ho Bo3Bpamaer ureparop, a He cru-
COK;

e SUb — uIIeT COBMAICHHUS C MAOJOHOM U 3aMEHSET Ha YKa3aHHBIC 3HAUCHUSI.

B ¢ynkumsax Oubauorexku regex mabiioH Bcerja sIBJISETCS MEPBBIM apryMEHTOM
(GbyHKIIMH, a CTpOKa — BTOPBIM. B 3aBUCHUMOCTH OT (DyHKIIMH, BO3BpAIIaeMOE 3HAUCHUEC —
uTepaTop, HOBasl CTPOKA WJIM COBMaAaronil 00beKT. OOBIYHO BMECTO (DYHKIIMM MOXKHO
HCITOJIB30BaTh OJJHOMMEHHBIA METOJ CTPOKH MIA0JIOHA, TapaMETPOM KOTOPOTO SIBIISETCS
CTpOKa.

MeTton match(cTpoka [HavajbHasi MO3HIUS [, KOHeYHAs1 Mo3unMs||) mposeps-
€T COBIIaJICHUE 11abJIoHa ¢ HaYaJioM CTPOKU. MeTo1 BhI3bIBACTCS OOBEKTOM I1abJIoHa,
CO3JIAHHOTO C MOMOIIBI0 MeToa re.compile. Eciiu coBmaneHue HaiifieHO, TO BO3Bpaliia-
etcst 00bekT MatchObject, B mpotuBHOM citydae Bo3Bpariaercs 3HaucHrue None:

p=re.compile(r"\d+")

if (p.match("1230str")):

print ("Haiigeno")

else:
print("HeT") METON match
HafimeHo
if (p.match("str1230")): e
Halmeso

print ("Haiineno")
else:
print("Het")
if (p.match("str1230", 3)):
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print("Haiineno")
else:
print("Het")

Bmecro wmetoma match(), MOXHO HCMONB30BaTh OJHOUMEHHYIO (DYHKIIHIO
re.match(pattern, string [,moouguxamop)).

B kauectBe pattern Mo’kHO HCIONB30BaTh CTPOKY C PETYJISIPHBIM BBIPRKCHHEM
WM CKOMIWIMPOBAHHOE PETYJSIpHOE BhIpakeHWE. B Mommdukatope yKa3bIBAIOTCS
¢raru, KoTopbie UCONB3YyIOTC PyHkuei compile():

print (re.match('abc','abcde'))

print(re.match('cde','abcede’))

<_sre.5BRE Match object; span=(0, 3), match="gbc'>
Hone

Meton search (crpoka|, HayaJbHasA MO3ULNSA [, KOHEYHAsA MO3UIHUA]]) TTOXO0XK
Ha match(), 0JlHaKO OH UILET COBMAJICHHUS C 111a0JJOHOM HE TOJIbKO B Hadaje CTPOKHU, HO
u B 000 ee wactu. Eciu CcOOTBETCTBHE HalEHO, TO BO3BpAIIACTCS OOBEKT
MatchObiject, B npoTrBHOM citydae Bo3BpaiacTcs 3HadcHre None. Meroa ocyimecTs-
JISIET TIOWCK TI0 BCEH CTPOKE, HO BO3BpAIIAET TOJBKO TIEPBOE HAWIEHHOE COBIIA/ICHHE:
print ("meTon search")
if (p.search("str1230")): werox search
print ("Haitneno") Haftnese
else:
print("Het")
Amnanornyno ¢pynkuuu match(), Bmecro meroma search() MoxHo ucmonbp30BaTh
oJHOMMEHHYIO QyHKIHMIO re.search(pattern, string [moouguxamopl):
print (re.search(\d{2}','de34abc")) <_sre.SRE_Match object; span=(2, 4), match='34">
Oowexkt MatchOject, BosBpamaembiii MeTogamu (pyHkimsmu) match() u
search(), umeer caemyroriye OCHOBHBIC CBOMCTBA U METO/IBI:

* '€ — CChUIKA HA CKOMIWJIMPOBAHHBIN 1IA0JIOH, YKa3aHHBIN B MeToAax (PyHKIU-

sx) match() u search(). Uepes 3Ty CChUIKY JOCTYITHBI CIIEAYIOIINE CBOMCTRA!
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O groups — KOJIMYECTBO rpynn B IA0JIOHE;
o groupindex — ciioBapb ¢ Ha3BaHUSMU TPYIII H UX HOMEPaMH.

» group ([id] wnmm name [..., idN i nameN]) — Bo3Bpaiaer GpparMeHTbI, COOT-
BETCTBYIOIIME 11a00Hy. Eciin mapamerp He ykasaH, WM yka3aHo 3HadyeHue 0, TO BO3-
Bpaiiaercsi (parMeHT, MOJHOCThIO COOTBETCTBYIOIIMH Mmiabnony. Ecnu ykazan Homep
WM Ha3BaHWE TPYIIbI, TO BO3BpaIaeTcsi (parMeHT, COBMANAIOIIMN ¢ 3TOW TPYIION.
Yepes 3amsTyr0 MOXKHO yKa3aTh HECKOJIBKO HOMEPOB WM Ha3BaHWi rpymi. Torma Bo3-
BpalllaeTcsl KOPTEXK, COMEpKAIMA (PparMeHThl, COOTBETCTBYIoIME rpynnaM. Eciau Her
TPYIIIBI ¢ COOTBETCTBYIOIIMM HOMEPOM WJIM Ha3BaHUEM, TO BO30YXIaETCS UCKITIOUCHHE
IndexError.

+ groupdict ([3HayeHHe MO YMOJIYaHWIO]) — BO3BpAIlaeT CIOBapb, COJEpIKa-
MY 3HAYCHUST UMCHOBaHHBIX rpymil. C MOMOIIBIO HEOOSI3aTeIbHOTO TTapaMeTpa MOKHO
yKa3aTh 3HAYCHHE, KOTOPOE OyAeT BBIBOAUTHCSA BMECTO 3HaucHHs NONe i TpyIm, He
UMEIOIINX COBIAICHUI:

print ("O6bexT MatchObject")

p=re.compile(r"(?P<num>\d+)(?P<str>\w+)") Ofrerxr MatchObject
m=p.search("12345string 67890text") {'num': 1, *str': 2}

123453tring 12345 string
print(m.re.groups) 12345
print (m.re.groupindex) ['num': '12345', 'str': 'string'}

print(m.group(), m.group(1),m.group(2))

print(m.group("num"))

print()

print(m.groupdict())

+ start (J[uomep rpynnsl uiau HazBanue|), end( [Homep rpynnbl Wid Ha3Ba-
Hue]), span( [Homep rpynnbl WM Ha3BaHMe|) BO3BpalllaeT MHICKC Hadajga (KOHIA)
dbparmenTa (KOPTEXK, COAEpKAINN HAYAIbHBIA U KOHEYHBIN WHACKCH (PparmenTa). Ec-
JIM MapaMeTp He yKa3aH, TO PparMEeHTOM SIBJIAETCS MOJHOE COOTBETCTBUE C IIAOJIOHOM,
B IIPOTUBHOM CJIy4ae — COOTBETCTBHE C YKa3aHHOW I'pyIION. Eciin COOTBETCTBUS HET,

TO Bo3Bpaiaet 3Hauenue -1 (-1) (-1,-1):
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m=p.search("67890text")

2
678390text

print(m.re.groups) 09 (0, 9)
print (m.group()) ETEQ?G, 5)
print (m.start(), m.end(),m.span()) ;E:t (s, 9)
print (m.group(1))

print (m.start(1), m.end(1),m.span(1))

print (m.group(2))

print (m.start(2), m.end(2),m.span(2))

Meton findall (cTpoka [, HayaabHasi MO3MUMA [, KOHeYHAs1 MO3UNMs |]) UIIeT
BCE COBMAJICHMs C MadioHOM. Ecii cCOOTBETCTBHE HAalICHO, TO OH BO3BpAIaeT CIIUCOK

dbparmeHTamu, B IPOTUBHOM Cliydae — MycTol crucok. Eciau BHyTpu mabi1oHa ecth 060-

Jiee OJTHOM IPYMIIbI, TO KaXK/IbIi 3JIEMEHT CIUCKa OYJET KOPTEKEM, a HE CTPOKOM:

print("Meton findall")

p=re.compile(r'"\d+")

print(p.findall("2011, 2012, nByx ThicsuHbIiA, 2018"))
p=re.compile(r"((\d{3})-(\d{2})-(\d{2}))")
print(p.findall("322-22-11, 356-34-12"))

Meron findall
[*2011v, t'20127,

1
[{'322-22-11", '32

]
22', "11'}), ("356-34-12', '35&', '34', '12'}]

Bwmecto merona findall(), Tak xe, kak u paHbliie, MOXKHO HCIIOIB30BATh (PYHKIIHIO
findall(): re.findall(mxaémo0n, crpoka [, Mmogudgukarop]).

Merton finditer (crpokal, HayajibHAs MO3UIKS [, KOHeYHass Mo3uNusi]]) aHao-
ruaen meroay findall(), Ho Bo3Bparaer urepatop, a He cnricok. Ha xaxkiaol ureparuu
mukiaa for Bo3BpamaeTcss OIWH HAWIEHHBIM OOBEKT COOTBETCTBUS IIa0JIOHY
MatchObject:

print("Meron finditer")

p=re.compile (r'"\d+")

for m in p.finditer("2011, 2012, nByx ThIcsuHBI, 2018"):
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print (m.group(0), "start:", m.start(), "end:",m.end())
Bwmecto metoxa finditer () moxxuo ncnomnn3oBare ¢pynkmmro finditer():
re.finditer (mao6so0H, crpoka [, MmogudukarTop|)
print("®ynkus finditer") fymrama finditer

. ["Textl", "Text3']
p= re.compile (r"<b>(.+?)</b>", reI|re.S) Textl

s="<b>Text]</b> Text2 <b>Text3</b>" e

print (p.findall(s))

for m in re.finditer(p,s):

print (m.group(1))

B nmannom mpumepe group(l) BeimensieT TpyIimy CHMBOJIOB, COOTBETCTBYIOIIYIO
CTOsIIIIEMY B CKOOKax 11abJioHy, a (.+?) nenaet KBaHTU(PUKATOP HEKATHBIM.

Mertox SUD (HOBBI#i (pparMeHT HIIM CCHIIKA HA (PYHKIUIO, CTPOKA [JIsl 3aMeHbI
[, MakcMMaIbHOE KOJIMYECTBO 3aMeH|) UIEeT BCe COBNA/ACHUS C MIa0JIOHAMU U 3aMe-
HSET UX Ha yKa3aHHbIC 3HaueHus. Eciiu coBnasieHus He HalIeHbl, TO BO3BPAILAETCs UC-
XOJ[Hasi CTpoKa. BHyTpu HOBOTO (pparMeHTa MOXKHO MCIIOJIB30BaTh PACCMOTPEHHBIE pa-
Hee oOpaTHbIC CChUTKM \HOMep ¥ \J <Ha3BaHHe>, COOTBETCTBYIOIIUE TPYIIaM BHYTpPH
mabJioHa:

print ("meTon sub - 3ameHa")

p=re.compile(r"<(?P<tagl>\w+)><(?P<tag2>[a-z]+)>")

print(p.sub(r"'<\2><\1>"."<br><hr>")) #\HOMED

print (p.sub(r"<\g<tag2>><\g<tag1>>", "<br><hr>")) #\g <HazBaHue>
MeTon sub - 3aMeHa
<hrx<br>
<hrx><br>

B xauecTBe nmepBoro napameTpa PyHKIIMH MOKHO YKa3bIBaTh CCHUIKY Ha (DYHKIIMIO
(umst pyHkIMM 6e3 cko00K). JlanHast GyHKIMS B Ka4ecTBE mapaMerpa Oy/ieT UCIOIb30-
BaTh 00BeKkT MatchObject, COOTBETCTBYIOIMIMI HaiicHHOMY 10 11a0JIOHY (PparMeHTy.
Pesynbrar, Bo3Bpamiaemblii Takod GyHKIHEH, SBIsSEeTCS (parMeHTOM JiS 3aMEHBI B

byHKIMM SUb.
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B npuBeneHHOM HWXKE TpUMEpE OCYyIIecTBIseTcs yBenudeHue Ha 10  Bcex
Hal/ICHHBIX B CKOOKaX YHMCEIL:
#meron sub — 3ameHa, ¢ GyHKIuen
def repl(m):
"""®yHkuus a7 3aMmeHsl m- MatchObject"""
x=int(m.group(0))
x+=10
return ("%s" %Xx)
p=re.compile(r"\d+")
print (p.sub(repl, "2008, 2009,2010,2011, 2012"))
print (p.sub(repl, "2008, 2009,2010,2011, 2012", 2))

MeTon aubk - 3aMeHa, © bVHERIMER
2018, 201%,2020,2021, 2022

2018, 2019,2010,2011, 2012

Bmecro meroma sub() moxkHo ricnionbp3oBaTh GyHKIHIO SUD():
re.sub(mao,10H, HOBBIH (PparMeHT HJIM CChLIKA HA (PYHKIHIO, CTPOKA IS 3a-
MEHbI [, MAKCHMAJIbHOE KOJIUYeCTBO 3aMeH])
def repll(m):
tagl=m.group("tagl").upper()
tag2=m.group ("tag2").upper()
return "<%s><%s>" % (tag2,tagl)
p=r"<(?P<tagl>\w+)><(7P<tag2>\w+)>"
print(re.sub(p,repll, "<br><hr>")) CHRCER>
Metona subn() anangorumuern metomay Sub(), ToJbKO OH BO3BpaIllaeT HE CTPOKY, a
KOPTEX U3 JABYX JIEMEHTOB — M3MEHEHHOHN CTPOKH M KOJIMYECTBA MPOU3BEICHHBIX 3a-
MEH:
subn (HoBbIi (GparMeHT WJIM CChLIKA Ha (PYHKIHMI0, CTPOKA JIJIsl 3aMEeHbI |,
MaKCHUMAJIbHOE KOJIHYECTBO 3aMeH])
#meTon subn — 3aMeHa, ¢ GyHKIIUEH

print("MeTox subn — 3amenHa")
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p=re.compile(r"200[79]")
print(p.subn("0","2007,2009,2010,2011"))

METOO subn - 3IaMeHa
{*0,0,2010,2011", 2)

Meton split (Mcxognasi crpokal,Jlumur|) pa3duBaer CTpoKy mo mabJIoHy H
BO3BpAIllaeT CIHUCOK NOJACTPOK. Eciu BTOpBIM apaMeTpoM 3aJaHO YHCIIO, TO B CIIUCKE
OyZeT yKa3aHHOE KOJMYECTBO MOACTPoK. Ecium moacTpok O6omblie yka3aHHOTO
KOJIMYECTBA, TO CIHCOK OYAET COAEpXKaThb €Ile OAMH JJIEMEHT, KOTOpBIA OyAeT
COJZIepKaTh OCTATOK CTPOKHU:

print("Meron split - pazouenue ctpoku")

p=re.compile(r"[\s,.]+") # m0060i1 mpobe, TOuKa UK 3arsaras

print(p.split("word1, word2\nword3\rword4.word5"))

print(p.split("word1, word2\nword3\rword4.word5",2))

MeTon 3plit - pasbuesme CTpORM
["wordl', "wordd', 'word3', "wordd', "wordi']
["wordl', "word2', 'word3\rword4.wordd']

Ecnu pazgenurens He HalIeH B CTPOKE, TO CIIMCOK OYJET COEePkKAaTh TOJIBKO OJUH

AIIEMEHT, COJEpKAIMi HCXOIHYI0 CTPOKY. BMecTo MeTroga MOKHO HCIOJIb30BaTh

dbynkuumro split ().

KoHTposbHbIE BONPOCHI M NMpaKTHYEeCKHE 3aJaHusA Mo Teme «PeryisipHbie
BbIPaKeHUs

1. Vcnionb3ysi peryisipHble BbIPAXXEHUS, HAUIIUTE MPOTPaMMy, CYMMHUPYIOUTYIO
MIPOU3BOJIBHOE KOJIMYECTBO BBEJEHHBIX IMOJIB30BATENEM LIeNbIX uKcen. [Iporpamma 3a-
BepuiaeT paboTy U OCYILIECTBIsIET CYMMHUpOBaHUe Mpu BBoAe cioa Stop. IIporpamma
JIOTyCKaeT BBOJI OTPUIIATENILHOTO uKcia. Eciiv BBeJieHa CTpoKa BMECTO YMCIIa, TO0JIb30-
BaTeo BbiaeTcs coobuienue: «Heo6xoammMo BBECTH YUCIIO, @ HE CTPOKYY.

2. ITonpocute moap3oBaTess BBeCTH (pamMuiauio u uMms. Vcnons3yst peryispHbie

BBIpaKCHUA, IIOMEHSUTE MECTaMU UMS U (I)aMI/IJ'II/IIO K BBIBCIUTC UX HA KOHCOJIb.
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3. Ucnonb3ysi perynsipHble BbIpaXKEHHsI, BHIBEAUTE HA KOHCOJb BCE CJIOBA, CTOS-
IIME MOCJIe OTKPHIBAIOIICICS KaBBIYKHA BO ()parMeHTe TEKCTA.

4. I[IpoBeppTe €-mail, BBeneHHBIN MMOJB30BATEICM, Ha COOTBETCTBHE INAOJIOHY.
[IpucBoiite MMEHa rpynne, COOTBETCTBYIOIIEM MMEHM JOMEHAa, W TPYMNIE, COOTBET-
CTBYIOIIEH UMEHU MOJIb30BaTeNsl. Ecnu BBeJieHHas! CTpOKA HE COOTBETCTBYET 11a0JIOHY,
BBIBCAMTE ITI0JIb30BaTEIII0 coobIenue. Mcemonb3ys meton group oowsexra MatchOject,
BBIBEIMTE BBEJACHHBIN AJCKTPOHHBIN aJipec, UMs TIOMEHa U MMs MOJIb30BaTelNsd Ha KOH-
coJib. BeiBeguTe Ha KOHCOJIb 3aITUCh B OOPaTHOM MOpPSIKE: BHAYaJIe UMS JJOMEHA, 3aTEM
UM TIOJIb30BATESL.

5. B tekctoBOM (hparmMeHTe BHIOEpUTE CIIOBA, CTOAIIME B Hadalle MPEIIOKEHUS
(mocne Touku U npodena).

6. [IpoBepTe CTpPOKY, BBEACHHYIO TMOJb30BaTElIeM, Ha COOTBETCTBHE IIAOIIOHY,
BKJIFOYAIOIIEMY YHCIO OT JBYX 10 IsTH nudp ¥ HamMeHoBaHue BamoThl ($, EUro,
UAH, USD, SEK, NOK, RUB). IIpucBoiiTe uMsl TpyImie 1madjioHa, COOTBETCTBYOIICH
YHCITy, U TPYIIIE, COOTBETCTBYIOIIEH NMEHH BAMIOTH. ECiii BBeIeHHAs CTPOKa HE TIPe/I-
CTaBJISIET COOOM YMCIIO OT ABYX A0 MATU UU(QP BKIIOYUTEIBHO, C HAUMEHOBAaHUEM Ba-
JIOTHI, BBIBEIUTE IMOJI30BATENIO0 COOTBETCTBYIOIIEe cooOmieHne. Mcmonb3ys MeTon
group() oobekra MatchOject, BeiBeMTE BBEICHHYIO CTPOKY, YHCIO U HAUMECHOBAHHE
BaJIOTHI HA KOHCOJIb. BbIBeNTE HAa KOHCOJIb 3aUCh B 0OpAaTHOM MOPSIKE: BHayase Ba-
JFOTAa, 3aTEM YHCIIO.

7. B TexcroBoM (hparMeHTe BBIOEpPUTE CIIOBA, CTOSIIIME B KOHIIE MPEIIOXKEHUS
(mepea TOYKOM U MPOOEIIOM).

8. I[lonpocure noap30BaTeNsl BBECTU Jaty, B popme uucio (ot 1 1o 31), HaumeHo-
BaHUE Mecdlla U YeTbipe nudprl Tekyuero rojaa. [IposepbTe BBEIEHHYIO JaTy HAa COOT-
BercTBHE Ma0noHy. [IpucBoiite ums rpynmne 1madiIoHa, COOTBETCTBYIOIIEW YHUCITY U
rpymnne, COOTBETCTBYIOIIEH Mecsiy. Eciau BBeZeHHas cTpoka HE COOTBETCTBYET BBE-
JICHHOMY I1Ia0JIOHY, BBIBEJUTE COOTBETCTBYIOlIee cooOueHue. lcmonb3ys meron
group() oowexta MatchOject BeiBeaMTEe BBEACHHYIO CTPOKY, YHCJIO M MECSIl Ha KOH-
coJib. BriBeuTe Ha KOHCOJIb 3alKMCh B OOPaTHOM MOPsIIKE: BHAa4Yalle MECSIl, 3aTeM YHC-

JIO U TOJI.
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9. B TexcroBoM (hparmeHTEe BHIOCPUTE CIIOBA, HE CTOSIINE TOCIE YUCeN (YUCIO U
npobein).

10. [Tonmpocute nofib30BaTessi BBECTU ATy, B (hOPME YUCIO U HAaUMEHOBAHHUE Me-
csaua. IIpoBepbTe naTy Ha momnajgaHue B MEPBYIO Aekaay mecsiia (mepsbie 10 mHel).
[Ipucsoiite ums rpynme mabdioHa, COOTBETCTBYIONIEH YUCITY U TPYIIE, COOTBETCTBY-
foieit mecsiy. Ecnu BBelleHHast cTpoka HE COOTBETCTBYET BBEJECHHOMY IIA0JIOHY, BbI-
BEIIMTE COOTBETCTBYIOIMIEE coodmenue. Mcmonn3ys meton group() oopexta MatchOject,
BBIBEJIUTE BBEJCHHYIO CTPOKY, YHMCIO U MECSIl Ha KOHCOJIb. BriBeaUTEe HA KOHCOJIb 3a-
MMCh B 0OPAaTHOM TIOPSIJIKE: BHAYAIE MECSII, 3aTEM YHCIIO.

11. B TekcToBOM (pparmeHTe BBIOEPUTE CIIOBA, HE CTOSALIUE MEpe] YuciaMu (Tpo-
0eJ1 U YKCIIO).

12. Tlonpocute moJib30BaTENsl BBECTH CBOE HAy4dHOE 3BaHUE (npogheccop M 0o-
yenm), pamunuio U uHUIMansl. Hanpumep: npogeccop Heanos C. U. IlpoBeprTe BBe-
JICHHYIO CTPOKY Ha COOTBETCTBHUE IabyioHy. [IpucBoiite umsa rpymme mabioHa, COOT-
BETCTBYIOILIEH (pamMmiivM, U Tpynme, COOTBETCTBYIOLIEH MHULIManaM. Eciu BBeaeHHas
CTpOKa HE COOTBETCTBYET BBEJICHHOMY IA0JIOHY, BBIBEJIUTE COOTBETCTBYIOIIEE COO0-
mienne. Mcmonb3ys meron group() oowsexra MatchOject, BeiBeuTe BBEICHHYIO CTPOKY,
(haMUITHIO M UHUITMAJIBI TT0JIH30BaTENsl HA KOHCOJb. BhIBeIMTEe Ha KOHCOJb 3aiCh B 00-
paTHOM TMOPSAKE: BHAYAJIEC MHUITUAIBI, a 3aTeM (haMUITu.

13. TlonmpocuTte moOJIb30BATENSl BBECTH IOJIHOE JOMEHHOE HUMS, KOTOPOE IOJIKHO
HAYMHATHCSA C HAMMEHOBaHUs MpoTokoia “http:// “ umu*https:// ”, 3aTeM nepedyunciuTte
JIOMEHBI Pa3JIMYHBIX YPOBHEU, COCTOAIIME U3 OYKB W pa3/ieJieHHbIE TOYKOM, 3aKaH4H-
BalOIIMECsS TMOCIEAHUM JABYXOYKBEHHBIM WM TPEXOYKBEHHBIM JIOMEHOM BEpPXHETO
ypoBHsI (30HOH); B KOHIIE MOXeT ObITh HeoOsi3aTenbHbIN cnemn (http://example.com/).
[Tpucpoiite ums rpynme 1mabdioHa, COOTBETCTBYIOIIECH TOMEHY BEpXHEro ypoBHs. Ecnu
BBEJICHHAs] CTPOKA HE COOTBETCTBYET BBEJECHHOMY ITa0JIOHY, BBIBEIUTE COOTBETCTBY-
roniee coodbmienue. Mcnomn3ys meroa group() oobekra MatchOject, BeiBeauTe BBEICH-
HYIO CTPOKY M HMMsI JOMEHA BEPXHETO0 YpOBHS Ha KOHCOJb. BhIBeauTE Ha KOHCOJb 3a-
MMCh B 0OpaTHOM TOPSAJIKE: BHAYAJIE JJOMEH BEPXHErO YPOBHS, a 3aT€M HAMMEHOBAHUE

IIPOTOKOJIA.
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14. Tlonpocute moab3oBaTens BBecTH ueThlpexOutoBwiii [P-anpec (IPv4) B gecs-
TUYHOM mpezcTaBieHnd. C MOMOIIBIO IIa0JI0Ha PEryJSIPHOTO BBIPAXKEHHUS MPOBEPHTE
MPaBUWJIBHOCTh BBEJICHHOM CTpOKH. UeThIpexOalTHBIN aapec MmpeacTaBisieT coOoi ue-
Teipe uyucia oT 0 mo 255, pasmeneHHBIX Toukamu https://ru.wikipedia.org/wiki/IPv4.
[IpoBepbTe BBEIEHHYIO CTPOKY Ha COOTBETCTBHUE Ia0yoHy. [IpucBoiite uMsa rpymnmnam
mabJIoHa, MPECTABIISIONIUM TIEPBBIN, BTOPOM, TPETUN W YeTBEpThIN OaiThl. Eciu BBe-
JIEHHAsl CTPOKA HE COOTBETCTBYET BBEIEHHOMY IIA0JIOHY, BBIBEUTE COOTBETCTBYIOIIEE
coobOmenue. HMcmonssys meron group() oowexkra MatchOject, BeiBeauTe BBEACHHYIO
CTPOKY M 3HA4YEHHs Ka)X/JO0Tro M3 YeThlpex 0alTOB Ha KOHCOJb. BbIBeAUTE HA KOHCOJb
3aMKMch B 0OpAaTHOM MOPSJKE: BHAYaJIe YETBEPTHIM OalT ajpeca, 3aTe€M TPETUM, BTOPO

Y TIEPBBIM, pa3/ICICHHbIE TOYKOU.
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Tema 4. HOPMAJIN3AIIUA TEKCTA

4.1. CermeHTanus CIoB.

4.2. Hopmanuzanus.

4.3. CTeMMUHT.

4.4. CermeHTalMs MPEIJIOKECHUN B TEKCTE.

4.5. Toxenuzanus B NLTK Python.

4.6. Vicnonb3oBaHMe PETYNISAPHBIX BhIpaXXeHHI st creMMuHTa B Python.

4.7. Bctpoennslie cremmepsnl nakera NLTK.

4.8. JlemmaTtuzarop nakera NLTK.

KoHTposibHBIE BONMPOCHI M NpakTHUecKue 3anaHuss no teme «Hopmanuzanus

TCKCTa».

4.1. CermeHTan A CJI0B

JItobast 06paboTKa TeKCTa JOJKHA BKIIOYATh €ro HopMmanusaiuto. [Iporecc Hop-
MaJIi3allii TeKCTa BKIIOYAET:

— CerMEeHTallMIO WM TOKEHU3AIUIO CJI0B B TeKcTe (Segmenting/tokenizing);

— HOpMaJIM3aIUIo CIIOB (MPUBEICHNUE UX K HOPMAJIbHOM/KaHOHUYECKOM) hopme;

— CErMEHTalUI0 IPEAJIOKEHUM B TEKCTE.

[TepBriit 3Tanm 00pabOTKM TEKCTOB — TOKEHM3AIMS — HUCIOJIb3YeTCS B KayeCTBE
MPEABAPUTEILHOTO dTana yacTu-pedHoit pasmetku (POS-tagging), mpu moucke oOImmx
CJIOB, YIAJICHUU HEXEJATENIbHBIX CIIOB, MOJOOHBIX OOIIMM WUJIM MOBTOPSIOUIUMCS CJIO-
BaM M T. I.

Token npeacTarisieT coO0M MOCIEAOBATENLHOCT OYKBEHHBIX W/WIH ITU(DPOBBIX
CHUMBOJIOB, OT/ICJICHHYIO CJIEBa U CIIpaBa 3HaKamMu (OpMaTUPOBAHUS TEKCTA W/WJIU 3Ha-
KaMu npenuHaHus. Pa3OMBKa TekcTa Ha TOKCHBI Ha3bIBAeTCS TOKeHHM3amuei. TOKCHBI
OOBIYHO COBMAJAIOT CO CJIOBaMH, MOATOMY TEPMHUHY “TOKEH’ OOBIYHO COOTBETCTBYET
CJIOBO B TEOPETUUYECKOW JIMHTBUCTHUKE.

CymiecTByeT pasrpaHUYCHHE MEXKy YHUKATbHBIMU TOKCHAMH U OOIIMMU TOKEHa-
MU. YHHMKAQJbHBIA TOKeH (MHOT/Ia Ha3bIBaeMbIi THIIOM) 0003HAYaeT TOKEH 0e3 ydera

KOJIMYECTBA €T0 MOBTOPEHUN B TEKCTE, a TEPMHUH “00IIMe TOKEHbI” — 0003HAYAET KO-
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JMYECTBO TOKEHOB C y4yeToM mx udactoTHoctu. Hampumep, Shakespeare corpus nmeer
00beM okos10 884 ThicsuM COB, 31 ThICSYa — YHUKAJIbHBIE TOKeHBI. Switchboard corpus
Tene(OHHBIX Pa3roBOpoB, coaepxkamuii 2500 pasroBopoB okojo 500 yeaoBek, BKIHOYA-
eT 2,4 MIIITMOHA OOLIMX TOKEHOB, U3 KOTOPbIX TOJBKO 20 000 TOKEHOB — 3TO YHUKAJIb-
HbIE TOKCHBI.

TokeHuzanusi MpeAcTaBisieT COOOM CIOXKHYIO 3ajady, 4acTO HE HMMEIOUIYIO
€MHCTBEHHOI0 pelIeHHs. BpIOOp M ompenesieHne TOKEHOB (3TO YHMCIO CO 3HAKOM
JoJiIapa, 3TO MPOCTO YHUCIO M 3HAK JoJulapa OTIAEIbHO, 3TO CTPOKAa IO TOUKH WIIU
YHCIIa, BRIJICTICHHBIC TOUKAaMH — KaK J]aTa) BCET/Ia 3aBUCAT OT 00JIACTH MMPUMEHEHUS.

BriienuM HECKOJIBKO TPAJAUIIMOHHO BO3HUKAIOIIUX MPOOJeM aBTOMATHYECKOU TO-
KEHU3AIUU:

1. Pa3penenus tekcra mo mpoOeiaaM MOXKET IMPHUBECTH K pa3pblBy TOKEHA, KOTO-
pBIN cleayeT paccMaTpuBaTh Kak 1elibHbIA. OJIHUM TOKEHOM JIOJDKHBI OBITh pacro3Ha-
HBbI TaKUE CJIOBOCOYETAHMUS, KaK reorpaduyecKkue Ha3BaHUs, JIMYHbIE UMEHA, COKpaIle-
HUSI, YCTOWYMBBIE cioBocoderanus u T. m. Hampumep: “New York”, “N.A.T.O.”, “San
Francisco” u ap.

2. B psne s3bIKOB CyllecTBYeT mpobiiema pazaeneHus anoctpodom. Hanpumep, B
aHTJIMHACKOM SI3bIKE, arioCcTpOd, OTPECIISIIONINI MPUTSKATEIIbHBIN MMaJIekK, HE BBIJCISICT
otnensHoe cioBo (Finland’s capital), Torna kak B mpumepax “lI’'m”, “What’re” amo-
cTpod pazaenseT Ba ciioBa. Bo ¢hpaHIly3cKoM si3bIKe anocTpod MOKET UCIOJIb30BATh-
Csl ISl COKpaIIeHUsl ONPEAECICHHOTO apTUKJIA MEPE]] CIOBOM.

3. Bo MHOrux si3pikax CyumecTBYeT mpodieMa oOpabOTKU CJIOB, COJEpKAIIUX JIe-
¢uc. Hanpumep, B aHTTIMHCKOM SI3bIKE pa3fesieHHe Ae(PUCOM UCIONb3YETCs IS pa3-
HBIX ICJIeH: Ui OObeIWHEHHUS CYIICCTBUTEIbHBIX B Ha3Banusx (Hewlett-Packard) u
IUTSL pa3lieNieHus TIacHbIX OyKB B ciioBax (CO-education), a takxke Juis TPYNITAPOBAHHS
cioB (State-of-the-art). B mamnom mpumepe, “co-education” “Hewlett-Packard” pac-
cMaTpHBaeTCs Kak OJMH TOKeH, "state-of-the-art” — kak HeckoJIbKO TOKEHOB, a Cliydait
“Hewlett-Packard” mMoeT ObITh paCCMOTPEH MO-Pa3HOMY.

4. B HeMernKoM s3bIKE CJIOBA U COOTBETCBEHHO TOKEHBI MOTYT 3aICHIBATHCS

ciutHo (Computerlinguistik).
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5. B BOCTOYHO-a3MaTCKUX sI3bIKaxX BOOOIIE HET MPOOEIOB.

4.2.Hopmanu3zauus

Crnenyroum 3TarnoM aBTOMAaTHYECKOH 00pabOTKHM TEKCTa, HACTYMAIOIIMM IOCIHE
TOTO KaK CJIOBA BBIJICTCHBI, T. €. TEKCT CETMEHTUPOBAH HAa TOKEHBI, 3TH TOKEHBI HE00XO0-
IUMO HOpMajn3oBatTh. [loHsATHE HOpMalIM3allMU CJIOB MMEET HECKOJIbKO 3HAYCHUH; B
o0IIIeM CITydae HOpMaau3ayusa — 3TO IPUBEICHUE CIOBA K HaYaJIbHOM (KaHOHMYECKOH)
dbopme. Hanmpumep: Kowkamu -> kowxa; bBescan > bexcams.

Jemmamu3zayua B o01EeM ciydae TaKxkKe MPenCTaBIsieT co00il HOpMaTU3aIuIo.
Jlemma — 310 HauanbHas (cnoBapHas) opma cioBa, BMecTe ¢ nH(popmarueit o popme
MOCTPOEHUS CJIOBA M ero yactu peuu. [log nemMMaruzaiueit B TUHTBUCTUKE TOHUMAIOT
MPOIIECC TPYNIMUPOBKUA BCEX M3MEHSIEMBIX (DOPM CIIOBA ISl X MOCIEAYIOIIETO aHAIN3a
B BHJIE OJTHOTO 3JieMeHTa (j1eMMbl). CiI0Ba OTHOCSTCS K OJHOW U TOH K€ JIeMME, €CITu
OHHM MMEIOT OJIMHAKOBYIO OCHOBY, OTHOCSATCSI K OJIHOM W TOM K€ YaCTH PEUd U UMEIOT
MOYTH OJMH U TOT e cMbIca cioBa. Hanpumep, cat u catsS — 3to pasnuunbie Hopmbl
OJIHOTO U TOTO e CJI0Ba. B KOMIBbIOTEPHOM JIMHIBUCTUKE JIEMMATH3ALIUSI TIPEICTABIISET
co0oif mporiecc BBIACICHUS JEMMBI Ui JaHHOTO ciioBa. Hampumep, B aHIIHHACKOM
s3bIKE TIaroj “t0 Open” MoskeT MposBIIATHCS Kak “‘opened”. “opens”, ‘opening”. bazo-
Basi WM KaHOHMYEcKas opma ““ Open”, kotopas mpejcTaBieHa B CIOBape, Ha3bIBACTCS
JeMMOU aHHOTO ciioBa. OCyIIECTBISIETCS JIeMaTU3alus Ha OCHOBE aJIrOPUTMOB MOP-
(dosornyeckoro aHaiauza, OHa CBsi3aHA C PACIIO3HABAHUEM 3JIEMEHTOB Mopdosiornye-
CKO# CTPYKTYpBI CIIOBa — KOPHS, OCHOBBI, cy(hdrKca, OKOHIAHUS.

[Iporiecc memMmaTH3aIuu TMPEACTaBIsET co00 TPYAHYIO 3a1ady, BKIFOYAIOIIYIO
MOHMMAaHHUE KOHTEKCTA, ONpEeIeICHUE YacTH PEeUH CJIOBA B MPEAJIOKEHUH, Oa3UupyIOLIU-
ecsl Ha 3HAaHUM TPaMMaTUKH JAHHOTO SI3bIKA.

W xoTs mpoiiecc IeMMaTHU3allMd TECHO CBSI3aH C  MPOLIECCOM CTEMMHHTIA, CTEM-
MUHT HE TpeOyeT 3HaHUN KOHTEKCTa, IOITOMY OH HE MOXET pa3indaTh CJI0OBa, KOTOPbIE
UMEIOT Pa3InYHbIC 3HAYCHHSI, B 3aBUCUMOCTH OT TOTO, K KaKOH YacTH pe4yr OHH OTHO-
csatcs. [loaToMy OOBIYHO CTEMMEPHI JIerde UMIJIEMEHTHPOBATh, 1 OHU PA0OTAIOT OBICT-
pee, 4eM JieMMaTH3apophl, TOTr/1a Kak X MEHbIas TOYHOCTh HE CHUJIBHO BIIHSIET Ha pa-

00Ty HeKOTOphIX NMpusioxeHuit NLP.
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Otan HOpManIM3aluu OOBIYHO BKJIIOYAETCs B Takue mpuioxeHus NLP, xak uH-
(dbOopManMOHHBIN TTOWCK, MAITMHHBIE TIEPeBOA U npyrue. Hampumep, B mHGOpMAIIMOH-
HOM TIOMCKE JIEMMAaTH3allMsl MO3BOJSET PACHIMPUTh KJIAcC HMCKOMBIX TEPMHUHOB. JTO
0COOEHHO aKTyallbHO JJIs1 (DJISKTUBHBIX SI3BIKOB. [IpH MCITONB30BAaHWN B TIOMCKE CIIOBO-
coYeTaHus “OaHKo8biX cucmem’, TIOJIb30BaTENIb, OOBIYHO, MOJIPA3yMEBACT BKJIIOUCHUE
Takux GOpM Kak “banxosas cucmema’, “Oanxool cucmemvl” W Npyrux. B cucreme
MaITMHHOTO TEepeBOjia OIMpeaeieHne KaHOHUYECKOH (OpMBI CIIOBa HEOOXOIUMO IS

ITOHUCKA 3aroJIOBKa CHOBapHOﬁ CTaTbU IICPCBOIA.

4.3. CTeMMUHT

C "HOpMmanmM3aluel CBsi3aH CTEeMMHUHT (Stemming), KOTOpPBIM TakKe SBISACTCS Ya-
CTBIO Mpoliecca HOpMANIU3alMU TeKCTa. CmemMmune — 3TO MPOIECC HAX0XKICHUSI OCHO-
BBl CJIOBA IO 33JaHHOMY HMCXOAHOMY CJIOBY. Llenb cTEMMHMHIAa OTOKIECTBUTH OCHOBBI
pa3IMYHBIX CJI0BO(OPM, UMEIOIIKX OJIHO 3HaueHue. Hampumep, B pe3yiibrare CTeMUHTa
BCE TaKWe CJIoBa, Kak automate(s), automatic, automation, OyayT nmpuBeJCHBI K OJHOMN
OCHOBe automat.

Hanbonee yacTo CTEMUHT IMPUMEHSETCS B cUCTeMaX MH(OPMAIMOHHOIO IMOUCKA
JUISl paCIIMpPEeHUs BO3MOKHOCTH TIOMCKA COBMAJCHUNH MHOXECTB CJIOB 3aIlpoca U JOKY-
MEHTOB, TI03BOJISISI CYIIECTBEHHO MOBBICUTH MTOKA3aTEN MOJHOTH U TOYHOCTH MTOUCKA B
uHpopmarmonHo-nmonuckoBbix cucremax (MUIIC). Hanpumep, ecnu npu uHbOpMaIMOH-
HOM TIOMCKE 3ampainuBaercs cioBo “applications”, To mouckoBasi MalirHa OyaeT ocy-
IIECTBIIATh IOWCK JIOKYMEHTOB, COJAepXKalluX Kak ciioBo “‘application”, Tak wu
“applications”.

KoHkpeTHbI crocob perieHus 3aadnd MOWCKAa OCHOBBHI CIIOB Ha3bIBACTCS “ajico-
pumm cmemmunea’”, a KOHKpETHas peanu3auus — “‘cmemmep” (Stem — ocHOBa).

Ha Bxoze cremmepa nmogaeTcs CIHCOK TOKEHOB, Ha BBIXOJIE MOIYYalOT CIIUCOK MX
CT€MM, KOTOPBIM HE BCET/a COBIIAJAAET C YETKOM OCHOBOM, OMPEAECICHHOW TEOpEeTHYE-
ckoi JnuHTBUCTUKON. Tepmun ‘“cmemma” B NLP o0o3HavaeT mnociaeaoBaTeIbHOCTD
CHUMBOJIOB, OCTAIOIIYIOCS TOCTE yIaJeHUs YaCTH CTPOK W BBITOIHSIONTYIO (hYHKIIHIO
OTOXKJIECTBJICHUSI TOKEHOB. CTEMMUHI, TakuM 0Opa3oM, MpeJCTaBisieT COOOM yIpo-

HIEHHYIO (OpMY JIEMMATHU3ALIUHU, T/I€ MBI IPOCTO OTCEKaeM Cy(pPUKCHI.
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Haubonee mpocToil anroput™, KOTOPBIA OOBIYHO WCHONB3YETCS JJIsi CTEMMHUHTa
AHTJIMKCKOTO si3bIKa — anroput™m [loprepa wim cmemmep Ilopmepa.

CoryacHO TaHHOMY aJTOPUTMY:

1) co3maercs 6a3za NaHHBIX CIOBOOOPa3yrOIUX CY(P(HUKCOB U CIHCOK MPOCTHIX
TPaBUIT;

2) Ha MepBOM IIare OTCEKAaeTCs HAUOOINBINUI BO3ZMOXKHBIN CY(QPHUKC U MPOBEPS-
eTCsl, YJOBIETBOPSET JIM OCTABIIASICSI OCHOBA 33/ IaHHBIM TIPaBUJIAM;

3) eciu ocTaBmIasics OCHOBA HE YIOBIICTBOPSET 3aJIaHHBIM IIpaBUIIaM, TO yOupa-
eTcs cnenyronuii cypdukc.

[Ipumep Hanbosee NpOCTHIX MPaBUI 3aMEHbI CY(PPUKCOB JIs1 aHTTIUHCKOTO A3bIKA!

SSes — SS (caresses — caress)
ies > 1 (ponies — poni)

SS —> SS (caress — caress)
s—>0 (cats —cat)

ationat —ate (relational — relate)
1zer — 1ze (digitizer —digitize)
ator —ate (operator —operate)
al > 0 revival ->reviv

able —0 adjustable —adjust
ate > 0 activate — activ

B npuBeneHHOM HUXKE CTEMMEpPE UCIIONB3YIOTCs OoJiee CIOKHBIE paBuia oTcede-
Hus cydurcos. Hampumep, mst cypdukcos -ing -ed aeiicTByeT Takoe MPaBHIIO: €CITU

MOCJIC OTCEUCHHS B CJIOBE HE OCTACTCs HU OJHOM TJIacHOM 6YKBBI, TO TaKO€ OTCCUCHMUC

HETPaBUIIBHOE:
(*v*)ing — (walking— walk)
0
Sing —sing
(*v¥ed > 0 (plastered — plaster)
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JlaHHOE TPaBWIIO HE TOJATBEPXKAAETCS TOJBKO Y CIIOB, MoaoOHBIX Nothing, some-
thing and anything.

AnroputMm [TopTepa nmeeT creayronue HeTOCTaTKH:

® OH 4yacTo 00pe3aeT CIOBO OOJbIIe HEOOXOJUMOTO, YTO 3aTPYIHSIET MOTyYCHHE
MPAaBHJILHOM OCHOBBI CJIOBA, HAMIPUMEDP: KPO8amuv->kposa (IIpu 3TOM peallbHO Heu3Me-
HsieMasi 4acTh — Kpoéam, HO CTEMMEp BBIOMpaeT sl yAajeHHs Hawbolyiee IITUHHYIO
Mopdemy);

® OH HE CIIPABJISIETCSA CO BCEBO3MOKHBIMHU M3MEHEHHUSIMH KOPHS CJI0Ba (HampuMmep,
C BBIMAJAIONTIMH U OCTIBIMH TJTACHBIMH );

3nech MpUBEIEHBI IPUMEPHI AJI aHTIMICKOTO sA3bIKa; (PIIEKTUBHBIC U arTIIOTHHA-
TUBHBIC SI3bIKM MUMEIOT 3HAYUTEILHO OoJiee ClokHbIe MOp(doioruu U TpeOyroT Oosee

CJIOKHBIX aJITOPUTMOB CTCMMHHI'A.

4.4.CerMeHTALIMS NPEAJIOKEHUN B TEKCTE

HecMoTpst Ha KaxKyIIytocst IPOCTOTY, pa30UTh TEKCT Ha MPE/JIOKEHUS I0CTATOYHO
cnoxHOo. OYEBUTHO, €CITH TIPEAJIOKEHUE 3aKaHUYMBACTCS HAa | WM 7, TO €r0 MOYKHO BBI-
JIEUTh JOCTaTOYHO OJHO3HA4YHO. OJTHAKO €CJIM BCTPEYAETCsl TOUKA, TO ITO MOXKET OBITh
KaK TpaHHIla MpEeAIOKEeHUs, Tak U abOpeBuarypa, cokpamenue (Dr., N.A.T.O.) nm
yucno (.02% wumm 4.3).

JIns BBIICIICHUS MPEIIOKEHUN MOXKET OBITh MCIOJIb30BaH OMHAPHBIN Kiaccudu-
KaTop, KOTOPBIA MOKET OBITh TIOCTPOCH C TIOMOIIIBIO:

— TIPaBUIL;

— PpEryJSIpPHBIX BBIPAKECHHUI;

— kjaccudukartopa, Ha 6aze MamMHHOTO 00yueHus (machine learning classifiers);

— JiepeBa MPUHATHUS PEIICHUA U IPYTUX ITOIXOIOB.

OpauM U3 HamboJiee MPOCTHIX METOJIOB PEIICHHS SABJSETCS MOCTPOSHUE AepeBa
MPUHATHUS PEMICHUH, KOTOPOE UCTIOIB3YETCs B mpocToM anroputMme if-then-else u umeer

001IMii BUJI, MOKa3aHHBIN Ha puc. 4.1.
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MHOro nycThIX CTPOK ITOCJIE JAHHOTO 3HaKa?

ST e

EoS ITocnennanii 3Hak 7?7, “!”, “.”?

(End of Sentenci)/ eT\4
[a

i ?
EoS [Tocnennuit 3HaK TOYKA'

V\ Het

(')
OTO COKpaleHue’ Not EoS

AV\HH

Not EoS Cneﬂy@muﬁ 3HaK 1udpa?
A}a/ \-I‘eT
Not EoS EoS
Pucynok 4.1 — O0muii Bua AepeBa perieHui, UCIOIb3YIOMIErocs npu

CCIrMCHTall HpeI[HO)KCHI/Iﬁ

4.5. Toxenusamusi B NLTK Python

OOBIYHO IS TOKCHU3ALUU MCIIONIb3YIOT MOy b NItk.tokenize oubmmorekn NLTK
U PETyJISIPHBIC BBIPAKECHHUS.

Oyukuus word_tokenize maHHOro MOAyJsl MO3BOJSET pa3OMBATH MPEIIOKEHUS
Ha CJIOBA W 3HAKH MyHKTyaIuu. @YHKIMSA BO3BpAIACT CIIMCOK TOKCHOB:

from nltk.tokenize import word_tokenize

print (word_tokenize("Hi there!"))

tokenizaer_simple |

['Hi', 'there', "!']

Jl5i TOro 4TOOBI pa3ieauTh TEKCT Ha MPEeaIoKEeHUsI, MOXHO UCIOJIb30BaTh (PYHK-
muto sent_tokenize momyns nltk.tokenize. ®ynkius BoO3BpamacT CIHCOK, KaXIbIM
AJIIEMEHTOM KOTOPOTO SIBJISIETCS MPEJIOKEHUE:

from nltk.tokenize import sent tokenize

{print (sent_tokenize("Here's a shorter version. This will give you a data structure \

With each individual sentence, and each token " within the sentence. \
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I prefer the TweetTokenizer for messy, real world language. "))}

Knacc TweetTokenizer() momxyns pa3pabotan it THOKOTO U JISTKOTO HCITOJIB30-
BaHMS B HOBBIX 00JIaCTSAX M 3ajayaX, CBSI3aHHBIX ¢ 00OpabOTKON TBUTOB — COOOIICHHIA,
BKJTFOUAIOIIUX OOJIBIIOE KOJMUYECTBO Heall(haBUTHBIX CUMBOJIOB. KOHCTpyKTOp Kiacca

HCIIOJIB3YCT TPH IMapaMCTpa I10 YMOJIIAHHUIO!
TweetTokenizer(preserve_case=True, reduce_len=False, strip_handles=False).

Ecnu coxpanuth Bce 3Hau€HHUs MapaMeTpPOB MO YMOIYAHHUIO, TO B 3TOM cliydyae
KOHKaTEHAaIs MOTYYEHHBIX TOKEHOB 1aCT UCXOJHYIO CTPOKY.

[TapameTp preserve_case mno ymoJidaHuiO uMeeT 3HadeHue Irue. Eciau u3smeHuTh
ero Ha False, To Bce OyKBBHI B TOKEHAaX OyAyT MPOIUCHBIE.

[MTapameTp strip_handles nmo ymonuanuto umeer 3nauenue False. Eciau n3MeHuThH
€ro 3HaueHue Ha [rue, TO TOKEHbI, HAUMHAIONIUECS C CUMBOJIA (@ OyAyT UTHOPHUPO-
BaThCH.

[Tapametp reduce_len o ymomyanuro umeer 3nauenue False. Eciu uamMeHuTh ero
3HaueHue Ha T rue, MHOrOKpaTHOE MOBTOPEHHUE OYKB OyJIe€T HUTHOPUPOBATHCS.

Merton tokenize(text) manHoro kiacca, MpUHUMAs B Ka4yeCTBE MapaMeTpa CTPOKY
TEKCTa, BO3BPAIIAET CIIHUCOK TOKCHOB:

from nltk.tokenize import TweetTokenizer

tknzr=TweetTokenizer()
print(tknzr.tokenize(s0))

print()

tknzr=TweetTokenizer(preserve case=False)
print(tknzr.tokenize(s0))

print()

tknzr=TweetTokenizer(strip_handles=True, reduce len=True )
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print(tknzr.tokenize(s0))
tknzr=TweetTokenizer(strip _handles=True)

print(tknzr.tokenize(s0))

i TweetTokeniz

["'", '@remy', ':', 'This', 'is', 'waassayyyy', 'Toc', 'much', "for', TYOU', 1T, TIT_ vIv o wve o 0gdfEt 14341414
[**", '"@remy"', ':', 'this', 'is', 'waaasayyyy', "toc', 'much', "for', 'you', "!', "IV, vIv_ mvroovadfkY, T#441d414"]
=
[
=3
4 ["'" ':', 'This', 'is', 'wasayyy', 'Too', 'much', 'for', '¥OU', 'I', "1V, "I', "'%, 'RAfk', '###ldld’]
["'", ':', 'This', 'is', 'wamsaayyyy', 'Toc’, 'much', "for', 'YOU', TIT, TIT, V1T mrmoovgdgyr  viaaldlde

Process finished with exit code 0

Bk cl

Pabora ¢yukmum regexp_tokenize() momyns nltk.tokenize ananormuna padote
¢yukuuu re.findall() maxera regex. Onnako ¢pyukuus nltk.regexp_tokenize() ssuser-
cs1 Oosiee 3(pPeKTUBHON NI 3a/1a4M TOKEHHU3AIMU U TMO3BOJISIET M30eratb 0coboro o0-
panieHus paboThl ¢ KPYTIbIMH CKOOKaMHu.

Hanpumep, 15 Toro yToObl BBIAECIUTH B KaUYECTBE TOKEHOB CJIOBa ¢ AepuUcaMu U
ab0peBHaTyphl, JOCTATOYHO HAMKUCATh CIASAYIOMINA (PparMeHT MPOrpaMMHOTO KOJia:

from nltk.tokenize import regexp tokenize

text="That U.S.A. and USA poster-print costs $12.40 at New-York... $145.9%"

print (text)

pattern=r"(?:[A-Z]\.)+H[A-Z]+\s|\w+-\w+"

print (regexp tokenize(text, pattern))

TweetTokeniz

That U.5.4. and USLE poster-print costs £12.40 at New-York... $145.9%
["J.5.A.", '"USA ', 'poster-print', 'New-York']

4.6. UcnoJsib30BaHue PeryJsipHbIX BbIPasKeHHit 1Jisi crTeMMuHra B Python

CymiecTByIOT pa3iuvHble CIIOCOOBI TMPOTrPaMMHO OTICIUTh OCHOBY OT CJIOBA.
HawnGoiee mpocThiM cITOCOOOM JISI aHTJIIMMCKOTO S3bIKa SBJISETCS OTCEKAaHHWE OT CJIOBA
moboro cyddukca:

def stem(word):

for suffix in ['ing', 'ly', 'ed', 'ious', 'ies', 'ive', 'es', 's', 'ment']:
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if word.endswith(suffix):
return word|[:-len(suffix)]
return word
Kpome Toro, 1yt cTeMMHHTa MOYKHO MCTIONIB30BaTh PEryJsipHbIe BhIpakeHus. Mc-
TIOJIB3YS PETYISIPHOE BhIPAKEHHE, MOYKHO:
1) BBIIEIUTH TOJBKO Cy(dUKC:
print(re.findall(r"*/.*(ing|s|ly|ed|ious|ive|es|s|ment)$", "applications'))
Run stemmerl

> Hcnoone3oEgaHMe DETVIADHEK SHDESESHMHM ONA CTEMMMETE
[T'a"]

2) BBIICIHUTH TOJBKO CIIOBO, COJIEPIKAIlee OJUH U3 3aJaHHBIX CY(P(HUKCOB:
print(re.findall(r" (*.*(?:ing|s|ly|ed|ious|ive|es|s|ment)$)","applications™))

Run stemmerl
’_ HCcoome30BEHME DETYVIADHHK BHDAWEHMN OIA CTEMMUHTA

["applications']

3) pasaenuTh CIOBO Ha OCHOBY U Cy(d(PUKC U BBIICIUTHh KOPTEK, BKIIOUAIOITUI

OCHOBY U cy(pduKc:

print(re.findall(r" (*.*)(ing|s|ly|ed|ious|ive|es|sjment)$","applications" ))
in stemmerl

"

[{'application', "3")]

J{nst Toro 4yTOOBI aHATU3UPOBATh CJIOBA, cojiepxaiiue cyhduke - es , cleayeT cie-
JaTh KBAHTU(PUKATOP * B MOACTPOKE .* “HEKaTHBIM
print(re.findall(r"(*.*)(ing|s|ly|ed|ious|ive|es|sjment)$","tomatoes" ))
print(re.findall(r"~(.*?)(ing|s|ly|ed|ious|ive|es|sjment)$","tomatoes" ))
in " stemmerl

2 [{"tomatoe', "37)]
: [{*tomato®, "e3')]

58



J1y1st TOro 9TOOBI TAaHHOE PETYIIIPHOE BRIPAKEHNE PACTIO3HABAJIO CJIOBA, KOTOPHIE
HE UMEIOT OMUCAHHBIX CYh(DHUKCOB, ClIeTyeT T00aBUTh TTOCIIE TIEPEUUCICHHBIX CyhdHK-
COB KBaHTHU(HUKATOp ?:

print(re.findall(r"~(.*?)(ing|s|ly|ed|ious|ive|es|sjment)$", "every" ))

print(re.findall(r"~(.*?)(ing|s|ly|ed|ious|ive|es|s|ment)?$","every" ))

stemmerl

[l

[{'every', "")]

4.7. Becrpoennbie cremmepsbl nakera NLTK

bubnmuorexka NLTK BKIt0OUaeT HECKOIBKO BCTPOEHHBIX CTEMMEPOB, UCIIOJIH30BAThH
KOTOpBIE MPEANOUTUTENIbHEH, YeM CO3/1aBaTh COOCTBEHHBIC PETYJISIPHBIC BBIPAKEHUSI.
Takue cremmepsl, kak Porter Stemmer, Lancaster stemmer u Snowball Stemmer, o6-
pabaThIBAOT OOJIBIIIOE KOJIMYECTBO HEPETYIISIPHBIX CIIy4aeB U UCKIOUeHu. Hanmpumep,
Porter stemmer koppekTHO 0OpabaThIBaeT Takue cjoBa Kak lying, mpaBUIbHO BBIACISAS
B KadecTBe ocHOBHI “lie”. Micnonb3oBath 311 cteMMepbl B NLTK mocraTtodno mpocro.

Porter Stemmer peanmusyer anroput™m, onrcanHbii MaptuHoMm [loptepom (Martin
Porter) B 1980 rogy. AaropuTm mpejicTaBisieT co00il mpolece yaaleHus: o0mmux Mop-
¢donorndeckux M (IESKTUBHBIX OKOHYAHUUN CJIOB aHIVIMMCKOTO s3bika. ETo ocHOBHOE
HCIIOJB30BaHNE — HOPMAaJIM3alldsi TEPMUHOB, UCIIOIb3yeMasl B MPENPOIECCOPHOI 00-
paboTke crucTeM HH(POPMAIIMOHHOTO TTOUCKA.

Jlnst ucnionbp3oBanust Oubanorekun cremmepa Iloprepa HEOOXOAMMO MOAKIIOYUTH
monyns PorterStemmer makera nltk.stem, co3mate oObekT kiacca PorterStemmer
JAHHOTO MOJYJIS M MCIT0JIb30BaTh MeTo 1 Stem() co3maHHOro 0ObeKTa:

from nltk.stem import PorterStemmer

ps=PorterStemmer()

print ("stem of 'texts'": " + ps.stem("texts"))

Porter

C:\Users\Nina\ PycharmProjecta\project_l\venv\Scripta\python.exe D:/$fafimPython/Stemmer/Porter.py
stem of "texts': text
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Lancaster Stemmer 6a3upyercs Ha anroputme Jlankacrep Cremmep (1990), xo-
TOPBIN “‘YyKOpauMBAaET CJIOBO KaK MOYKHO Kopoue”. Vcrosb30BaHME JaHHOTO ajlropuTMa
MOXET OBITh 0COOCHHO BBITOJIHBIM, HaIPUMED, JJI1 0OPaOOTKH 0YEHb OOJIBIITUX TEKCTO-
BbIX HA0OPOB JJTaHHBIX.

HcnonszoBanne Lancaster Stemmer ananormuHo wucmnoib3oBaHuio Cremmepa
[Toprepa:

from nltk.stem.lancaster import LancasterStemmer

st=LancasterStemmer()

print(st.stem ("maximum"))

Lancaster

C:\Oaera\Nina‘\PFycharmProjecta\project_1%
maxim

Snowball stemmer npeacTaBisieT co00i HOBYIO YIYUIIEHHYIO BEPCUIO aIrOpUTMa
[Toptepa http://snowball.tartarus.org/. [IpakThuuecku HaHHBIA CTEMMEp MPEICTABISET
coboli (ppelMBOpPK I CO3JaHHS AJTOPUTMOB CTEMMHHTA, YJIYYIICHHBIX CTEMMEPOB
AHTJIMHACKOTO SI3bIKA U HEKOTOPBIX JPYTUX SA3BIKOB.

B oTnmuune ot Momysiei IByX MPEAbIIyIIMX CTEMMEPOB, MPU CO3TAHUH OOBEKTA
kiacca SnowballStemmer HeoOxoMMO yKa3aTh B KaueCTBE NapaMeTpa s3bIK CTEMMEpA.

from nltk.stem import SnowballStemmer

snowball stemmer=SnowballStemmer("english")

print(snowball stemmer.stem("going"))

Crucok sA3bIKOB, HoaAepkuBaeMbix Snowball Stemmer, MokHO TOAY4YUTH, HC-
noJib3ys cBoiicTBo SnowballStemmer.languages:

print(" ".join(SnowballStemmer.languages))

smowball_st=SnowballStemmer("russian"

print (smowball st.stem("oOyuenne"))

Snowball

¢ ]

arabic danish dutch english finnish french german hungarian italian norwegian porter portuguese romanian russian spanish swedish

2 obyuen
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4.8. Jlemmatusarop nmakera NLTK

NLTK-nemmaTuzatop 6asupyercs Ha MOp(HOIOrnueckoil PyHKIMHU JEKCUIECKON
0a3pl maHHbIX aHrmickoro si3bika WordNet https://wordnet.princeton.edu/. WordNet
HAIIOMUHAET Te3aypycC, TOCKOJIBKY OH TPYIIIUPYET CJIOBA BMECTE Ha OCHOBE WX 3HAYe-
Huil. Ctpyktypa WordNet nemaer ero mojie3HBIM HHCTPYMEHTOB B BBIYMCIUTEIHHON
nuHrBucTUKe U NLP.

JUtst TOro 4To0Bl OCYIIECTBUTH JIEMMATH3ALUIO AHTJIMHCKOIO CII0OBA, HEOOXOAMMO
noakaounTh Moayiab WordNetLemmatizer makera nltk.stem, cozgate 00beKkT Kiacca
WordNetLemmatizer nu npuMeHsATh JUIS JaHHOTO OO0BekTa Meton lemmatize (str [,
P0S=’n’/), ucronb3ys B Ka4ECTBE MapaMeTpa CIOBO, MOJICKAITCE IEMMATH3AIUH:

from nltk.stem import WordNetLemmatizer

wn_l=WordNetLemmatizer()

print (wn_l.lemmatize("tables"))

Lemmftizer
C:\Usera\Nina\FycharmPFrojecta‘\project_1%
table

Meton lemmatize(str [, pos=’n’/) umeer aBa aprymeHTa, MepPBbI U3 KOTOPHIX MO~
Ka3bIBAET JIEMMATU3UPYEMOE CIOBO, a BTOPOI — HUCIOIB3YEMYIO MIPU aHAIM3€E YacTh pe-
gy, YacTh peun MOXKET OBbITh CYIIECTBUTEIBHBIM POS =’N’ (MCMOIB3YEeMbIM M0 YMOJTYa-
HUIO), TJ1arojioM POS =’N’, mpuiarateibHbIM POS =’a’ Ui HapeuueM Pos =’r’:

from nltk.stem import WordNetLemmatizer

wn_|=WordNetLemmatizer()

print (wn_l.lemmatize("better"))

print (wn_l.lemmatize("better", pos='a"))

print (wn_l.lemmatize("better", pos='r"))

print (wn_l.lemmatize("being", pos='n'))

print (wn_l.lemmatize("being", pos='v"))

1 Lemmttizer
C:\Users\Nina\PycharmProjects
better
good
well
being
Eﬁ be
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KoHTposabHbIie BONPOCHI U MpakTUYeckue 3aanus no teme « Hopmanuzamus
TEKCTay.

1. CymectBytoumue npuinokenus: Natural Language Processing (NLP).

2. CermenTtanus cioB. [Ipo6GieMbl TOKEHHU3AMU CIOB B TEKCTE.

3. CermeHTanus npeIoKeHUA B TeKCTe. bruHapHBIN KiaccuuKaTop BBIACICHUS
MPEIIOKEHUM.

4. Hopmanu3zanusi 1 JeMMaTH3aIUs CIIOB.

5. Cremmunr Tekcta. OCOOEHHOCTH UCTIONB30BaHUs cteMMepa [lopTepa

6. Tokenusauus ciaoB ¢ momomplo 6ubnuoreku nltk python. dynkimu mMomyss
nltk.tokenize.

7. Hcnonb3oBaHWE PETYISIPHUX BBIPAKEHUM JJIS1 BBIIEIICHUS TOKEHOB.

8. Co3pnaliTe TEKCTOBBIN (haiisi, coepKalnuid TEKCT:

With a solid plan and time for revision, most writing tasks can be completed with
ease? This course is for those interested in improving their professional writing. Learn
how to improve your writing’s organization, logic, and style so that whatever kind of
writing your work requires, you can get your point [across] eloquently and quickly!
This COURSE : will delve into the mechanics of the writing process: identifying an
audience, choosing the best structure, and revising early drafts of your work. You will
build confidence as you practice planning documents; using [organizational] [strategies]
such headings and subheadings, and finding misused words and proofreading errors.

9. PazbeiiTe TEKCT Ha MPEIIOKEHUSI.

10. Pa3genure Ha TOKEHBI BTOPOE U TPETHE MPEIIIOKECHHUS.

11. Co3naiite cioBaph yHUKAJIbHBIX TOKEHOB TEKCTA.

12. C moMomibI0 CO3JJaHHOTO PETYJIIPHOTO BBIPAKEHUS HAMIUTE TIEPBYIO MO~
CTPOKY, HallMCaHHYIO B CKOOKax. BriBenuTe ee Ha HKpaH.

13. B yeTBepTOM BBIZICTICHHOM MPEIIOKEHUN HANANTE U BHIBEIUTE HA DKPaH MO/I-
CTPOKY, 3alMCAHHYIO OOJBIIMMU OYKBaMH U NMPoOeIaMu, OCIe KOTOPBIX CTOUT JBOE-
TOUHeE.

14. Ckauaiite 0001 ITOHPABUBIIUICA TEKCT c caira

http://www.gutenberg.org/catalog/ B daiin text.txt. Bce Tokens! (daiina text.txt 3ammu-
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IIUTE MaJIEHBKUMHU OyKBaMH, OCTaBUB TOJIHKO OYKBEHHBIC TOKECHBI, CO3/IaTE CIIOBAph
YHHUKAJIbHBIX TOKEHOB, OTCOPTUPYNUTE €ro. 3aluIuTe KO C HCIOJIb30BAHUEM TEXHOJO-
run «List Comprehensionsy (BKJIIOUE€HHE CITUCKA).

15. PaccmoTpuTe pa3nuyHble BApUAHTBI TOKEHU3ALNHU PUBEACHHOTO HUXKE TEKCTA.
Onummre uX 0COOCHHOCTH, MO-Pa3HOMY OIpeeNsisi TOKCHBI. B mocieqHemM BapuaHTe
BBIJICTIUTE TOJBKO OYKBEHHBIE CIIOBA:

"'Kinto by Mozilla - An open source Parse alternative >>
https://github.com/Kinto/kinto/ #python #parse OOOOOOO!!! @kindl!"

16. Mcnionb3ys NpuBEICHHBIA HIKE CIIMCOK TBUTOB, BBIACIUTE C MOMOIIBIO (YHK-
muu  regexp_tokenize() B mepBom TBHTE ( M TIOCIICAHEM TBUTE) TOKEHBI C X3II-TEraMH,
T. €. HAYMHAIOIIKeCs ¢ cuMBoJa # unu @ (mogobno #Data wim (@text):

[“#True_store In the ZONE: The Official Music Video, Jut Now @example”,

“Katie #UTE @BOTTersnike. By far your bestalbum since Won’t Go Quietly
@example back to your best”,

”@realDonalTrump FLORIDA — it is imperative that you heed the directions of
your State and Local Officials. Please be prepared, be careful and be SAFE! #Hurri-
caneMichael ready gov”,

“@NWSTallahassee 8am Intermediate Advisory from @NHC Atlantic upgrades
#HurricaneMichael into a category 2 hurricane.”]

17. Ucnonw3ys ax3eMInisip kiacca TweetTokenizer, BeiBeauTe Ha SKpaH TOKCHBI
BCEX TBUTOB. 3aIlUINNUTE KOJ C HCMOJb30BaHUEM TexHojoruu «List Comprehensionsy
(BKJIFOUCHHE CITUCKA).

18. Ucnonw3ys ¢ynkmuio regexp_tokenize() seimenure u3 crpoku "That U.S.A.
and USA poster-print costs $12.40 at New-York... $145.9%" (wnm mo0oii Apyroit mo-
NOOHON CTPOKM TEKCTAa) TOKEHBI, MPEACTABIAIONINE OOBIYHBIE CJIOBA, a0OpeBUATYpHI,
CIIOBa ¢ Je(UCOM, BAIOTY (BEIIECTBEHHOE YMCIIO C TOYKOH, HadnWHAromieecs co 3Haka §

1 BO3MOXHO MMEIOIIIee 3HaK % B KOHIIE YKCJIa) U MHOTOTOYHE (...) OMTHOBPEMEHHO.
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Tema 5. POS TAGGING (MOP®OJIOTUYECKAS PASMETKA)

5.1. 3agaun POS-TerupoBanus.

5.2. @ynkuus pos_tag() makera nltk.

5.3. UHcTannsauus nakera pymorphy?2.

5.4. Pymorphy2 — Mop@dosoruueckuii aHaau3aTop A pycCKOro U YKpauHCKOTO
S3BIKOB.

KonTponbHble Bompochl W mpaktuueckue 3ananusi mo teme «POS Tagging

(Mop@dosioruyeckas pa3MeTKa)»

5.1. 3apauu POS-TerupoBanusi

[Ipouiecc kmaccuduKaIuy CiIoB MO YaCcTSIM PEUU U UX COOTBETCTBYIOIIAs pa3METKa
Ha3bIBacTCs YacTupeuHor pasmerkoi miu POS tagging (Part-of-Speech tagging). Muo-
raa gaHHeii npouecc POS-rerupoBanus eie Ha3siBaroT Word classes mmm lexical cate-
gories. POS tagging npencraBiisieT co00i cmocod aBTOMAaTHYECKOT0 MOP(HOJIOTHIECKO-
ro aHajMu3a, Korjga Kaxsjaas ciaoBodopMma BXOJHOU (pasbl paccMaTpuBaeTCs U30JIUPOBaA-
HO, BHE CBSI3€H C APYrMMU CJIOBaMU MpeioxkeHusi. B pe3ynbrare Takoro aHajimsa Kax-
JIOMY CJIOBY B TE€KCTE (KOPITyCe) MPUMUCHIBAETCS METKA WJIM TEr, 0003HAYaAIOIINE YaCTh
peuu U rpaMMaTUUYECKUE XapaKTePUCTUKU JAHHOTO CJIOBA.

[lepBbIM pazmedeHHbIM KoprycoM ctan Brown Corpus, kotopsiit 6611 Mopdoro-
TUYECKU pazMeueH B 1971 rony nByms cTyJeHTaMH-MarucTpamu. B pesynbrarte gaHHo-
ro CTyAEHYECKOro 3KCIepuMeHTa pa3MeueHHbli Brown Corpus cTan HCrnojb30BaThCs
BO MHOTHUX ThICSIYaX UCCIICIOBAHUM IO BCEMY MUDY.

st ocyliecTBIEHUS aBTOMAaTUYE€CKOTO MOP(OJOTUUECKOTO TETHpPOBaHUsI, HEOO-
XOJIUMO:

1) BwIOpaTh MHOXECTBO TeroB (tagset), koTopoe OyaeT HUCIOJIB30BATHCS ISl pe-
MICHUS] KOHKPETHOM 3a7]a4i Pa3METKH;

2) ompenenuTh, KAKOWM KMEHHO TET U3 MHOXKECTBA TETOB JIOJIKEH OBITh MPUMEHEH
K KaXJIOMY KOHKPETHOMY TOKEHY TEKCTa, MHOXKECTBO KOTOPBIX IMOJYYEHO Ha MPEJIbI-
JyIIEeM 3Tane TOKeHU3alu TEKCTA.

Tagset — 3To MHOXECTBO TErOB WJIM KaTEropuid CIOB, UCIIOJIb3YEMbIX IS 33a/1a4u

rpaMMaTH4CCKOro TCrupoOBaHUA. Takoe MHOXECTBO METOK IEepBOro pasMCUYCHHOTO
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Brown Corpus Bxirodaio 77 pa3inuuHbIX METOK KJIACCOB-CJIOB ISl @HTJIMHACKOTO SI3bI-
ka. Takoe 0OJBIIOE KOJIMYECTBO KJIACCOB OIMPEAEIISIIO HE TOJIBKO IJIABHBIE YACTU PEYU
(noun, verb, article, adverb, preposition, conjunction, participle, pronoun), Ho u 3Haue-
HUS pa3IMYHBIX MOJKIIACCOB, TaKuX, Kak Singular noun and plural noun, positive adjec-
tives, comparative adjectives and superlative adjectives u T. 1.

Ha ceronns cyuiectByeT HeckoibKko tagset mist Mmopdonoruyeckoro POS-terunra
TEKCTOB aHIJIMICKOro s3bika. Hanpumep, Texymmii crangapt C7 tagset, uCrosib3yemblid
st pasmetku British National Corpus (BNC), Bkitouaer 130 teroB. Haubonee momy-
nspHOi cucteMoi POS-TeroB aHrmmiickoro si3blka sIBJIIETCS MHOXeECTBO tagset pasme-
gennoro Penn Treebank xopmyca', koTopoe ucmomns3ytot, Hampumep, NLTK default

tagger u Stanford CoreNLP tagger. ®parmMeHT 1aHHOIO TerceTa mokasaH B Tadi. 5.1.

Tabmuma 5.1 — ®parmenTt oOo3HaueHuss POS-Teror, wucnonbzyeMoro s

pasmeuenHoro Penn Treebank kopmyca

Ter 3HaueHHne [Tpumep
1 adjective or numeral, ordinal | new, good, high, special, big, fourth
RB Adverb really, already, still, early, now
DT determiner the, a, some, most, every, no
MD modal verb will, can, would, may, must, should
NN noun, singular or mass year, home, time, education
NNP proper noun singular or mass | Alison, Africa, April, Washington
CD Cardinal number twenty-four,, 1991, 14:24
PRP Personal pronoun he, their, her, its, my, I, us
IN preposition on, of, at, with, by, into, under
TO the word to to
UH interjection ah, bang, ha, whee, hmpf, oops

" https://www.ling.upenn.edu/courses/Fall_2003/ling001/penn_treebank pos.html
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[Iponomxenue tadm. 5.1

Ter 3HavyeHue ITpumep
VB Verb, base form is, has, get, do, make, see, run
verb, present tense, 3rd person | is, bases reconstructs marks mixes dis-
vBe singular pleases seals
VBD past tense said, took, told, made, asked
VBG Verb, gerund or present parti- making, going, playing, working
ciple
VBN past participle given, taken, begun, sung

B coBpeMEHHBIX KOpITycax HUCIOJb3YyeTCS BEPTUKAIBbHBIN, TOPU30HTAIBHBIN WIIN
nceBno-XML ctvim pa3MeTkH.
[Mpumep POS Tagging pazbopa AByX aHrIHCKUX mpemiokenuit “This is a short
sentence. So is this.”:
<sentence 1d="0">
<word wid="0" pos="DT">This</word>
<word wid="1" pos="VBZ">1s</word>
<word wid="2" pos="DT">a</word>
<word wid="3" pos="JJ">short</word>
<word wid="4" pos="NN">sentence</word>
<word wid="5" pos=".">.</word>
</sentence>
<sentence id="1">
<word wid="0" pos="RB">So</word>
<word wid="1" pos="VBZ">1s</word>
<word wid="2" pos="DT">this</word>
<word wid="3" pos=".">.</word>

</sentence>
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Tak kak Mopdonorus S36IKOB pa3IudHa, MOATOMY M 3HAYCHHS TETOB MOP(OIIOTH-
b
YECKOTO aHaJM3a Pa3IMYHbI JIJIsl pa3HBIX €CTECTBEHHBIX S3BIKOB. Hampumep, Tak Oymer
9

BBITJISAIETH 1ceB0-XML ctuns Mopdosioruueckoro pazoopa npeioxeHuss «Bom mak,
3a nAMb MUHYM 00 CHEeMOK, POOUJICSL HOBbLU NEPCOHANCK:

<se> <w><ana lex="Bot" gr="PART"></ana>Bot</w>

<w><ana lex="tak" gr="ADV-PRO"></ana>tax</w>,

<w><ana lex="3a" gr="PR"></ana>3"a</w>

<w><ana lex="naTp" gr="NUM=acc"></ana>narp</w>

<w><ana lex="munyta" gr="S,f,inan=pl,gen"></ana>mun"yr</w>

<w><ana lex="n0" gr="PR"></ana>go</w>

<w><ana lex="cbemka" gr="S,f,inan=pl,gen"></ana>chEMoKk</w>,

<w><ana lex="poautbcs" gr="V pf,intr,med=m,sg,praet,indic">
</ana>poja wic a</w>

<w> <ana lex="HoBbII" gr="A=m,sg,nom,plen"> </ana>H 0BbIN</W>

9 9 2
<w><ana lex="nepconax" gr="S,m,anim=sg,nom"></ana>mnepcoH ax</w>.
b 9 9

</se>.

B nanHOM mpuMmepe HCHOJIb3yeTCss MOPQOJIOrHYecKuil pa3dop HaIMOHAIBLHOIO
KOPITyCa PyCCKOTO S3bIKa”, TIe:

— NPEJIOKEHUS 3aKI0YEHBI B TETU <S€>;

— BHYTPH IPEIIOKEHUN PACIIONOKEHBI CIIOBA B TETE <W>;

— UHpOPMALIMS O KaKJIOM CIIOBE COJIEPKUTCS B TEre <ana>;

— 3HayeHue aTpudyTa lex mokasbIBaeT JIEKCEMY CJI0Ba;

— 3HaueHUsl aTpuOyTa gr MPeACTaBIsAOT COOOW MHOXKECTBO IpaMMaTHUECKHUX Ka-
TErOpuid TaHHOT'O CJIOBA, IEPBast U3 KOTOPBIX IMOKA3bIBAET YACTh PEYH, a IMOCIIEAYIOIINE
MPEACTABISIIOT 3HAYEHUsI TPAaMMAaTHUYECKUX KaTeropuH JaHHOM yacTu peud (4mciio, mna-
JIeX, BpeMs raarojia v T.1.).

Hanpumep, B Tabn. 5.2 moka3aHbl HEKOTOpbIE M3 OOLICHPUHSTHIX 0003HAUECHUMN

rpaMMaTHYECKUX KaTErOpUil pyCCKOro A3bIKa.

? http://www.ruscorpora.ru/
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Tabnuna 5.2 — O003HaUeHNS TPAMMATUYECKUX KATETOPUI PYCCKOTO SI3bIKA

Ter 3HayeHue [Ipumep
S CYIIECTBUTEIBHOE CTOJI, IMHTBUCTUKA
A [IpUJIaraTeIbHOe KPaCHUBBIN, OXOJHBIN
NUM KOJIMYECTBEHHOE YHUCIIUTEIIBHOE | CEMb, BOCEMBIECAT
A-NUM MOPSAIKOBOE YHACIUTEIBLHOE CEIbMOM, BOCBMUJIECATHIN
A% TJ1aroj UITH, TIPUILIEIT
ADV Hapeuue IIEILIKOM, KPaCUBO
PARENTH BBOJIHOE CJIOBO KCTaTH, I0-MOEMY
S-PRO MECTOUM. CYIIL. OHa, YTO
A-PRO MECTOUM. IIPHUJL. KOTOPBIM, TBOU
ADV-PRO MECTOUM. HapeH. rjae, BOT
PRAEDIC-PRO | mecTonM. IpeuK. HEKOT'0, HEYETO
PR IpeJIor B, Ha, U3
CONJ COI03 Y, WJId, HO
PART YyacTHIla OBI, e, IyCTh
'INTJ": 'Mexn.' YBBI, 0X

5.2. ABToMaTH4yeckoe TerupoBaHue cpeacTBammu mnakera nltk. @®yHkuus

pos_tag()

I[J'ISI TErUPpOBaHUSA MOKHO HCIIOJIIB30BAaTb PCTYIISIPHLIC BBIPAKCHUA, T. €. OIIPCIAC-
JISATDh HCO6XOI[I/IMI>II>1 TCI' TOKCHY Ha OCHOBC COOTBCTCTBHA ma6n0Hy.

Knace nltk.RegexpTagger(regexps, [backoff=None]) o6o3nadaeT TokeHbI Tera-
MH, CpaBHUBaAsg UX C 33JaHHBIMU pETYJSIpHBIMU  BbIpaxkeHusMu. [lapamerp
regexps (list(tuple(str, str))) mpencraBiser coOOH CIHUCOK JBY3HAYHBIX KOPTEIKEH

(regexp, tag), mepBbIii 3JI€MEHT KOTOPOTO IMPEICTABJIICT COOOW IMAOIOH PEryJIIPHOTO
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BBIPOKEHHsI, @ BTOPON — 3HAUEHWE TEra, COOTBETCTBYIOIIECTO JAHHOMY PETYISIPHOMY
BeIpakeHuto. [1apsrl (regexp, tag) npuMeHs0TCS B TOM TOPSIKE, B KOTOPOM OHU HAITH-
canpl. Ecnu CIOBO HE COOTBETCTBYET HU OJHOMY W3 3aJaHHBIX PETYISAPHBIX BhIpaxke-
HUW, TO HWCIIOJIB3YETCs] 3HAYCHHWE, 3aJaHHOE BTOPHIM HEOOS3aTEIBHBIM TapaMeTpOM
backoff; mo ymomyanuro ucmnonb3yercs odo3naucHre None.

Merton tag(tokens) manHoro Kitacca BO3BpaIllaeT CIIMCOK KOPTEXKEH, COCTOSIINX U3
JBYX 3JeMEHTOB. [lepBblil IEMEHT KOpTeka MPECTaBIsIET cO00l TOKEH, a BTOPOM —
TeT, ONpeIeNICHHBIN Kitaccom RegexpTagger:

import nltk

text="We will also see how tagging is the second step \

in the typical NLP pipeline, following tokenization."

# pa3zielIcHue TEKCTAa HAa TOKEHBI:

word_list=nltk.word _tokenize(text)

print(word_list)

#CIMCOK MTa0JI0HOB U COOTBETCTBYIOIIMX UM TETOB:

patterns=[(r'.*ing$',"VBG'),('how',  WRB"),(1'.*','NN")]

# cozmaHue 00beKTa Pa3MEUEHHOT'O COTJIACHO IIa0I0HAM TEKCTa:
regexp tagger=nltk.RegexpTagger(patterns)

# mony4YeHue CIrcKa KOPTeKerd pa3MEeUEHHBIX TOKEHOB:

print (regexp tagger.tag(word _list))

T . -

ve', 'wi ' ' ’ ' i ' ' ' ' ' ' ' ' ' [ I '
["We"' will', 'also', "see', 'how', 'tagging', 'is', 'the', "second', 'step', 'in', 'the', 'typical', 'NLE', 'pipeline', ",', "following'
[('"We', 'NN'), ('will', 'NN'), ('also', 'NN'), ('see', 'NN'), ('how', 'WEB'), ('tagging', 'VBG'), ('ia', 'NN'), {('the', 'NN'}, ('second', 'N

B npuBeneHHOM BbIllI€ TPUMEPE MOCIEHEE PETYIISIPHOE BbhIpaxeHue “.*” o3Haya-
€T, YTO BCE€ OCTAJIbHBIC, HE OMUCAHHBIE TPEABIIYIIIUMU 111a0JI0HAMHU, TOKEHBI OYAYyT 000-
3Ha4eHbl MeTKaMu <NN>, 4YTO 3KBUBAJIEHTHO TETMPOBAHUIO 10 YMOIYAHHUIO.

[Ipu BEpOSATHOCTHOM aBTOMATHYECKOM TETMPOBAHUHU KaXKIIbI TOKEH MOMEYaeTCs
HauboJsiee BEpOATHBIM TeroM. Eciu BeposSTHOCTH O0O3HAUYEHHsS CIIOBA HEBO3MOXKHO
ONpPENENIUTh, TO MOKHO UCIIOJIb30BaTh TETMPOBAHUE MO YMOJYAHUIO. Takoe Terupo-
BaHUE OOBIYHO MPEIOJIAraeT, YTO OOJIBIIMHCTBO CJIOB SIBJISIFOTCSI CYIIECTBUTEIIHLHBIMH.
Ecnu pasmeTuTs Bce TOKEHBI JOCTATOYHO OONBIIOTO TEKCTa HamOoJiee BEPOSTHBIM Te-
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roM— <NN>, To npaBunsHO OyaeT pazmedeHo okoyio 13 % TOKEeHOB.

His POS tagging ¢parmenta tekcra mcnosibdyercs Gynknus Pos_tag() makera
nitk:

import nltk

text=nltk.word tokenize ("And now for something completely different")

print (text)

print(nltk.pos_tag(text))

tagging
C:wUserswNina\PycharmProjects\project_l\venviScripts\pyvthon.exe D:/fafumPython/POS_tagging/tagging.py
["And', 'nmow', 'for', "something', 'comoletely', 'different']
[{'And', 'CC'), ('now', 'RB'}), ('for', 'IN'), {('something', 'NN'), ('comoletely', 'RB'), ('different’, 'JJ')

B nonyuennoit pasmetrke: CC — coordinating conjunction, RB — adverbs, IN —
preposition, NN — noun, JJ — adjective.
Jl71st Toro 4ToOBI MOJMYYUTh UHPOPMALIUIO O 3HAYEHUH KOHKPETHOTO TEra, MOXKHO

UCTIONIB30BaTh (yHKIMIO upenn_brown_tagset (umsi_tera) moxyms help makera nitk:

nltk.help.upenn_tagset ('NN')

tagging
HN: noun, common, sSingular or Mass
common-carrier cabbage knuckle-duster Casino afghan shed thermostat

investment 3lide humour falleff slick wind hyena override subhumanity
machinist ...

[T
Jiit

[TomyduTh CHIHUCOK pa3MEUEHHBIX TOKEHOB TEKCTOB, COCTOSIIIMX WX HECKOJIBKHX
IPEJIOAKEHUHM, MOKHO C MTOMOUIBIO CIEIYIOIIEro MPOrpaMMHOT0 KOJa:

print("POS_tagging Ha ypoBHe npeasioxeHus")

print()

#pa30uBKa TEKCTa Ha MPEII0KEHUS

text=nltk.sent tokenize ("Durable solutions are one of the best \

investments in peace and stability. Bilateral differences are best \

resolved bilaterally. We fully concur that this issue is best \

addressed through a consensus text. ")

print (text)
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#co3aHne CIIMCKA CIIMCKOB TOKEHOB KaXKIOTO MPEI0KEHUS
text word tokens=[nltk.word tokenize(sentence token) for sentence token in
text]
print (text word_tokens)
#cosnmanue circka cimuckoB POS-TernpoBaHHBIX TOKEHOB KaXI0TO TPEIOKCHHSI
text tagged=nltk.pos tag sents(text word tokens)
print(text tagged)
#undopmanus o POS-terax ciosa "best"
nltk.help.upenn_tagset ('JJS'")
nltk.help.upenn_tagset ('RB')
nltk.help.upenn_tagset ('RBS')

OnuH U TOT K€ TOKEH (B MPUBEICHHOM BBILLIE TPUMEPE CIIOBO “best”) MokeT ObITh
pa3MeueH pa3IMYHbIMHM TETaMHU, TO €CThb MOKET OTHOCUTHCS K Pa3IUYHBIM YaCTSM PEUH.
POS-terupoBanuie B OOJIBIIMHCTBE CIy4aeB KOPPEKTHO OMpPEENsIeT HEOOXOAUMBIN IS

JaHHOT'O CJIOBA TCT, 6213I/Ipy5ICB Ha KOHTCKCTC IMPCAJIOKCHHAA !

PO5S_tagging Ha VDOBHE NDEONOMEHMA

["Durakle sclutions are one of the best investments in peace and stabkility.', 'Bilateral differences are best resclved bilaterally.', "We fu
[['Curable", 'sclutions', 'are', 'ocne', "of', "the', 'best', 'investments', 'in', 'peace', "and', 'stability', '.'], ['Bilateral', 'differen
[[('Durable', 'JJ'), ("scluticns', 'NNS'}, ('are', 'VBE'), ('one', 'CD"), ('of', 'IN'), ('the', 'DI'), ('best', 'JJ53"), ('investments', 'NN3

JJ5: adjective, superlatiwve
calmest cheapest choicest classiest cleanest clearest closest commonest
corniest costliest crassest creepiest crudest cutest darkest deadliest
deareat deepest densest dinkiest ...

RBE: adverb
occcasionally unabatingly maddeningly adwenturously professedly
stirringly prominently technologically magisterially predominately
awiftly fiscally pitilessly ...

EB5: adwverk, superlatiwve
best biggest bluntest earliest farthest first furthest hardest
heartiest highest largest least less most nearest second tightest worst

Ter, KOTOPBINA 100aBISIETCS K CIIOBY TPU MOP(POJIOrHYECKON pa3MeTKe, 3aBUCUT HE
TOJIBKO OT CaMOTO CJIOBA, HO U OT KOHTEKCTA €r0 MUCIOJIb30BaHUA B IpeaoxeHuu. I1o
ATOM NPUYHMHE aBTOMATUYECKOE TErHPOBAHUE OCYILECTBIISIETCS HAa YPOBHE IPEIJIOKE-

HUM CKOpee, YeM Ha YPOBHE CITUCKA CIIOB.
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5.3. HacTrajuissuus nakera pymorphy2

I[Taker pymorphy2® mpencraBmser co6oii MOP(OIOrHUCCKHIl AHAIM3ATOP IS
PYCCKOTO si3bIKa (C IKCTIEPUMEHTAIBHON BEPCHEH Il YKPAMHCKOTO SI3bIKa), HAIMCaH-
HbIi Ha s13bIKe Python u ucnonb3yromuii cinoBapu u3 OpenCorpora®.

i Toro 4ToOBI €T0 WCIOJIB30BaTh AT MOP(OJIOTHIECKOTO aHalu3a PYCCKOro
sSI3bIKA, TPEXKJE BCEro, HEOOXOIUMO HHCTAIMPOBATH OMOIMOTEKY JTHUOO C TOMOIIBIO
YTHIUTHI PIP:

pip install pymorphy?2,

7100 BOCIOJIB30BABIIUCH MHCTpYMeHTapueM PyCharm.

[Tocre sTOr0 HEOOXOIUMO AHAJIOTMYHBIM CIHOCOOOM HMHCTaJNTMPOBATH OTIEIBHO
MakKeT CIoBaps:

pip install -U pymorphy2-dicts-ru

Jl71st Toro 4ToOBI UMETH BO3MOKHOCTh pad0TaTh ¢ MOP(POJIOTUUECKUM aHAIIU3ATO-
POM YKPamHCKOTO sI3bIKa, HEOOXOMMO B KOMaHIHOM PEXUME UHCTAJUTUPOBATDH MAKET C
github.com:
pip install —https://github.com/kmike/pymorphy2/archive/master.zip#egg=pymorphy?2

Terminal

+ Copvright (c) 2009 Microsoft Corporation. RAll rights reserwved.

% | {venv) D:‘\$awmPython\RusMorphologycal>pip install -U https://github.com/kmike/pymorphy2/archive/master.zipfegg=pymorphy2

A

2: Favarites

@E 6: TODO » Python Console Terminal :\ Ev

[Tocne yero HeOOXOAMMO YCTAHOBUTH CIIOBAPU YKPAMHCKOTO S3bIKA:

pip install -U pymorphy2-dicts-uk

5.4. Pymorphy2 — mopgoaornyeckuii aHajau3aTop 1Jisi pPycCKOro M YKpauH-
CKOI'0 AI3bIKOB
Jnis ocyuiecTBieHnss MOP(OIOrHYECKOTO aHAIM3a PYCCKOTO si3bIKa HEOOXOAMMO

co3nathk o0bekT Kitacca MorphAnalyzer(). [{ns ocyiecTBiacHUS MOP(OIOTHISCKOro

> https:/pymorphy?2.readthedocs.io/en/0.2/user/index.html
* http://opencorpora.org/dict.php
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aHaM3a yKPanHCKOTO sI3bIKa TPU co3laHuu o0bekta kiacca MorphAnalyzer veo6xo-

MO UCIIOJIBb30BaTh mapametp lang="uk":
import pymorphy?2
morph=pymorphy2.MorphAnalyzer()
morph ukr=pymorphy2.MorphAnalyzer(lang="uk")

OOparute BHUMaHUE, YTO IK3eMILIIpHI Kiacca MorphAnalyzer oOpuHO 3aHHUMAIOT
nopsigka 15SMO onepaTuBHOM MaMATH TakK Kak OHU 3arpy»aroT B MaMsTh CJIOBAapH, AaH-
HBIE JIJIS TIpe/IcKa3aTens u T. 1.

C nomomipio MeToa parse() cozmannoro oobekta MorphAnalyzer moxHo paso-
OpaTh OTAENBHOE CJIOBO W TOJIYYUTh OJWH M3 BO3MOXKHBIX BapUaHTOB pa3dopa.
MorphAnalyzer.parse() Bo3BpamiaeT CHHCOK, BKJIFOYAOIIMA BO3MOYKHBIC BapHaHTHI
pazdopa JaHHOTO CJIOBA.

Hampumep, cnoBo “cenu” B mepBoM paz0ope MPEACTABICHO CYIIECTBUTEIbHBIM
MHOKECTBEHHOTO YHCJIa OT CJIOBa ‘“‘cenv”’, a BO BTOPOM pa300pe paccMaTpUBaETCs Kak
1J1aroj, HopMaiabHas ¢Gopma KOTOPOTo “cecmsv’; B YETBEPTOM pa3zdope ATO CIOBO Mpe-
CTaBJIsieT COOOM TJIaroj MOBEJIMTEILHOTO HAKIIOHEHUS, OT TJIaroiia “ceaums’:

print(morph.parse('cenn'))

gr=morph.parse('cenn')[0]

print(gr)

gr=morph.parse('cenn’)[1]

print(gr)

gr=morph.parse('cenn’)[3]

print(gr)
[Parae (word="cemt', tag=0Opencorporalag('NOUN,inan,masc plur,nomn'), normal form="cens', score=0.4, met
Parse (word="cem"', tag=0Upencorporalag('NOUN,inan,masc plur,nomn'), normal form="cene', score=0.4, meth
Parae (word="cem', tag=0Opencorporalag('VERE,perf,intr plur,past,indc’'), normal form="cecTs', sScore=0.2
Parse (word="cem"', tag=0Opencorporalag('VERE,impf,tran sing,impr,excl’'), normal form="cemiTs', score=0.

CBoilicTBa MOJIy4€HHOT0 MOP(}OIOrHYECKOTO Pa3dopa MO3BOJISAIOT MOJIYyUYUTh U3 He-

ro Ter MOp(hOIOrH4ecKOil pa3sMeTKH, HOPMaJIbHYIO (hOPMY CII0BA U TPAMMEMBI.
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Jly1st TOrO 9TOOBI OMTYYUTh MHOKECTBO MOP(OIOTHYECKUX XapaKTEPUCTUK JaHHO-
ro BapuaHTa pa3dopa WM €ro Ter pa3MeTKH, He0OXO0MMO UCIO0JIb30BaTh CBOMCTBO tag
JaHHOTO pa3zbopa. Hampumep, niisa getBepToro pasbopa cioBa “‘cenu ’[3] Ter npencras-
aset coboit 'VERB,impf, tran sing,impr,excl':

gr=morph.parse('cenu’)[3]

print(gr)

print(gr.tag)

in mor+rus

1 -
Parse (word="cem', tag=0Opencorporalag('VERE,impf,tran sing,impr,excl'), normal form
i | VERB,impf,tran s3ing,impr,excl

HopmainbHyto hopMy ci10Ba MOYKHO MOJYYHTh € TIOMOIIBIO cBoiicTB Normal_form
i normalized 3aganHOro Mop(doIorHUecKoro pasdopa:

gr=morph.parse('cenn’)[3]

print (gr.normal_form)

print (gr.normalized)
e—

CEIHMTE
Parse (word="cemTe', tag=Upencorporalag('INFN,impf,tran'), normal form='cemsre', score=1.0, met

JIroObie MOP(OJIOTHYECKUE XAPAKTEPUCTUKU, KOTOPBIE MOTYT OBITh BKIIFOYCHBI B
Ter, Ha3biBatoTCsi rpaMmeMamu. Hanpumep, VERB — rnaron (muunas dopma), impf —
HECOBEPIIICHHBIN BHJ Tiarosa, tran — mepexoaHblil Tiaroi, SiNg — eIMHCTBEHHOE
YHCII0,IMPr — MOBEIUTEIbHOE HAKIIOHCHUE, EXCl — HEBKITFOUEHHOCTh TOBOPSIIIIETO B JICH-
ctBHe. Bee nocTymHble mpu paztope rpavMmeMsl’ okasaHs! B [puiioskennn A

J11s TOTO YTOOBI IPOBEPUTH, €CTh JIU B JJAHHOM TET'e¢ OT/EIbHAS IpaMMeMa, MOKHO
UCIIOJIB30BAaTh Orepatop in:

print('VERB' in gr.tag)

print ({'NOUN', 'plur'} in gr.tag )

* http://opencorpora.org/dict.php?act=gram
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mMor+Trus

hhhhh ARl e Ly e e e e =

VY KakIoro Tera ecTb aTpuOYyThI MU CBOWCTBA, C MMOMOIIBI0 KOTOPBIX MOXHO TIO-
JY4YUTh 3HAYEHUS OMPECIICHHBIX TPaMMAaTUYECKUX KaTeropHil, Hampumep, BPEMEHH,
nuIa, gucia u ap. Eciu 3anpammBaemasi XapakTepUCTHUKA IS JAHHOTO Tera He Ofpe-
JeneHa, To Bo3Bparmaercs None:

gr=morph.parse('cenn')[3]

print(gr.tag)

print(gr.tag.POS)

print(gr.tag.animacy) # oy1eBIEHHOCTh

print(gr.tag.aspect) # coBepILIEHHBI U HECOBEPIIECHHBIN BU]T

print(gr.tag.case) # nmamgex

print(gr.tag.gender) # pox

print(gr.tag.involvement) # BKIIOYEHHOCTb TOBOPSIILIETO B ICUCTBHE

print(gr.tag.mood) # HakJIOHEHHE (ITOBEIUTEIBHOE, U3bIBUTEIHHOE)

print(gr.tag.number) # uuciuo

print(gr.tag.person) # JuIl0

print(gr.tag.tense) # Bpems

print(gr.tag.transitivity) # nepexoaHOCTb

print(gr.tag.voice) # 3ayior (IeMCTBUTEIbHBIN, CTPAIATEIbHbIN)

VEEE, impf, tran sing,impr,excl
VEEER
Hone
impf
Hone

fil

|
!

Hone
excl
impr
zing
Hone

(= (.|

Hone
tran
None
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Teru u rpammemsl B pymorphy2 3anucsiBatotcs natunuieil (Hampumep, NOUN).
Ho wacto ygoOHee HCHOJIb30BaTh KUPWUIMYECKUE HA3BaHUS TpaMMeM (HampHUMeED,
CVYI1IL Bmecto NOUN). YUToOBI MOTYYUTH TET B BUJI€ CTPOKH, 3aIMMCAHHON KUPUIUTHUIICH,
UCIIONIB3YETCSI CBOMCTBO CYTI_repr:

gr=morph.parse('ctanu')[0]

print(gr.tag)

print(gr.tag.cyr_repr)

Pymorphy2 mno3BosisieT CKIOHSTH CJIOBA, T. €. CTaBUTh UX B 3aJaHHYIO0 (GOpMy.
Y1oObl POCKIOHATH CJIOBO, HYKHO CHaudaja pa3o0paTh CIOBO, BBIOpAaTh M3 MPEIO-
YKEHHBIX BapHUaHTOB pa30opa MpaBUILHBIM WM HYKHBIA U 3aT€M HCIIOJIb30BaTh METOJ]
inflect(), ykasaB B kauecTBe mapamerpa HykHYIO ¢opMy cioBa. B mpumepe, npuBecH-
HOM HUXE, — 3TO POJAUTEIHHBIN MK CYIIECTBUTEIHLHOTO:

morph=pymorphy2.MorphAnalyzer()

gr=morph.parse('yuensiii')[0]

print(gr.inflect({'gent'}))

mor+rbs_2

Parse (word="yutnoro', tag=OpencorporaTlag('NOUN,anim,masc sing,gent'), normal form='yulsemt', score=l.0,

Kpome Toro, ucmosib3yst CBOMCTBO |eXeme, MOXHO MOJYYHTh JIEKCEMY CJIOBA BbI-
OpaHHOTrO BapuaHTa pazoopa.

print(gr.lexeme)

Pymorphy2 Bo3Bpamaer Bce MOMyCTHMBbIE BapHaHThl pa3dopa, HO Ha MPAKTHUKE
O0OBIYHO HYXKEH TOJBKO OJMH BapUaHT, TOT, KOTOPHIN SBISICTCS MPaBUILHEIM. B 00mem
city4ae )i BIOOpa MPaBHIIBHOTO BapuaHTa pa3dbopa HEOOXOIMMO paccMaTpuBaTh HE
TOJIBKO CaMoO CJIOBO, HO M CBSI3b CIIOB B MpeJIOKeHUH. JJis aHanmu3a clioBa Ha ypOBHE
Mopdonorun, 6e3 yuera ero CHHTAaKCHMCa U CEMAHTHKH, UCIIOJIb3YETCSl TAKOW TapaMeTp

pa3zbopa Pymorphy?2, kak score:

Mmur=rus
[Parse (word="cem"', tag=0Opencorporalag('N0UN,inan,mg3c plur,nomn'), normal_ form="cemns', 3score=0.4, methoc
Parase (word="cemt', tag=Upencorporalag('NOUN,inan,masc plur,nomn'), normal form="cenes', score=0.4, method:
Parase (word="cemt', tag=Upencorporalag('VERB,perf,intr plur,past,indc"'), normsl form='cecTes', 3core=0.2, 1
Parse (word="cemt', tag=Upencorporalag('NOUN,inan,masc plur,nomn'), normal form="cenes', score=0.4, method:

Rl
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Score — 30 BeposiTHOCTHas orieHka P(taglword), mokaspiBaroiasi yCIOBHYIO BEpO-
SATHOCTH TOTO, YTO JAHHOE CJIOBO Pa3MEUECHO UMEHHO 3THM TerOM (MMEeT UMEHHO 3TOT
BapuaHT pa3zoopa). [TomydnTs 3T0 3HAUYCHHE MOXKHO C TIOMOIIBIO CBOWCTBA SCOFE:

print(gr.score)

YcnoBHass BepoATHOCTH P(taglword) oneHuBaeTcss Ha OCHOBE Kopmyca
OpenCorpora. J1jist 3TOro onpenesnstoTcs BCe HEOJHO3HAUHbIE CJIOBA CO CHATON HEOJIHO-
3HAYHOCTHIO. JIJI KaXKJ0T0 CJI0OBA BBIYMCIISIETCS KOJIMYECTBO pa3 COMOCTABJICHHS CIIOBA
C KOHKPETHBIM TE€TOM. 3aTeM, Ha OCHOBE IMOJTYYCHHBIX YaCTOT, BEIYHCIIICTCS YCIOBHAS
BEPOSITHOCTh TEra MpPH YCIOBUU JAHHOTO CJIOBA (C HMCIOJIb30BAaHUEM CIrIIaKUBaHUS
Jlammaca).

Ha cerogns onenka BeposTtHocTu P(taglword) ocymiecTBisieTcss Ha OCHOBE
OpenCorpora npumepHo st 20 Tbic cioB. st TeX CJIOB, Y KOTOPBIX TaKOW OIIEHKH
HeT, BeposiTHOCTh P(tag|word) nmubo cuutaercss paBHOMEPHOU (17151 CIOBapHBIX CJIOB),
00 OIIEHUBAETCSA Ha OCHOBE SMIUPUUYECKHUX TTPaBUII (7151 HECIIOBAPHBIX CJIOB).

Bce paz0opsl ciioBa, peACcTaBIsiIeMbIe TAKETOM pymorphy2, COpTHPYIOTCS TI0
yOBIBAaHUIO PACCUNTAHHOW BEPOSTHOCTH HX MOSBIICHUS (SCOrE), IOATOMY Be3¢ B MPH-
Mepax OepeTcs IepBbIid BapuaHT pa3zdopa U3 BCEX MMEIOIIUXCH.

Bce octanpHBIC BapruaHTHI pa3d00pa MOTYT UCIIOIh30BaThCS B KAKMX-TO OCOOCH-
HBIX 3a/1a4ax. Hanpumep, eciiv Hy>KHO MPOCKJIOHSATH CJIOBO M €CJIA U3BECTHO, YTO HA
BXOJI€ 0KHMIAETCSI CIIOBO B UMEHUTEIHLHOM MaJIeXke, TO JIydllle OpaTh BapuaHT pa3dopa B
MMEHHUTEITLHOM TaIeKe, a HEe TICPBBIH.

Orenka SCOre s aHaJIn3a YKPAaMHCKUX TEKCTOB K MOMEHTY JTAaHHOM myOJInKa-

IIUU HE JIOCTYITHA.
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KonTposbHble BONMpochl U MpakTHyeckue 3aaanus mo teme «POS Tagging
(Mmopdosiornyeckast pasmMeTrka)»

1. Pe3ynpTaT aBTOMaTHYECKOTO MOP(POJIOTUYECKOrO aHAIN3A.

2. POS-tagging aHTTIUHCKOTO S3bIKA.

3. Oco0eHHOCTU MHCTAJUISIUY MaKeTa MOP(POJIOTUYECKOTO aHANIM3a YKPAUHCKOTO
s3bIKka pymorthy2?

4. Ocobennoctu co3nanus oObekTa kiacca MorphAnalyzer() s ykpanHCKOTO
A3bIKa?

5. Kakum meronom o0bekTa kinacca MorphAnalyzer() MoxxHO momyduts Mopdo-
JIOTUYECKUN pa300p 3amaHHOrO cioBa? UTo sBISETCS mapameTpoM AaHHOTO METoa?
Yro coboiil mpencraBisieT MOpPQOIOrHIecKUil pa3dop, BO3BpallaeMblii JAHHBIM METO-
nom?

6. Kakumu cBoiicTBaMu U MeTOJaMU 00J1a/IaeT MOTYyYEHHBI MOPQOIOTUUECKHIMA
pazoop?

7. Kak nmonyuuts Ter Mmopdosioruueckoro pazoopa? Uro coboii mpeacTaBisier mo-
Jy4YEHHBIN TeTr?

8. Kak nmonyunts HopMalibHYIO0 (hOpMy ciioBa?

9. Yro mompaszymeBaercs Moj MOHATUEM “Tpammema” B pymorphy2? Kak momy-
YUTh 3HAYCHUE TPAMMEMBI JIsI KOHKPETHOTrO MOP(OJIOrHdecKoro pazoopa?

10. Kak nmoiay4nTh KHPpUJUIMYECKAE HA3BAHUS TpaMMeEM?

11. JInst 9yero ucnosib3yercst CBOMCTBO IpaMMaTHIECKOTo pa3dbopa SCOre?

12. Kak onpenensercs mapamerp Score B MopdojornueckoM pazdope
pymorphy2?

13. OcymectButh POS-tagging nprBeneHHOr0 HUXKE (hparMeHTa TeKCTa:

Machine Learning evolved from computer science that primarily studies the design
of algorithms that can learn from experience. To learn, they need data that has certain
attributes based on which the algorithms try to find some meaningful predictive pat-
terns. Majorly, ML tasks can be categorized as concept learning, clustering, predictive

modeling, etc. The ultimate goal of ML algorithms is to be able to take decisions with-
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out any human intervention correctly. Predicting the stocks or weather are a couple of
applications of machine learning algorithms.

14. Hcnonw3ys moaynb help makera nltk, momyuuts undpopmanuto o metkax CC,
IN, NN u JJ.

15. Pa3paboTtarh peryispHbIE BbIpaXXEHHS UIsi MOP(OIOTHYECKON pa3METKH He-
KOTOPBIX CJIOB YKPaWHCKUX MU pycckux TekcToB. OcymectButh POS-tagging dpar-
MEHTa TEKCTa, COOTBETCTBYIOIIETO S3bIKA.

16. Tloka3arh BapuaHTbl MOP(HOIOTHYECKOTO pa3dbopa JiJisi pycCKOro cjoBa «0ie-
CTAILMUH ».

17. B mukie nis kaxaoro Mop@osioruaeckoro pazoopa BHIBECTH Ha IKpaH:

a) Ter;

b) HOpManbHYIO HOpMY;

c) POS;

d) 3anucaTh Ter KUPUIUTUIICH;

€) J1aTh BEPOSITHOCTHYIO OIIEHKY BRIOOpa UMEHHO 3TOT0 BapuaHTa pa3zdopa.

18. TIloka3atb BapuaHThl MOP(OJIOTUYECKOr0 pa3dopa, pacCMAaTPUBAIOLIETO CIOBA
«OnecTAumi » Kak nmpuiiaraTeabHoe:

a) BBIBECTH 3HAUYCHUS MOP()OIOTHYECKUX KATETOPUl JaHHOTO CJIOBA, CBOM-
CTBEHHBIX MPUJIaraTeIbHOMY;

b) mpoBepUTh CyIIeCTBOBAaHUE B JAHHOM pa300pe MOpP(HOIOrHYeCKUX KaTero-
pHii, CBOMCTBEHHBIX IMPUYACTHIO.

19. H3menuts pa30bop clioBa, MOCTaBUB €r0 B TBOPUTEIBHBIA MaJeK MHOXKE-
CTBEHHOT'O YKCJIa

20. BbIBECTH NOJIHYIO JIEKCEMY JAHHOTO CJIOBA, PACCMOTPEB €0 B KAYECTBE MPHU-
JIaraTeybHOTrO U B KAU€CTBE MPUYACTHS.

21. OcymecTBUTh MOP(HOTOTHIECKYIO PA3METKY JTHO00TO HEOOIBIIIOTO TEKCTOBO-
ro (¢aitna ¢ pycCKOA3BIYHBIM TEKCTOM. Pa3MedeHHBIN TOTBKO TEeraMu TEKCT COXPaHUTh
B Ipyrom Qaiiie.

22. TloToputh 3amanusi 1—6 15 AFOOOTO YKPAMHCKOTO CJIOBAa M JIIOOOTO TEKCTa

Ha YKPAWHCKOM SI3BIKE.
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Tema 6. CHHTAKCUYECKH AHAJIN3

6.1. CyliHOCTh CHHTaKCHUUYECKOTO aHaJln3a TEKCTA.

6.2. JlepeBbsl CHHTAKCHYECKOM 3aBUCHMOCTH.

6.3. [IpoeKTUBHBIE 1EPEBhS CUHTAKCUUECKON 3aBUCUMOCTH.

6.4. CuctemMa COCTaBIISAIOIINX.

6.5. Vcnonb3oBaHre KOHTEKCTHO-CBOOOHBIX TPAMMATHK JIJIs peaiu3alliu pa3Me-
YEHHBIX CUCTEM COCTABJISIONIUX.

KoHTposibHbIE BOMPOCH! U MpakTUYeckue 3aaanus no reMe «Ctpoku Pythony.
6.1. CyniHOCTh CHHTAKCHY€ECKOr0 AHAJIN3a TEKCTA

CHHTaKCUYEeCKUI aHaIKU3 B O0ILEM CITy4ae IPOUCXOIUT B TPH ITAlaA:

1) ycTaHOBI€HHE CUHTAKCUYECKHUX CBSI3€H MEXAY CI0BO(OpMaMH B MPEATIOKEHUN
(KOHTEKCTHBIN aHaJIU3), IPOBOJIMMOE HA YPOBHE CIOBOCOYETAHMI;

2) nocTpoeHue (opMaTU30BaHHOM CTPYKTYpbl CHHTAaKCHMYECKHMX OTHOILIEHUH BO
¢dpase, MPOBOJUMOE HA YPOBHE MPEIIIOKEHUS;

3) mocTpoeHne MeX(PpPa3oBOl CHUHTAKCUYECKOM CTPYKTYpbl, MHPOBOAMMON Ha
YPOBHE IUCKYpCa.

Ha Bxox cuHTakcnyeckoro anaausa (CA) npeajioxkeHus nocTynaror:

— BBIXOJIHBIE JAHHbBIE MOP(OJOTUUECKOTO aHAIN3a;

— W NIPAaBUJIa CUHTAKCHCA SA3BIKA.

PesynpraTel POS Tagging He oTpaxaroT CTPYKTYPHBIX CBS3€H MEXIy dJIEMEHTa-
MU (ppassl (T. €. CIIOBaAMH NpeasiokeHus ). B To ke Bpems cioBa B NPEJI0KEHUN HE MO-
I'yT CJEI0BAaTh B IPOU3BOJIBHOM IOPSIKE U NEPENAaBaTh IPH 3TOM HEKOTOPYIO MBICIb.
Kaxapiii 51361k UMeeT cBOM coOCTBeHHBbIN cuHTakcucC. Llenbto CA gBisieTCs MOCTPOCHHE
CUHTAaKCHUYECKOU CTPYKTYpPhI MPEI0KEHNN BXOJTHOTO TEKCTA

TeopeTHueckyio JUHIBUCTUKY B CHHTAKCUCE SI3bIKOB OOJIbIIE MHTEPECYIOT CpaB-
HEHUE rPAMMAaTUK €CTECTBEHHBIX S3bIKOB U CUHTAKCUYECKHE 3aKOHBI, IPUMEHUMbIE O/1-
HOBPEMEHHO K OOJIbIIOMY KOJIMYECTBY PA3HBIX S3BIKOB, TO €CTh TUIOJIOTHSI.

[{enbio KOMITBIOTEPHOM JIMHTBUCTUKU B O0JIACTHM CHHTaKCHCa SIBJISIETCSI MTOCTpOe-

HUE aBTOMATM3MPOBAHHOI'O aHAJIU3aTOpa WJIM CHUHTAKCMYECKOIo mapcepa (parser) ot-
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JIEMBHOTO SI3bIKA. DTOT aHAIM3ATOP JOJIKEH YMETh:

— BBIJICTISATH MIPOCTHIE TPE/JIOKEHUS B COCTaBE CI0KHOTO;

— YCTaHaBIIMBATh CBS3H MEK/Y CIIOBAMU;

— CTPOUTH IMOJHOE CHHTAKCHUYECKOE JICPEBO MPEUIOKEHUS, T. €. pa30uparh Mpe-
JIO’)KCHHE B KATETOPHUAX CHHTaKcHca (ToJjIeKaliee, cKkazyeMoe, MpsSMOE TOMOJTHECHUE
u 1p.).

B npukitagHO# TUHTBUCTHKE HanOosee yIOTPEOIICMBIMU SBJISIIOTCS JIBa CIIOco0a
OTHCAHMS TIPABUJI CHHTAKCHCA TIPEIOKCHUM €CTECTBEHHOTO S3bIKa, T. €. JABa Crocoda
(hOpMaJIBHOTO ONTUCAHUS CHHTAKCHYECKOW CTPYKTYPHI IIPEI0KEHHS

1) nepeBbsi CHHTAaKCHUECKOTO MTOAYMHEHHUS (CHHTAaKCUYECKON 3aBUCUMOCTH);

2) cucTeéMa COCTaBIISIOINX;

Br16op ucnonb3yeMoro (GhopmMaibHOro MPEACTaBICHUSI B OOJBIIION Mepe 3aBUCUT

OT A3bIKa, JJI1 KOTOPOro CTPOUTCA MOACIIb CUHTAKCHCA.

6.2. lepeBbsi CHHTAKCHUYE€CKOM 3aBUCUMOCTH

JlepeBbsi CHHTAKCHUYECKOW 3aBUCUMOCTH (WM JEPEBbsi CUHTAKCUYECKOrO IMOIYH-
HEHMS) OCHOBBIBAIOTCSI HA TEOPUU 3aBUCHMOCTH, B COOTBETCTBHUU C KOTOPOM MEXKITY
cinoBoopmMaMu BO (pa3e yCTaHABIMBAIOTCA OTHOIIEHWsS TomunHeHusa. OjHa CIOBO-
dbopma NpeIoKEeHNs CUUTACTCS HE3aBUCHMOM, BCE OCTAIbHBIC 3aBUCAT OT HEEe MPSIMO
WM KOCBEHHO. 3a HCKJIIOYEHHEM HE3aBHUCUMOM CIOBOGOpPMBI, Kaxkaas cioBodopma
HMMEET TOJBKO OJTHOTO «XO035MHA», OT KOTOPOIO OHA HEMOCPEACTBEHHO 3aBUCHT.

Jluarpammy cBsizeil Mexy ciioBoopMaMu BO ppa3e MOKHO MPEACTaBUTh B BUJIE
nepesa. B teopuu rpadoB aepeBoO — 3TO CBS3HBIN OpUEHTUPOBAHHBIN rpad, HE coaep-
KAIIUN IIUKIOB M KpaTHBIX pedep. i kakaoi mapsl ero BEpIIMH CYIIECTBYET €IUH-
CTBEHHas 11eMb, coeAuHsonas ux. Kopenn aepeBa — 310 BepiinHa rpada, u3 KOTopoiu
BBIXO/ISIT YIPABJISIIOIINE CTPEIIKHU, HO B HEE HE BXOJUT HU OJIHA U3 CTPEJIOK.

HccnegoBanue 00MBIIOTO Yuciaa NPEIJIOKEHUN MMOKa3al0, YTO CBA3U MEXKIY CIO-
BaMu BO ¢pasze MpaKTUUECKHU Bceraa o0pa3yroT JIPEBOBUAHYIO CTPYKTYPY, Ha3bIBAEMYIO
JIEPEBOM CHUHTAKCHYECKOTO TOJYMHEHUS, B y3JIaX KOTOPOTO CTOAT CIOBO(OPMBI. 3aBH-

CHUMBIC CJIOBA SBJIAIOTCA MO)IPI(l)I/IKaTOpaMI/I HIIN apryMCHTaMMu TE€X CJIOB, OT KOTOPBIX
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oHHM 3aBHCAT. Hammpumep, nepeBo 3aBucuMocTH nipemioxkenus Three small children are

eating their lunches under the tree nokaszano na puc. 6.1.

v v

Three small children are eating their Ilunches under the tree

Pucynox 6.1 — IIpumep aepeBa 3aBUCUMOCTH

KopHeM paccmaTpuBaeMOTO TPEIOKEHHS SBISACTCS TJaroi «eating». I9To ImeH-
TpaJIbHOE CJIOBO MPEAJIOKEHUSI, 1 HHOTIA 3TO YKA3bIBAETCSI B MOJIEIH C MTOMOIIBIO JYTU
3aBUCHMOCTH, MOCTYIAIOIIEN OT Kpasi U YKa3bIBAIOIIEH ITTaBHOE CIIOBO Ipeioxkenus. C
HUM CBsI3aHbI 4eThIpe ero aprymenTta: «children», «are», «lunches» u «under». B cBoto
ouepenb cioBo «children» umeet aprymentsl « Three» u «smally. CrioBo «are» He nme-
eT MoaAu(UKATOPOB UM apTyMEHTOB, a cjioBO «lunches» nmeer moaudukatop «theiry.
[Mpemtor «undery, kak Bcerga, MMEET JOMOJIHEHHE, €ro JOMOJHCHHEM  SIBIIACTCS
.apryMeHr tree, MoauduKaTopoM KOTOPOTO B CBOIO ouepesb spistercs the. MHoxecTBO
CTpEJIOK Ha pUC. 6.1 MOKA3bIBAECT aHAIN3 3aBUCUMOCTEN B MPEITIOAKECHHM.

JlepeBo 3aBUCUMOCTH MOKHO TIPEJICTAaBUTh HE JIMHEWHO, a B IBYXMEPHOM M300pa-

»KeHuw (puc. 6.2).

eating
children are lunches under
L~ T\ \
Three small their tree
V
the

Pucynox 6.2 — IIpumep aepeBa 3aBUCUMOCTH B JIBYXMEPHOM HU300paKEHUU

Ecnu cunTakcudeckas cTpykTypa ¢dpasbl BKIIOUAET TAKXKE YKa3aHUS O TUIE KaX-

JIOM CBSI3U, JEPEBO CTAHOBUTCS pa3MeUeHHBIM (puc. 6.3).
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By April 2004 the province was in full-scale revolt
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Pucynox 6.3 — I[IpumMep pazMeyeHHOTro iepeBa 3aBUCUMOCTH, IIOCTPOSHHOTO

Standford Universal Dependencies parser’

3anuChIBAIOT TaKHWE JIEPEBbsi CHHTAKCUYECKOW 3aBUCUMOCTH Yallleé BCETO B BHIIC
XML- nokymeHnToB (puc. 6.4).

=/ tokens>
<dependencies type="basic-dependencies”>
<dep type="root">
{guverﬂnr idx="0">RO0OT</governor:
zdependent idx="9">described</dependent:>
</ dep>
<dep type="advmod">
zgovernor idx="9">described</governor>
<dependent idx="1">However«</dependent>
</dep>
<dep Type="punct’'=
zgovernor idx="9">described</governor>
zdependent idx="2">,</dependent>
</ dep>
<dep type="det">
<governor idx="8"=official</governor=
zdependent idx="3"»a</dependent>
</dep>

Pucynok 6.4 — IIpumep pasMedeHHOro 1epeBa 3aBUCUMOCTH, 3aIIMCAHHOTO B

dbopmare XML-nokymeHTa

OOBIYHO BBIZICTISIOT CACAYIONINE BHIBI CBS3H:

* MpeI — NPEeAUKATUBHAS CBSA3bh MEXIY IMOJIICKAIIUM U CKa3yeMbIM;

* Ompen — OTHOIICHHE MEXIy UMEHEM CYIIECTBUTEIBHBIM U COTJIACOBAHHBIM C
HUM OIIpeJICIICHUEM;

* 00CT — CBSI3b MEXKIY IJIaroJIOM U 0OCTOSITEILCTBOM;

¢ yIp — CBA3b MCXKAY I''IaroJioM 1 yrpaBJIA€MbIM UM CYIICCTBUTCIIbHBIM

% https://nlp.stanford.edu/software/stanford-dependencies.shtml
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* HHCTP — CBS3b MEXAY CKa3yeMbIM U CYIIECTBUTEIBHBIM B TBOPUTEIBHOM I1aJIe-
’Ke, 0003HAYAIOIMIeM UM ACATEIIS;

* aTp — arpuOyTHUBHOE OTHOIIEHHUE MEXy UMEHEM CYLIECTBUTENBHBIM U €r0 He-
COTJIACOBAHHBIM OIPE/CIICHUEM;

* 0OBEKT — CBSI3b MEXAY CKa3yeMbIM H JTOTIOJHEHUEM;
Y JPYTUE TUIIBI CHHTAKCUYECKUX OTHOILIECHUM.

Ecnu ogHOMY HpPEIIOKEHHIO COOTBETCTBYET HECKOJIBKO Pa3iIMYHBIX JIEPEBHEB
CUHTAaKCHUYECKOW 3aBHCUMOCTH WJIM HECKOJIBKO Pa3MEUYCHHBIX JEPEBHEB CHUHTAKCHYeE-
CKOW 3aBHCHUMOCTH, TO MOKHO T'OBOPUTH O CMHTAKCUYECKOW OMOHMMUU. [Ipumep cun-

TaKCUYE€CKOM OMOHMMUM IOKa3aH Ha pHuc. 6.5.

npea. 0OBbEKT.

g—omoen I \]/_060T—|H raunﬁujl

Xopowunit KomnbioTep 6bICTPO NEPeBOAUT C/IOMKHbIA  TEKCT.

a)

0ObeKT.

npea.

onpea Il obcr. | ' haape,arl

(V]

v
Xopolunii KomnbtoTep ObICTPO MEPEBOAMUT CNOMKHbIA  TEKCT.
0)

Pucynok 6.5 — [Ipumep CUHTaKCUYECKO OMOHUMHY MPEIJIOKEHUS

O06a BapraHTa CHHTAKCUYECKOTO aHAIM3a @, 6) MPEITIOKEHUS «XOPOIIUN KOMIIb-
10Te€p OBICTPO MEPEBOJUT CIOXKHBIN TEKCT» MOJTHOCTBIO COOTBETCTBYIOT MOpdosoruye-
ckoit nH(popManuu cIoBoGOPM U UX PacrookeHuto BO (paze. Kaxaplil U3 1ByX Bapu-
aHTOB Pa3MEUCHHBIX JEPEBHEB CMHTAKCUYECKOW 3aBUCHUMOCTU COOTBETCTBYET Pa3HBIM
cMbICTaM. B 3TOM ciydae, kak ¥ BO MHOTHX APYTHX, CHHTAKCHYCCKYI) OMOHHMUIO

MO>KHO YCTPAHUTbh TOJIBKO C YYETOM CEMAHTHUKH (3HAYEHUS) CIIOBODOPM.

6.3. IIpoekTHBHBIE IepPeBbsl CHHTAKCHYECKO 3aBHCUMOCTH

B knacce aepeBbEB 3aBUCMMOCTH BBLACISIOT MOJKIIACC NMPOEKTUBHBIX JEPEBLEB,
KOTOPBIN OINKCHIBACT MOJABISIONIEE OOJBIIMHCTBO MPEIJIOKEHUNH €CTECTBEHHBIX S3bl-
KoB. TpeboBaHHe MPOEKTUBHOCTH CUHTAKCUYECKON CTPYKTYpPBI MPEJIOKEHUST YHUBEP-

CaJIbHO IJIA OOJIBLIIMHCTBA HpeI[HO}KeHI/Iﬁ ITIPO3bI HHﬂOCBpOHCﬁCKHX SA3BIKOB.
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TepMuH «NPOEKTUBHOCTBY», BBeIEHHBIH JuHrBUCTOM M. Jleceppom B 1960 1.,
O3HAYaeT, 4TO JIBE CHHTAKCHUYECKH CBSI3aHHBIEC CJIOBO(OPMBI MOTYT Pa3eisIThCs TOIBKO
ciioBohopMaMu, 3aBUCSIIUMHE MPSIMO MJIM KOCBEHHO OT OJHOW M3 HHUX, T. €. CHHTaKCH-
YECKH CBSA3aHHBIE CII0BA OJIM3KO PACIIOIOKEHBI B TEKCTE.

B teopuu rpad)oB mpoeKTHBHBIMH JIepPeBbAMH Ha3bIBAIOTCS IEPEBbS, Y KOTOPHIX
AYTHU HE MIEPEeCceKaroTcsi, a KOPEHb HEe JISKUT HU 1Mo oAHo# u3 ayr. Ha puc. 6.6 moka3zan

IIpUMEP MPOEKTUBHOIO JI€PEBA CUHTAKCUYECKOW 3aBUCUMOCTH.

Wll—¢ s el | ‘I 1 y

man with a pack on hlS back is comm toward us.

PucyHok 6.6 — [Ipumep nNpOeKTUBHOTO I€peBa CUHTAKCUYECKOW 3aBUCUMOCTH

Crenenb CBOOOJBI JIMHEHMHOTO TOpSJIKa CJIOB B TPEIJIOKEHUU OIPEICISIeTCS
CJIOKHOCTBIO MOpQoJioruu si3bika. [lagexxupie okoHYaHus (IESKTUBHBIX S3BIKOB (PYCCK.,
YKp., 0€J1.) MO3BOJISIIOT CBOOOAHO MEHATH MOPSIIOK CJIOB BO (hpase, COXpaHssi CMBICI UC-
XOJTHOTO BbICKa3bIBaHUs. [Ipy 3TOM B OOJIBIIMHCTBE MPEAIOKEHUN MUChbMEHHOTO SI3bIKa
cOOJIFOAETCsl 3aKOH MTPOEKTUBHOCTH.

[Ipu aBTOMaTHYECKOM CHMHTAKCHYECKOM aHayim3e (pa3 eCTeCTBEHHOTO s3bIKa aHa-
JU3UPYIOT, KaK MPABUJIO, TOJIbKO MPOEKTUBHBIEC MPEIIOKEHHS. ITO MO3BOJISIET BO MHO-
ro pa3 COKpaTUTh paboOTy ajlropuT™Ma Mo OMNpEeeSICHUI0 CTPYKTYphl (pa3sl. Hanpumep,
€CJIM HE YYUTHIBATh MPOCKTUBHOCTH, TO IJIs1 (Ppa3bl B ABAANATH CIOBO(OPM MOXKHO IO-
cTpouth 5*10°* pasnMuUHBIX CHHTAKCHYECKHX JACPEBbEB. IIpHM NPUMEHEHHH NpaBHIIa
IPOCKTHBHOCTH YHCIIO MOTCHIHATBHBIX IEPEBbEB CHIDKaeTCst 10 4%10" .

AJTOPUTM, UCTIOB3YIONIUNA CBOMCTBO MPOCKTUBHOCTH, PA0OTAET CIEAYIONUM 00-
pazom. Eciu onHa cioBodopma oTzesieHa OT JAPYroi TOJbKO ciioBoopMamu, 3aBUCS-
IIUMU OT JTIFOOOM W3 JIBYX aHAIM3UPYEMBIX, TO CUUTACTCS, YTO TEpBasi M3 ITHX JABYX
cinoBo(opM mpeneaeHTHa BTOpo. CHHTAKCHYECKOE COOTBETCTBUE MPHU ITOM CIIEIYET
MIPOBEPSATH HE JIJIsI BCEX IMap CJIOB BO (hpase, a TOJIBKO JJIs Map ¢ MPEIeeHTHOCTHIO.

Takum oOpa3om, MpoBepkKa Ha MPOEKTUBHOCTDH SIBISETCS (DUILTPOM, TO3BOJISIIO-

IITUM OTOPOCUTH HEMAJTYIO YacCTh HEMPABUIBHBIX CTPYKTYP.

85



@opMaM3anysl CUHTAKCUYECKUX CTPYKTYpP IIO METOAY JEPEBBEB INOIYMHEHMS
MMEET psAJl HEAOCTATKOB. /[epeBbsi CHHTaKCMYECKOW 3aBUCUMOCTH HE MO3BOJIAIOT Iepe-
JaBaTh CTPYKTYPY HPEUIOKEHUH C BBOJHBIMHM CJIOBAMM-OOpALIEHUSIMH, BBOIHBIMU
obopotamu. Kpome Toro, Takasi CTpyKTypa MOKa3bIBa€T TOJBKO CBSI3U MEXAY OTIEIb-

HBIMHU CJIOBAMHU, TOI'ld KaK CBA3HW MCKAY CIOBOCOYCTAHHUAMUN HC OIIMCBIBAIOTCA.

6.4. Cucrema coCTaBJISIOIINX

Brtopoii crioco6 MoAenupoBaHusi CHHTAKCUYECKON CTPYKTYPHI MPEJIOKEHUS ecTe-
CTBEHHOTO SI3bIKA — CUCTEMA COCTABJISIIONIUX, KOTOPAs OPTaHU3YyEeT CIIOBA B THE3/IOBHIE
coctapstone. CHCTEMBI COCTaBISIONIMX BBIJACISIIOT BO ()pa3e B pPaBHO3HAYHBIE
IPYNIBI CIOBOGOPM: TPYIITY MOJJIEKAIIETO U TPYIITY CKa3yeMOro.

JIaHHBI MOAXOJ OCHOBAH HAa TOM HMAEE, YTO MPEIJIOAKECHHE MOXKHO IOCIIEI0Ba-
TEJIBHO PACKIAJbIBaTh Ha BcE O0Jee MEJKHUE OTPE3KH, HEMOCPEJICTBEHHO CBSI3aHHBIC
Mexay co0oil. OTHOIIEHUSI MKy CJIOBAaMH YKa3bIBAIOTCS ITyTEM PAacCTaHOBKH BO (pa-
3¢ CKOOOK Tak, 4TOOBI KakIas mapa CKOOOK OXBaThIBaJIa CBSI3aHHBIE APYT C JIPYTrOM
AJIEMEHTHI (TaKUMU AJIEMEHTaMU MOTYT OBITh OTJEJbHBIE CJIOBA WM TPYMIBI CIOB; pa-
Hee 3aKITF0YCHHBIC B CKOOKH OTPE3KH ), Ha3hIBAEMBIC COCTABJISIONTAMU.

Hanpumep, cuntakcuueckuii pa3oop ¢pasel «Fed raises interest rates» MOXKHO
MPEACTABUTh CIICIYIOIIUM 00pa3oM:

( Fed ( raises ( interest rates ) ) ).

[ToHSATHO, YTO COCTABJISIONINE MPEACTABISAIOT COO0N HEKOTOPBIC EAMHUIILI TIPE-
JIO’)KEHUs. ITO CJIOBA M caMO TpejiokeHne B 1eioM. CyliecTByeT HECKOJBKO TOIXO0-
JIOB, UCIIOJIB3YEMBIX JIJIS TOTO, YTOOBI OMPEICTUTh, KaKUe eIe CIUHUIIBI MPEI0KEHUS
SBJITFOTCSL COCTaBISIOIIMMU. Hampumep, COCTaBISIONIMMU SIBIISIIOTCS CJIOBOCOYETAHUS,
KOTOPBIE OCTAIOTCS BMECTE NPHU M3MEHCHWHW CHHTAKCUYCCKON KOHCTPYKIIMH (hpasbl.
BTtopoii moaxos 3akitouaeTcss B BO3SMOYKHOCTH 3aMEIIEHUSI U PACIIUPEHUSI COCTABIISIIO-
e TTPEITOKECHUS.

Hcxons u3 mocieqHero moaxoaa B mpemiokeHuu «I  sat on the box», MokHO
pacIIMpUTh COCTaBISIONIYI0 «on the box», n momyunts ¢pasy «I sat right on top

of the box». nu BooO11e 3aMeHuTh ee. [lomyyaTcs crneayronye coCTaBIsIONINE:
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I sat (on the box ).
I sat ( right on top of the box ).
I sat ( there).

CyImecTByIOT M JPyTrue JUHTBUCTHYECKUE TECTHI BBIACICHUS COCTABISIOMNUX B
PENJIOKEHHUH.

Takum oOGpa3zom, MHOKeCTBO M cocTaBistoIUX O0pa3yeT CUCTEMY COCTaBIISIO-
X, eciau M yJIOBIETBOPSET CICAYIOMIUM YCIOBHSIM:

— B M BXOJAT B Ka4eCTBE AJIEMEHTOB Kak cama (ppasa IeIMKOM, TaK U BCE CIIOBO-
(bopMBbl, B3SThIE OTAEIBHO;

— Jr00BIe JIB€ COCTAaBISIONIUE HE TIEPECEKaI0TCs, TMO0 OHA COCTaBISIONIAs MOJI-
HOCTBIO COJIEPKUTCS B IPYTOM.

AHaJOTUYHO JIEPEBbSIM CHHTAKCHUUYECKOW 3aBUCHUMOCTHU, €CIU Y TPEIJIOKEHUS CY-
IIIECTBYET HECKOIBKO BO3ZMOXHBIX CHHTAKCHYECKUX CTPYKTYP (TO €CTh, BO3MOXKHO pa3-
JUYHOE TOJKOBAHME JAHHOTO MPEJIOKEHHS ), TO OHO UMEET HECKOJIBKO «ITPABHIIBHBIX)
CUCTEM COCTABJISIFOIINX, BHIPAKAIOIINX HATMYUE CUHTAKCUYECKOW OMOHUMUM.

Crnenyrommii TpuMep MOKa3bIBAET JIBA Pa3HBIX CMBICIIA MPEIIOKEHUS U COOTBET-
CTBEHHO JIBa BO3MOKHBIX BapHaHTa CUCTEM COCTABJISIFOIINX

( ( Cmyoenmur (uz Xapvrosa ) ) (yexanu (na Kaexaz) )).

u

( Cmyoenmor ( ( uz Xapwvxosa ) yexanu)) ( na Kaexaz ) ) ).

MO>KHO MOJTYYUTh Pa3MEUCHHBIE CHCTEMBI COCTABIISIFOIIUX, T00AaBUB K CKOOOYHBIM
CTPYKTypaM yKa3aHUs NMPU3HAKOB CHHTAKCHYECKUX KIJIACCOB, YIOBJICTBOPSIONMIUX JIaH-
HOW CHHTAaKCUYECKOU CTPYKTYpe (COCTaBIISIONICH ).

B kadecTBe METOK MCTIOJIB3YIOTCS CIICTYIOITUE CUMBOJIBI:

S — mpennoxxenue;

Vyyw — T71aroi1 B pofie X, 4uciie Y, BpeMeHu V, uie W;

VP, — Irpymnmna riarona B poze X, Yucie Y, BpeMeHH V, 1une W;

Ny, — IMs1 CyILIECTBUTEIBHOE B POAE X, YHCIE Y, NaNexKe Z;

NPy, — Tpynmna uMeHu CyIEeCTBUTEIBLHOTO B POJE X, YUCIE Y, MaJexKe Z;

Ay, — MM IPUIIATATENIHOTO B POJE X, YUCIIE Y, MANEKE Z.
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Ha puc. 6.7 moka3zaHo JepeBO pa3MEUYEHHBIX COCTABJISIOMIMX I MPEIJIOKEHUS

«Cmyodenmra uemeepmozo Kypca nepesea CA0HCHbIU MeKCHy.

NPDfC €0, um VPofc.,eO.,npow

\
NP, e0,po0 /\ NP, e0,6un

N‘wcl,ed.,uM- AM.,ebM»e\a,pod Vofc.,ed,npom. AM.,ed.,euH. NM.,ed,@uH

CryneHTKa 4EeTBEPTOrO Kypca IEepEeBeNia CIOXKHBIM TEKCT.

Pucynok 6.7 — JlepeBo pa3MeUEeHHBIX COCTABIIAIOIINX

B NpCaAbIIYIIHUX IMMPUMCPAX paCCMATPHUBAINCh OTHOCHTCIIBHO IIPOCTBIC IIPCIIIONKC-
HuA. PeanpHble MNpCIIIOKCHUA UMCIOT 0oJiee CII0KHBIE ACPCBbs CUHTAKCUICCKUX CTPYK-
Typ. Ha puc. 6.8 mokazan nmpumep JepeBa COCTABIIIONIMX IS TpetokeHus Analyst
said Mr. Stronach wants to resume a more influential role in running the company, B3s-

TBI M3 KPYITHEHIEro pa3sMEedeHHOro KOpITyca aHrIHicKoro s3bika Penn Treebank’.

NP-SHI P

NNS  VID SBAR

0 NP-SE)-1 VP
NNP NNP wiz \

| | e G
M Stromach wants  NP-58) v

ot ALYV NN S-NOM

LT u role i NP-SE) v

more  Influentia NONE VBG NP

reeneng DT NN

the company

Pucynox 6.8 — IIpumep aepeBa cocrapisromux u3 kopmyca Penn Treebank

7 https://catalog.ldc.upenn.edu/docs/LDC95T7/c193.html
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B sTtom mpumepe, kpome yxke paccMOTpeHHBIX MeTOK POS-Terunra, BbLAENSAIOTCA
cnenyronue MeTku: NP (noun phrase) — rpymnma cymecTBUTEIHHOTO (MMEHHAS TPYyIIa);
VP (verb phrase) — rpynna rnaromna; PP (preposition phrase) — npemsioxHas TpyIina;
- NONE- —Henpou3HECEeHHbBIE CJ0Ba, HA3bIBAEMBIE MYCTHIMU 3JIEMEHTAMU U ApPYIrHUe

CHHTaKCHYCCKHUC MCTKH.

6.5. Ucnonb30BaHue KOHTEKCTHO-CBOOOJHBIX TI'PAMMATHK JIfl peajn3anuu
Pa3MeYeHHBbIX CHCTEM COCTABJISIOIIAX

OnuceiBaTh CUCTEMBI COCTABIISIIOIIMX YAOOHO Ha SI3bIKE KOHTEKCTHO-CBOOOHBIX
rpamMatuk (Context-free grammars (CFGs)). KortekcTHO-CBOOOIHAS TpaMMaTHKa
(KCT') npencrapinsier coboit kopTex u3 uetbipex MHoxkecTB: G= (T, N, R, S). Oro:

— MHOXECTBO mepMUHAIbHBIX CUMBOJIOB [, MPEICTABISAIOMINX dJIEMEHTapHbIC
CHUMBOIJIHI SI3bIKa, ompeaesieMble TpammaTukoi. Hanpumep, T = {CtyneHTka, 4eTBEpTO-
ro, Kypca, epeBesia, CII0KHBII, TEKCT}.

—  MmuoxectBo Hemepmunanoe N. Hanpumep, N = {S, NP, VP, V, NN }.

— MmuoxecTBO npodykyuii R, xaxgas U3 KOTOPBIX COCTOMT W3 HETEpMHUHAA,
Ha3bIBAEMOI0 3020708KOM VI 1€60U Yacmblo TIPOAYKIHUH, CTPEIKH U MOCJIEI0BaTEIb-
HOCTH TEPMHUAJIOB W/WJIM HETEPMUHAJIOB, HA3bIBAEMBIX MeIOM WU HPABOU 4aCMbIO
NpOAYKIMU. B mpaBoil 4acTu MpOayKIIMH KOHTEKCTHO-CBOOOJHBIX TPAMMAaTUK MOXKET
OBITH TOJIBKO OJIMH HETEPMUHAIILHBIN CUMBOJI, a B JIEBOM YaCTH MOTYT OBITh KaK TEPMU-
HaJIbHbIC, TAK U HETEPMUHAJIbHbBIE CUMBOJIBI:

Rc{A—>B,tne A e N,B e (NuUT)*}.

— OpauH ¥3 HETEPMUHAIBHBIX CUMBOJIOB S, YKa3bIBAEMbIN KAK CHAPMOGbII NIN
HAYAIbHbIU.

Takum o6pazom, 115t moctpoerus: KCI' Hy:kHO:

1) BBIIETUTH TEPMHUHAIIBI (CIIOBA),

2) onpenenuTh HETEPMHUHAIIBI, KOTOPBIE 3aXBaThIBAIOT SKBUBAJIEHTHBIE COCTABIIS-
IOIIKE, T. €. ONPEACIUTH IPOIYKIIMHU WIH MPaBuia BEIBOJA.

Hanpumep, miist cuntakcuueckoro pasoopa (parser) dpassl «eat sushi with tunay

MOYHO UCIOJIb30BaTh cienyronryto KCI'™:
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G=(T,N,R, S):

T= {eat, sushi, with, tuna }
N={N, V, P, NP, VP}
S=VP

R:

N — sushi | tuna

V — eat

P — with

NP— N | N PP

PP - P NP|PN

VP -V NP

B KC-rpaMmmaTukax MCIOIB3YIOT rpaduiecKkue MmpecTaBICHUs BbIBOJA, Ha3bIBa-
eMbIE JIEpEBOM BbIBOJA. Bbleod mpenctaBisier cCoOOM BBISICHEHUE MJISI MOJTYYEHHOU
CTPOKH TEPMHHAJIOB CIIOCO0a €€ BBIBOJA M3 CTApTOBOIO CHMMBOJA TpammaTuku. Ecmu
CTpPOKa HE MOJKET OBbITh BBIBEJICHA M3 CTAPTOBOI'O CMMBOJIA, CHHTAKCUYECKUIN aHajn3a-
TOp coobmaeT 06 ommobOke B crpoke. Ha puc. 6.9 nokazano aepeBo BbIBoAa il (Ppasbl

«eat sushi with tunay.

VP
\
NP
PP

N

Vv N P N
| | | |

eat sushi with tuna

Pucynok. 6.9 — IIpumep nepesa BeiBoga KCI'
KoHnTekcTHO cBOOOAHBIE I'paMMAaTHUKU E€CTECTBEHHOT'O SI3bIKa SIBJISIIOTCS HEOJTHO-

3HAYHBIMU. JTO 03HA4YacT, 4TO JIA OJAHOI'O M TOI'O K€ MPCAJIOKCHUA MOKET OBITH I10-

CTPOEHO HECKOJBKO JepeBheB pa3zdbopa. OTcrona ciaemayeT, 4To eCu s MPEAJIOKESHUS
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MOJKET OBITH MMOCTPOCHO HCCKOJIBKO JCPCBLCB pa36opa, TO 3TO HPCAJIOKCHUC SABJISICTCS

CHHTAaKCHM4YCCKH OMOHHNMUYHBIM.

Hamnpumep, ecnu B UMEIONTYIOCS Y HAC TPaMMATUKY JOOUTH €Ile OAHO MPaBUio U

CIIc OAuH HeTCpMHHaHBHBIﬁ CUMBOJI, TO Mbl CMOXEM IIOCTPOUTH JIA IBYX HOI[O6HBIX

¢dpa3 («Eat sushi with tuna» u «Eat sushi with chopsticks») n1Ba pa3HbIX, HO MpaBUIIb-

HBIX JiepeBa pa3dopa (puc. 6.10):

G,;=(T,N, R, S): VP

T= {eat, sushi, with, tuna, chop- P

sticks } NN/ ?P
AN

N= {NN, V, P, NP, VP} Vv P NN

S=VP | L

R: eat sushi  with tuna

NN — sushi | tuna | chopsticks

V — eat VP

P — with /\

NP— NN | NN PP VP PP

PP — P NP| P NN

V_—"" NN P/\NN

VP -V NP |[VP PP |

| I
Eat sushi with chopsticks

Pucynok 6.10 — IIpumep neonno3naunoctu KCIT

KoHTpoabHbIe BONPOCHI M MpaKTHYeCKHe 3a1aHus mo TeMe «Ctpoku Pythony»

l.

HU.

2.

OcHoOBHBIEC CITOCOOBI (pOpMANTM3AIIMA CUHTAKCHUUYECKON CTPYKTYPHI MPEIIIONKe-

JlepeBbs CHHTaKCUYECKON 3aBUCUMOCTH. [IpOEKTHUBHBIE I€pEBbS CUHTAKCUYE-

CKOM 3aBUCHUMOCTH. Pa3MeueHHbIC 1€pPEBbsI CUHTAKCUYECKOW 3aBUCUMOCTH.

3. ®opmanbHOE OIpeeICHUE TPAMMATHKH.

4. KoHTEKCTHO-CBOOOHBIC TPAMMATHKH.

5. CuHTakCHUYECKHWH aHaIN3. 3a7aya CUHTAKCHYECKOI'0 aHaIu3a.
6. Iepeso pazdopa mis KCT'.
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7. Hcmonp3oBaHWE KOHTEKCTHO-CBOOOJHBIX TPAMMATHK JIJISI peau3alliy pa3Me-
YEHHBIX CUCTEM COCTABJISIFOIITUX.
8. HeonHo3HauHBIE KOHTEKCTHO-CBOOOJHBIC TpaMMAaTHKA W CHHTAaKCHYECKas
OMOHHMHUS.
9. Tloka3ath aBa criocoba (opMaIbHOTO BRIPAKEHUSI CHHTAKCUIECKON CTPYKTYPHI
CIIETYFOIINX TIPEIOKCHHIA:
— JlunoMHuas paboTa CTyeHTa BKIIOYAeT YEThIpe pas/ena.
— The small boy put the tortoise on the colored rug.
10. IToka3zaTp MHOTO3HAYHOCTh KOHTEKCTHO-CBOOOJIHOW TpaMMAaTHKH, PaclO3Ha-
IOIIEH CIEYIONINE MPEIITOKECHHUS:
— Japanese eat sushi with the hands.

— Japanese eat sushi with pickled ginger.
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Tema 7. CEMAHTUYECKAS OBPABOTKA. PABOTA C TE3AYPYCOM
WORDNET

7.1. Ob1iee onucanue JIMHrBUCTHYECKOTO pecypca WordNet.

7.2. Pabora co crmoBapsimu WordNet ¢ momomipio NLTK.

7.3. Uepapxust cemantudeckux otHorennii WordNet.

7.4. Ucnions3oBanue WordNet 11t ornipeieieHus CeMaHTUIECKOM OJIM30CTH CIIOB.

KonTponbpHble BOMpPOCHl M MpakTU4yeckue 3amaHusi no teme «CemaHTHUecKas

obpaboTtka. Pabora ¢ Tezaypycom WordNet».

7.1. O01ee onucaHue JUHIBUCTHYECKOT0 pecypca WordNet.

JluarBuctudeckuit pecypc wiu tezaypyc WordNet paspadotan B [IpuHcToHckOoM
yauBepcutete CIIIA. WordNet oTHocHTCSl K KiacCcy JCKCHYSCKUX OHTOJIOTUH M CBO-
6onHo goctyneH B HWHrepHere mo ccwbuike http://wordnetweb.princeton.edu/perl/
webwn.

PazpaboTtka Te3aypyca Obuia HauaTa B 1984 roy 1 nepBOHAYaIbHO OH CO37aBaJiCs
Kak MojeNnb 4enoBedeckor nmamatu. B 1995 rogy WordNet nosBuics B MHTepHETE B
CBOOO/IHOM JIOCTYIIE.

K nacrosimiemy Bpemenu WordNet npeacTtaBisieT co00i CEMaHTUYECKU OPUEHTH-
POBaHHBIN CJIOBAPh aHTJIMMCKOTO SI3bIKA, TTOJIO0HBIN TPAAUIIMOHHOMY Te3aypycCy, HO OT-
JTUYaroIuiicss 0osiee CI0XXHOW CTPYKTYpOM; OH OXBAaThIBAET MPUOIU3ZUTENIBHO 155 ThI-
CSAY PA3IMYHBIX JIEKCEM U CIOBOCOYETAHUM, OpraHU30BaHHBIX B 117 ThICSAY MOHATHH,
WM COBOKYIHOCTEW CUHOHUMOB (Synset); oOmiee uyuciao map 'nekcema-zHaueHuUe'
HacuuTbiBaeT 200 ThICSY.

B cocraB ciioBapst BXOJAT J€KCEMbI, OTHOCSIIIUECA K YETBIPEM YACTSIM PEYH: MpH-
JaraTeabHOMY, CYIIECTBUTEIILHOMY, TJIaroJly U Hapeuuro. JIeKCeMbl pa3IMuHbIX YacTeu
peuu XpaHATCS OTAEJIBbHO, M OMMCAHUS, COOTBETCTBYIOIINE KAXIOW YaCTH PEUYU, UMEIOT
paznu4Hyo cTpyKkTypy. OcHOBHBIM oTHOIIeHHEM B WordNet siBisieTCss OTHOIIICHUE CH-
HOHUMMHM. HabGopbl CHHOHUMOB (CHHCETHI) — OCHOBHBIE CTPYKTYPHBIE JJIEMEHTHI
WordNet. CuHceT MOXKET paccMaTpHUBATHCS KaK MPEICTABICHUE JIEKCHKATN30BAHHOTO

MOHATUS (KOHIIETITa) aHTJIMMCKOTO SI3bIKa; OHO 0003HAa4YaeT adCTPaKTHOE MOHSTHE, KO-
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TOPOC HC BCCTAAd COOTBCTCTBYCT OIIPCACICHHOMY CJIOBY. BoJNbIIMHCTBO CHHCETOB
CHaAOKEHBI TOJIKOBAHUEM, HOI[O6HBIM TOJIKOBAHUAM B TPAAWIHWOHHBIX CJIOBApsAX; 9TO
TOJIKOBAHHUC PACCMATPUBACTCA KaK OIHO IJII BCCX CHMHOHHUMOB CHHCCTA. Ecau cinoso

HUMECT HCECKOJIBKO 3Ha‘-I€HI/II71, TO OHO BXOAUT B HECKOJIBKO Pa3JIMYHBIX CHUHCCTOB.

7.2. Pa6ora co caoBapamu WordNet ¢ nomombio NLTK

s pabotsl co cnoBapssMu WordNet HEOOX0AMMO UMITOPTUPOBATH OAHOMMEHHBIN
Moy maketa NLTK. NLTK Bxmatouaer anrnuiickuit WordNet, cogepskammmii 155 287
cinoB u 117 659 cunceroB. WordNet BxitouaeT detbipe cioBaps: N (nouns), V (verbs),
ADJ (adjectives) u ADV (adverbs).

Crnenyromuii (parMeHT IPOrpaMMHOTO KOJIa MO3BOJISIET MOJTYYUTh CUHCETHI CIIOBA
motorcar:

from nltk.corpus import wordnet as wn

print(wn.synsets('motorcar'))

1 wordMet
C:\Users\Nina'\ PycharmProjecta’\unt
[Synaet('car.n.01%)]

Takum 06pa3om, CIOBO motorcar UMEET TOJIbKO OJIHO 3HAaYeHUE (OJUH CHHCET), U
9TO 3HAYEHUE COOTBETCTBYET MEPBOMY 3HAUEHUIO CYIIECTBUTEILHOTO Car.

B pesynbTaTe mpuMeHEHHS TOTO e KOoJa K CJIOBY car, a HMEHHO

from nltk.corpus import wordnet as wn

print(wn.synsets('car')),
MO>XHO YBHJIETh, YTO y JAHHOTO CJIOBA 5 CHHOHUMHUYHBIX MHOXKECTB (CHHCETOB) WJIU

JICMM
1_wordMet

C:\Users\Nina\PycharmFrojectsiuntitled\venv\Scripts\python.exe D:/$afumPython/Wordiet/l_wordNet.py
[Synset('car.n.01"), Synset('car.n.02'), Synset('car.n.03"), Synset('car.n.04"'), Synset('cable_car.n.0l")]
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. 8
Busyanuzanus nmoucka gaHHoro cuHceta Ha caiite WordNet® mokasaHa Ha

puc. 7.1.

WordNet Search - 3.1

Word to search for: |car Search WordNet

Display Options: | (Select option to change) ¥ || Change
Key: "S:" = Show Synset (semantic) relations, "W:" = Show Word (lexical) relations
Display options for sense: (gloss) "an example sentence”

Noun

« 5 (n)car, auto, automobile, machine, motorcar (a motor vehicle with four wheels;
usually propelled by an internal combustion engine) “he needs a car to get to work”

e S (n)car, railcar, railway car, railroad car (a wheeled vehicle adapted to the rails of
railroad) "three cars had jumped the rails”

=« 5 (n) car, gondola (the compartment that is suspended from an airship and that
carries personnel and the cargo and the power plant)

e 5 (n) car, elevator car (where passengers ride up and down) "the car was on the
top floor”

« 5 (n)cable car, car (a conveyance for passengers or freight on a cable railway)
"they took a cable car to the top of the mountain”

Pucynok 7.1 —Ilouck cunceToB cioBa car Ha caiite WordNet

[Tomy4uTh CIMCOK JIEMM, OTHOCSIIUXCS K OMPEACICHHOMY CHHCETY, MOYKHO C IT0-
motpio QyHkiu lemma_names(), a moay4YuTh ONMpeae/iCHUE JIEMMBI (CIOBa B KOH-
KPETHOM €r0 3HAYCHUH) M MPUMEpP €€ NMPUMEHCHHUS MOYKHO C TOMOIIBIO (DYHKIIHIA
definition() u examples() cooTBeTcTBEHHO:

from nltk.corpus import wordnet as wn

print(wn.synsets('car'))

print(wn.synset('car.n.02').lemma_names())

print()

for synset in wn.synsets (‘car'):

print(synset.lemma names())

print()

print(wn.synset('car.n.02").definition())

print(wn.synset('car.n.02').examples())

* http://wordnetweb.princeton.edu/perl/webwn
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1_wordMet

[Synset('car.n.01"), Synset('car.n.02"), Synset('car.n.03'}), Synset('car.n.04'), Synsec('cable car.n.01")]
['car", 'railcar', 'railway car', 'railrcad_car']

33 [Ycar", 'autc', 'autcmcbile', "machine", 'motorcar']
[Ycar", 'railcar', 'railway car', 'railrcad car']

—ll' [Year", "gondola']

E—| ["car", 'elevator_car']

| | ['cable_car', 'car']

m

a wheeled wehicle adapted toc the rails of railrocad
["three cars had jumped the rails"]

MOo3KHO TIOJTyYUTh UMEHA, OTIPEACIICHUS U MIPUMEPBI CHHCETOB TOJIBKO OIpeieIeH-
HOM YacTu peyuu cIoBa:

print('uMeHa U OMpPE/ENICHNs] CHHCETOB CYIIECTBUTEIHBIX')

print()

for synset in wn.synsets('work',wn.NOUN):

print(synset.name() +' onpegenenue : '+ synset.definition())

print()

print('uMeHa 1 onpeesIeHUs CHHCETOB TJIaroJioB')

print()

for synset in wn.synsets('work',wn.VERB):

print(synset.name() +' onpeaenenue : '+ synset.definition())

print()

MMEHE M COpEOeNIEHMA CHHCETOE CYIIECTEMTEIHHK

work.n.0l onpepmenesmMe : activity directed toward making or doing something
work.n.02 oopepmeneHMe : a product produced or accomplished through the effort or activity or age
ernployment.n. 02 ocopenenenme : the cccupation for which you are paid
study.n.02 copepenemme : applying the mind to learning and understanding a subkject (especially i
work.n.05 copemenesrmue : (physics) a manifestation of energy; the transfer of energy from one phy
workplace.n.0l onopenensexHmMe : & place where work is done

oceuvre.n.0l onopenenesne : the total ocutput of & writer or artist (or a substantial part of it)

MMEHa M COpeneJeHMA CHHCETOE INIETOJICE

work.v.0l onpememenmMe : exert oneself by doing mental or physical work for a purpose or out of r
work.v.02 copemenermue : be employed

work.v.03 copemenermue : have an effect or outcome; coften the one desired or expected
function.v.0l copemenexme : perform a3 expected when applied

work.v.03 onopenmenesHMe : shape, form, or improve a material

exercise.v.03 cnopemenesmMe : Jive a workout to
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JIJist CHSITUSI MHOTO3HAYHOCTHU CIIOBO uaeHTHdHUIMpyeTcs kak car.n.01.automobile,
car.n.0l.motorcar u tak nanee. Takas COBMECTHAsI 3aIlMCh CJIOBA U CUHCETA U MPEICTaB-
JIIeT CO00i JIeMMYy.

JIJIst TOro 9TOOBI IMOJIYYIHTh BCE JIEMMBI 33JJAHHOTO CHHCETA, HY)KHO HCITOJIb30BaTh

dbyukuio lemmas() a1t 3a1aHHOTO CHHCETA:

print(wn.synset('car.n.02").lemmas())
1_wordNet

[Lemma('car.n.02.car'), Lemma('car.n.02.railcar'), Lemma('car.n.02.railway car'), Lemma('car.n.0Z.railroad car')]

MO3KHO OJIyYHTh BCE JIEMMBI CIIOBa ¢ momomisio (Gyukuuu lemmas(‘word’) mo-
nyns wordnet, mapaMeTpoM KOTOpOM OyAET CIOBO:

print(wn.lemmas('car'))

1_wordNet

[Lemma('car.n.0l.car'), Lemma('car.n.0Z.car"'), Lemma('car.n.03.car"'), Lemma('car.n.04.car'), Lemma('cable_car.n.0l.car')]

Jyist TOro 94TOOBI, HA0OOPOT, MOTYYUTH CHHCET TI0 3aJaHHOH JIEMME, MCIIOIb3yeTCs
bynkus synset():

print(wn.synset('car.n.02').lemmas())

print(wn.lemma('car.n.02.railcar').synset())

print(wn.lemma('car.n.02.railcar').name())
1 wordMet

[Lemma('car.n.02.car'), Lemma('car.n.02.railcar'), Lemma('car.n.02.railway car'), Lemma('car.n.0Z2.railroad car')]
Synaet({'car.n.02")
railcar

7.3. Uepapxus cemanTu4ecknx orHomennii WordNet

KpOMe OTHOIICHUN CUHOHUMUM MCXKAY CYHICCTBHUTCIIbHBIMU B CJI0OBAp€ YCTAHOB-
JICHBI CJICAYIOIMNC CECMAHTHYCCKUC OTHOIICHUS:

— AHTOHMMMUA,
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— T'UTMOHUMUSI/TUNIEPOHUMHS — OTHOIIICHHUE, KOTOPOE MHA4Ye MOKET ObITh Ha3Ba-
no BBIIIE-HMXE, POJ-BUJI wuau iS A — oTHOIIEHHE. DTO OTHOIICHUE SIBJISCTCS
HEHTPAIbHBIM OTHOILIEHUEM JIJISl OITMCAHUS CYIIECTBUTENIbHBIX, IPU 3TOM BUJIOBOM CHH-
CET Ha3bIBAECTCS IMIMIOHUMOM, a POJIOBOM — runepoHuMoM. OTHOIIIEHUE TPAH3UTHUBHO U
HECUMMETPUYHO. | ITIOHNM HaclieyeT Bce cBOiCTBA runepoHnnMa. CuHceT X Ha3hIBaeT-
Csl THIIOHUMOM CHUHceTa Y, €CJId HOCUTEIHN aHTJIMACKOTO SI3bIKa CUUTAIOT HOPMAJIbHBIMU
npemoxenus tauma " An X is a (kind of) Y ". Takue oTHOIIEHUSI TUTIOHUMHUHU W THIIEPO-
HUMUU €111e HA3bIBAIOT JIEKCHYeCKUMU OTHOIIEHUSIMU;

— mepounmus (otHomenne YACTB-IIEJIOE ). BuyTpu 3TOr0o oTHOIIEHUS BbIjie-
JISTFOTCSI OTHOIIICHUSI ObITH_3JIEMEHTOM U ObITh_CIeJIAHHBIM _W3.

Takum oO0Opa3oM, OTHOIICHHS MEXIYy CHHCETaMH OOpa3yloT HEePapXHUCCKYIO
ctpyktypy. WordNet pazaenser cyliecTBUTENIbHbIE HAa HECKOJIBKO HEpapXuid, Kaxkiaas
U3 KOTOPHIX MMEET CBOE HaudaJhbHOE TOHSITHE, Ha3bIBaéMOe KOpHeM cuHceTa (root
synsets wim unique beginner). Beero as cyniecTBUTEIbHBIX HMEETCS 25 HaYalIbHBIX
MOHSATUN WJIM CMHCETOB BEPXHErO YPOBHS, TaKWX, Kak {entity}, {state},{event}, {act,
activity}, {animal, fauna}, {artifact}, {food}, {process}, {quantity, amount} u np.

Ucnonb3ys unrepdeiic WordNet, MOKHO MOTYyYUTh GparMeHT €€ TUIepoOHUMUYe-
CKOM (TUIIOHUMUYECKON ) HepaAPXHH.

Hanpumep, mns cuHcera stream, watercourse (a natural body of running water
flowing on or under the earth) pparmeHT Hepapxuueckoi ceTu OyaeT UMETh BUJI, IPE/I-
CTaBJICHHBIA Ha puC. 7.2.

Ha nanHom rpade y3i1bl COOTBETCTBYIOT CHHCETaM, a AYTH MOKa3bIBAIOT TUIIEPO-
HUMWYECKHE WU TUIIOHUMHUYECKHE OTHOIICHHUS, T. €. OTHOIICHUS MEXTY BBIIIECTOS-
IIIUMH ¥ TIOTYMHECHHBIMH KOHIICTITAMH.

Monyns wordnet makera nltk.corpus Mo3BOJISIE€T JIETKO OCYIIECTBIATh HEpapXUUe-
CKHE TICPEMEIICHHS MEXIy KOHIenTaMu. /[ TOro 4YToOBl MOJYyYHUTh HIDKECTOSIIUE
KOHIICTITHI TaHHOTO cuHceTa (Oonee criennpuiecKkue MOHSTHS) WU WX TUIIOHUMBI, UC-
noan3yercs Meroa hyponyms(). A it TOro 4ToObl MOJTYYUTh BBIMIECCTOSAIIMA KOHIICIT

JIAHHOTO cuHceTa (Ompkaiiiiee 0oJiee 001Iee TOHATHUE) WIIM €r0 TUIIEPOHUM, UCIIONb3Y-
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etcst meroa hypernyms(). Jlis Toro 4To0BI MOJyYnUTh KOPHEBOH THIIEpOHUM (root hy-
pernyms) JaHHOTO TOHSTHS, UCHOJIB3yeTCs MeToa oot _hypernyms():
from nltk.corpus import wordnet as wn
stream=wn.synset('stream.n.01")
print(stream.lemmas())
types of stream=stream.hyponyms()
print(types of stream)
print (stream.hypernyms())
print(stream.root_hypernyms())
2 hierarchy
[Lenma ('stream.n.0l.stream'), Lemma(|'stream.n.0l.watercourse')]
[Synset('branch.n.05"), 3Jynset('brook.n.0l'), Synset('headstream.n.0l"), Synset('river.n.01"), 3ynset('rivulet.n.0l'}, 3vn

[Synset ('body of water.n.0l'}]
B [3vnset ("entitv.n.01l"11

Stream (watercourse)

Liﬁﬁlfi\"err Headstream Brook, m“‘.";:ilet

branch tidewater, creek rill,
river, run,
tidal runnel,
stream, streamlet
tidewater
stream

Billabon brooklet Bull Run Aegospotami,

feeder,
tributary,  distributary
confluent,

affluent

Aegospotamo

Pucynok 7.2 — ®parMeHT uepapxuy OTHOIIEHUM U1l ISl CHHCETA stream,

watercourse (a natural body of running water flowing on or under the earth) 8 WordNet

Kpome otHOmenudt runonumun u runeponumun B WordNet cyiecTByroT
oTHomIeHUss MepoHumuu (meronyms) u xomonumuu (holonyms). OrtHoueHue
MEpPOHUMUU — OTO OTHOIIEHHWE MEXAY TMPEeAMETOM U €ro COCTOBJISIOUIMMH,
a OTHOIIIEHUE XOJOHHMHU — 3TO TMPOTHUBOIOJIOKHOE OTHOIICHHE MEXKIY YacThio U
nensiM. Hanpumep, wactsmu stream (motok) sBisitorest ford (6pom), meander

(u3BuiMHA, W3rub) u midstream (cpenuna noroka). CBsi3b MEXAY MOHATHEM stream U
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nonsatuamMu meander ford u midstream ycTaHaBnMBaeTCs C TOMOIIBIO (PYHKIHUU
part_meronyms():

from nltk.corpus import wordnet as wn

stream=wn.synset('stream.n.01")

print (stream.part meronyms())

OTH K€ OTHOILICHUSI TTOHATHS stream MOXKHO YBHJETh IO 3ampocy Ha caiite Word-
Net (puc. 7.3).

Word to search for: |Stream Search WordMNeat

Display Options: | (Select option to change} ¥ | Change
Key: "S:" = Show Synset (semantic) relations, "W:" = Show Word (lexical) relations
Display options for sense: (gloss) "an example sentence”

Noun

» 5. (n) stream, watercourse (a natural body of running water flowing on or under the
garth)

o part meronym
= 5 (n)ford, crossing (a shallow area in a stream that can be forded)
» 5. (n) meander (a bend or curve, as in a stream or river)
» 5 (n) midstream (the middle of a stream)

o direct hypernym [ inherited hypernym ! sister term

o derivationally related form
* 5. (n) stream. flow. current (dominant course (suggestive of running water) of

Pucynok 7.3 — OTHOLIEHHE MEPOHMMHUH JJIsl CUHCETa stream, watercourse (a natural

body of running water flowing on or under the earth) B WordNet

Merton substance_meronyms() moka3siBaeT BEIIECTBO, M3 KOTOPOTO COCTOMT
nanHoe mousatue. Hampumep, tree Bkimrovaet B ce0s heartwood u sapwood. OOGpaTtHOE
OTHOIICHHWE  ompenensercs wMetogom  substance _holonyms(). Merox mem-
ber_holonyms() moka3piBacT OTHOIICHHWE BKJIIOUCHHUS MOHATHS B HEKYH) OOIIHOCTb.
Hanpumep, konnekius trees npeacrapisier coboi forest.

JIi1s OIy4eHus MOHATHH, 3HaYeHHEe KOTOPHIX MPOTHBOIOIOXHO JaHHOMY CHHCE-
Ty, HCIIONB3yeTCst MeTo 1 antonymy():

print('oTHOIIEHHE AHTOHUMUU')

print(wn.synset("positive.a.01").lemmas())
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print(wn.lemma('positive.a.01.positive'))
print(wn.lemma('positive.a.01.positive').antonyms())

2_hierarchy

OTHONSHME BHTOHIMM
[Lemma { "po3itive.a.0l.positive’) ]
Lemma ("positive.a.0l.positive")
Gt [Lerma { "negative.a.0l.negative'), Lemma('neutral.a.04.neutral’)]

B npenpinymem npumepe ObLIO pacCMOTPEHO OTHOIICHWE aHTOHUMHUHM IS TIPHIIa-
rarenbHBIX. Kpome Beimeonucanubix, B WordNet cymiecTByIOT Takke cCIieldaibHbIE
OTHOIIICHHS, yCTaHABIMBAaeMble MEXAy Tiarosamu. Meron entailment() mokaseiBaer
OTHOIIEHUE BKJIIOYEHUS (BOBJICUEHUS) OAHOIO JeicTBus B apyroe. Hanpumep, walking
BJICUET 3a COOOH stepping:

print('OTHOIIIEHHE MEXKTy T1arojaamu')

print(wn.synset('walk.v.01").entailments())

2_hierarchy

OTHOMSHMS MEWIy DNIaTOJIaMM
[Synaet{"step.v.01")]

Ha puc. 7.4 mokaszaHa BuU3yaJM3alidsl JTAaHHOTO OTHOIIEHHUS s riaroia walk

WordNet.

Word to search for: lwalk Search WordNet

Display Options: | (Select option to change} ¥ || Change
Key: "S:" = Show Synset (semantic) relations, "W:" = Show Word (lexical) relations
Display options for sense: (gloss) "an example sentence”

Verb
« 5 (v) walk (use one's feet to advance; advance by steps) "Walk, don't runt”: "We

walked instead of driving": “She walks with a slight limp": "The patient cannot walk
yet": “Walk over to the cabinet”

entailment
« 5 (v) step (shift or move by taking a step) "step back”
o phrasal verb
o antonym
o derivationally related form
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Pucynok 7.4 — Busyaiu3zanusi OTHOILIICHUS «BOBJICUCHUS B IEUCTBUE» IS riarojia walk

Ha cante WordNet
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OOpaTuTe BHUMAHUE, YTO HE BCE CJIOBA U MOHSTHUS (CUHCETHI), IPEACTABICHHBIE B

WordNet, 061a1a10T BceM KOMIUIEKCOM MMEIOIIMXCS OTHOIIIECHMH.

7.4. Ucnoan3oBanue WordNet aj1s1  onpeaejieHdsi ceMAaHTUHYECKO 0JU30CTH

CJI10B

B WordNet cuHceTbl CBs3aHbl CIIOKHOM CEThIO JIeKCMUecKuX oTHoleHui. [1o 3a-
JTAHHOMY KOHKPETHOMY CHHCETY MOXHO mepemeniathesi o cetu WordNet st Toro,
YTOOBI HAUTH CUHCET CO CBSI3aHHBIM 3HAYCHUEM.

Kaxx1p1ii cMHCeT UMeeT OJIMH WM OO0JIbIlIe MyTel TUIIEPOHUMOB, KOTOPHIE CBS3bI-
BaIOT €r0 C KOPHEBBIM TUNepoHUMOM — entity.n.01. /[Ba cuHceTa, CBsI3aHHBIE C OJHUM U
TE€M >K€ KOPHEBBIM THIEPOHHUMOM, MOTYT UMETh HECKOJIBKO OOIIMX THIIEPOHUMOB Ha
Oonee HUBKUX YpOBHsX. EciiM /Ba CMHCETa COBMECTHO OTHOCATCA K OJHOMY, HHU3KO
CTOSILIIEMY B UE€PAPXUU TUNIEPOHUMY (O0Jiee CrienaibHOMY, a HE 00IIEeMYy MOHSATUIO), TO
OHM  MOTYyT HMETh OYEHb OJU3KOE CEeMaHTHYecKoe 3HadeHue. Meton
lowest_common_hypernyms() s 3agaHHOrO CHHCETa TIIO3BOJISET OIPEICIUTh
HAaUMEHBIITUN OOIIMM TUIEPOHUM JIJIsi JAHHOTO CUHCETa M CHMHCETA, 3a/IaHHOT0 B Kaue-
CTBE MMapameTpa.

Hampumep, cornmacHo puc. 7.1 HauMEHBIIMM OOIIMM THUIIEPOHMMOM JUIsl CJIOBA
billabong u cmoBa feeder siBnsercs cioo branch. OmHako, 0UY€BUIHO, YTO OTHOIICHHS
CEMaHTUYECKON OJIM30CTH YCTAHABIMBAETCS HE MEXIY CIOBAMH, a MEXKY MOHITUSIMHU
WJIU CUHCETaMU:

from nltk.corpus import wordnet as wn

print(wn.synsets('branch'))

print(wn.synset('branch.n.05").hyponyms())

print(wn.synset('billabong.n.02'").lowest common_hypernyms(wn.synset('feeder.n.03")))

print(wn.synset('billabong.n.02").lowest common_hypernyms(wn.synset('work.n.01")))

B pesynbrare gaHHOTO MPOTPaAaMMHOTO KOJia BUIHO, YTO HAMMEHBIIINM OOIIUM TH-
nepoHuMoM y cuHceta billabong.n.02 u cuncera feeder.n.03 sBuseTcs cuHCET
'branch.n.05'. B To Bpems kak y coBceM pas3Hbix noustui billabong.n.02 u work.n.01

HANMEHBIIUM OOIIM TMIIEPOHUMOM SIBJISIETCS KOPHEBOU TUIIepoHuM 'entity.n.01":
y
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[Synset{'branch.n.01'), Synset({'branch.n.02'},

Synset{'branch.n.03"}), Synset('outgrowth.n.0l'), Synset{'branch.n.03"'},

[Synset('billabong.n.02"), Synset({'distributary.n.01'j, Synset('feeder.n.03")]

[Synset ('[Bannay-n.05")]

[Synset{'entity.n.01")]

= =

Meton min_depth() mo3BossieT onpeaeanTh MUHUMAIEHOS PACCTOSHHUE B Hepap-

XMYECKOW CEeTH OT JAHHOTO CHHCETa 0 KOopHeBoro cuHcera 'entity.n.01’. Hampuwmep,

MUHHMMaJIbHOE paccTosiHue (MM MUHMMalbHas ri1yOuHa) cuHceTa 'entity.n.01’ paBHa 0,

MUHHMMaJbHas TJIyOuHa J0 cuHceTa billabong.n.02 paBHa 6, a MUHMMasbHAs TJIyOHHA

cunceta 'branch.n.05' paBHa 5:

print('"MUHHaJIbHAS TITyOMHA')

print('MuHHaNIbHAs TITyOMHA cuHCeTa entity.n.01 paBHa',

wn.synset('entity.n.01").min_depth())

print('MuHHaNbHAS TyOMHa cuHceTa billabong.n.02 paBHa',

wn.synset('billabong.n.02").min_depth())

print('MuHHaNIbHAS T1yOMHA cuHceTa branch.n.05 paBHa',

wn.synset('branch.n.05").min_depth())

Semantic similarity

MHMHHMaNeHa R
MMHHMaNbHa A
MIMHManbHa A
MIMHMaNEHaA

mTyEMHE
TaryEEHE
TaryBiEHa
TaTyBiHE

cHHCeTa entity.n.0l pasxa 0
cuacera billabong.n.02 pasHa &
cuecera branch.n.05 pasHa 2

Mepbl CeMaHTHYECKOTO CXOJICTBA, KOTOPBIE onpeessitoTes no cioBapio WordNet,

0a3upyroTCs Ha MOHATHH MUHUMalIbHOU TyouHbl. Hanpumep, meton path_similarity()

ompenensieT 3HaueHue B Auanazone oT 0 70 1 U cemMaHTUUYECKYyI0 OJM30CTh KaK BEIUYH-

HYy, 0OpaTHYIO JUIMHE CaMOTr0 KOPOTKOTO MYTH MEXAY ABYMSI KOHIENITAMU B UEPAPXUU

runepoHuMoB WordNet. MeTtoj Bo3Bpamiaet -1 B ToM citydae, €Clii yTH MEXKIY ABYyMs

KOHLIETITaMU He cyliecTByeT. [IycTh AfiMHa myTH OT KOHIENTa K caMoMy cebe paBHa 1:

print('cemanTHYECKast OJIU30CTH')

print('cemanTrueckas 6auzocth branch.n.05 u billabong.n.02 pasna',\

wn.synset(‘branch.n.05").path_similarity(wn.synset('billabong.n.02')))

print('cemanTrueckas 6mu3octh branch.n.05 u branch.n.05 pasua',\
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wn.synset('branch.n.05").path_similarity(wn.synset('branch.n.05")))
print('cemanTrueckas 6au3octh branch.n.05 u entity.n.01 pasua',\

wn.synset('branch.n.05").path _similarity(wn.synset('entity.n.01')))

Semantic similarity
ceMaHTHUeckad BIM3ocTh
ceMaHTHUeckad DumsccTe branch.n.05 m billesbong.n.02 pasga 0.5
ceMaHTHUeCcKaA Gmr3ccTes branch.n.05 # branch.n.05 passa 1.0
CEMEHTHUeCKaA Bmi3ccTes branch.n.05 # entity.n.0l pesda 0.1666666GGGERAEGGE

KOHTpOJILHbIe BOINIPOCHI U NMPAKTUHYECCKHUE 3aJlaHUA 110 TEME «CemMaHTHUYECKAS

o0padorTka. Padora ¢ Tezaypycom WordNet»

1. Tlomyuute Bce cunceTsl ciona “dish”. 3aitnute Ha cailt WordNet u yoeaurech
B MPABWIBHOCTU TOJYYEHHBIX CHHCETOB. B OTYeTe MpUBEIUTE CKPUHILIOT pe3yibTaTa
noucka gaHHoro ciioBa B WordNet.

2. Tlomyuute ompeaencHUE U MPUMEP UCIOJIb30BAHUS JIEMMbI TPETHETO CUHCETA
CYILIECTBUTEIILHOTO U MEPBOr0 CMHCETA riarojia cioBa “dish”.

3. Ilomyuute Bce MMEHA, ONPENEIICHHS W IPUMEPHI UCIIOJIB30BAHUSA CHHCETOB
cymiectButenbHoro “dish”.

4. TlomyuuTe Bce HMMEHA, ONpPENENCHUS W MPUMEPHI HCIIOJIb30BAHUS CHUHCETOB
rinarosna “dish”.

5. Tlomyuute neMMy U UMs JaHHOM JIEMMBI JIF0OOTO cuHCceTa cioBa “dish”.

6. IlomyunTe BCE HUKECTOSIIME W BBIIIECTOSIIIME B POJIO-BHIIOBOM HEpapXUU
WordNet koHIENTHI MEPBOro CHHCETA CYIIECTBUTEIbHOTrO cioBa “‘work”. Ilomyuure
KOPHEBOU TUIEPOHUM JaHHOTO KOHIeNnTa. OOBSCHUTE 3aMUCh TTOJYYCHHBIX KOHIIEIITOB.
[TpuBeauTEe CKPUHIIOT AaHHOU Hepapxuu ¢ caita cioBaps WordNet.

7. C nomomsto WordNet onpenenure, U3 Kakux BemIeCTB cocTouT “wood” (uc-
MOJIB3YUTE MEPBYIO JIEMMY CYIIECTBUTEIBHOTO JAHHOTO CJIOBA) M YacThlO KaKUX Be-
necTB oHo sBiseTcs. [IpuBeaure ckpuHIIOT ¢ caiita cioBapss WordNet, moarBepxaa-
IOIUN TPaBUIILHOCTD MOJTYYEHHOTO Pe3yJbTara.

8. Tlomyuurte antonum nouatus “horizontal”. [IpuBenuTe CKpUHILIOT C caiiTa clo-
Bapss WordNet, moaTBep X Aar0Ui MPaBUIIBHOCTh MOJYYEHHOTO PE3yJIbTarta.

9. Ilokaxwute, Kakue NCHCTBUS BOBJICUCHBI B MOHATHE “‘eat”.
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10. Haiimtute HaumMmeHblmmii oOmmui rumoHUM  cuHceToB  'bowl.n.02' wm
'‘polyhedron.n.01".

11. Haiinure HauMeHbIIMK oOwmmMil rummoHuM cuHcetoB 'bowl.n.0l' wu
'‘polyhedron.n.01".

12. C moMomnipio CKpUHIIOTOB ¢ caiita cioBaps WordNet oObsicHUTE pa3HUILYy pe-
3yJibTaToOB 10-10 M 11-r0 MyHKTOB 3aAaHUsl.

13. Onpenennure CEMaHTHUECKOE PACCTOSIHUE MEXAy cuHceTamMud job.n.07 u
work.n.01.

14. Onpenennutre CEMAaHTHUECKOE PACCTOSIHME MEXAy cuHceTamMud job.n.07 u
job.n.07.

15. Onpenennure ceMaHTUYECKOE PACCTOSIHUE MEXAy cuHceTramu job.n.07 u enti-
ty.n.01

16. C moMonipio CKpUHIIOTOB ¢ caiita cioBapss WordNet oObsicHUTE pa3HUIlYy pe-

3yJibTaToOB 10-10 M 11-r0 MyHKTOB 3aAaHUsI.
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Tema 8. PABOTA C KOPITYCAMM B NLTK
8.1. Pabora c momynem nltk.corpus makera NLTK.
8.1.1. Kopniyc IIpoekra I'yrenGepra.
8.1.2. Kopmyc webtext.
8.1.3. Kopmyc nps_chat.
8.1.4. Kopnyc bpayna (Brown corpus).
8.1.5. Reuters-kopmyc.
8.1.6. Kopmyc inaugural.
8.2. TekcToBBIE KOPITyCa HA PA3JIMYHBIX s3bIKaX. MCrionb30BaHne KOJUPOBOK.
8.3. 3arpy3ka COOCTBEHHOI'0 KOpITyca.
8.4. Pabora c pazmeuyennbiMu koprycamu B NLTK.
KoHTpobHBIE BOMIPOCH] U MPAKTUYECKKE 3a/1aHusl o Teme «PaboTta ¢ kopmycamu B

nltky.

8.1. Pabora c moaysem nltk.corpus makera NLTK

Moayne nltk.corpus makera nltk npeanasnaueH a1 qocTyna K Kopimycam U Apy-
TUM JIGKCHYECKHM pecypcaM. B MMpoKoM MOHUMaHUU «TEKCTOBBINA KOPITYC» MPEICTaB-
asieT co00M OO0JBIION MacCHB COOPAHHBIX IO ONPEAEICHHOMY MPUHIUITY (3KaHpy, TeMa-
TUKE, BPEMEHHU U T. JI.) TeKCTOB. OOBIUHO KOPIIYC COJEPKUT MHOKECTBO TEKCTOBBIX
(baiisioB, KOTOPBIC MPU aHAIM3E KOPIyca pacCMaTPUBAIOTCS KaK €UHbIA O0OBEKT (OJUH
TEKCT).

CaMble TTPOCTHIE TEKCTOBBIE KOPITyca HE MMEIOT HUKAKON CTPYKTYpPBI M MIPECTaB-
JSIIOT COOOM MPOCTYI0 KOJUIGKIMIO TeKCTOB (Hampumep, Gutenberg corpus, Webtext
corpus). OnHaKo yalie BCEro TEKCTOBBIE KOpIyca MPEICTAaBJICHbI OMNpPEIEICHHBIMU
cTpykTypamu. OOBIYHO TEKCTHI B TAKMX KOPITyCax CIPYHIHPOBAHBI 0 KATETOPHUSIM, KO-
TOpbIE MOTYT COOTBETCTBOBATh >KaHpPaM, HMCTOYHUKAMH, aBTOpaM, sI3bIKaM M T. .
(nanmpumep, Brown corpus). MlHorna takue kateropuu nepecekaroTcsi, 0COOEHHO B CITy-
gae TeMaTUYECKMX KaTeropHii, KOrja TEKCT MOXET ObITh PEeIeBaHTEH OJHOBPEMEHHO
HECKOJIbKMM TeMaM (Hampumep, Reuter corpus). TekCTOBbIE KOJUIEKIIMM MOTYT TaKXke
UMETh BPEMEHHYIO CTPYKTYpYy, Hanbosee oOIrM MPUMEPOM KOTOPOH, SBISIOTCS KOJI-

JeKIuu HoBocTel (Hampumep, Inaugural corpus).
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[Taker NLTK mnoanep:xuBaetr >QQeKTUBHBIN AOCTYN K Pa3IdYHBIM KOpITycaMm U
MOJKET OBITh HCIIOJIB30BaH JUIsl pabOThl ¢ HOBBIMHU Kopirycamu. OCHOBHBIE (DYHKITUU
Moy hltk.corpus:

— fileids () — Bo3Bpariaer ciucok ¢aityioB JaHHOTO KOPITyca;

— fileids ([categories]) — Bo3Bpaiaer criucok (aiioB JaHHOTO KOpITyca, KOTOPhIC
OTHOCSITCS] K HA3BaHHBIM KaTETOPHSIM;

— categories () — Bo3BpalaeT KaTeropun Kopmyca;

— categories ([fileids]) — Bo3Bparmraer kareropwm KOpIyca, KOTOPBIM COOTBET-
CTBYIOT (paJibl CIIUCKA;

— raw() — Bo3BpamiaeT HeoOpabOTaHHBI KOHTEHT Kopmyca, 0e3 Kakou-mOo
JUHTBUCTUYECKOIN 00paboTKH;

— raw (fileids=[f1, f2, f3]) — Bo3BparmaeT HeoOpaOOTaHHBIN KOHTEHT BHIOPAHHBIX
(aitnos;

— raw (categories =[cl, c¢2]) — Bo3BpaiaeT HeOOpaOOTaHHBI KOHTEHT BBHIOpAH-
HBIX KaTEropHhi;

— words () — Bo3BpaIlaeT CUCOK CJIO0B ITOJIHOTO KOpITyca;

— words (fileids=[f1, f2, f3]) — Bo3BpaIaer cnucok cioB BeIOpaHHOTO (haiiia;

— words (categories =[cl, ¢2]) — BO3BpalIaeT CHMCOK CIIOB CIHCKa 3aJaHHBIX
KaTerOpui;

— sents () — AeuT MOJTHBIA KOPITYC Ha MPETIOKEHHS U BO3BPAIACT CITUCOK CITHC-
KOB CJIOB KQXKOTO TIPEIJIOKEHUS TCKCTA;

— sents (fileids=[f1, f2, f3]) — neauT TekcT BHIOpaHHBIX (aiIOB Ha MPEATOKCHHUS
¥ BO3BpAIllaeT CIHUCOK CITMCKOB CJIOB KaXKIOTO MPEIJIOKEHHS TEKCTa;

— sents (categories =[c1, c2]) — neaUT TEKCT BEIOPAHHBIX KATETOPUI HA TIPEIIIO-
’KCHHSI K BO3BpAIIACT CITUCOK CITMCKOB CJIOB KAXKJIOTO MPEIOKEHUS TCKCTa;

— abspath(fileid) — onpenenser abconrOTHBIN MyTh K (aiily Ha JIHUCKE;

— encoding(fileid) — Bemonaser konupoBanue (haiina;

— open(fileid) — oTkpbIBac 3amaHHbIi (aiia Kopyca IS YTCHHS,
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— root() — Bo3BpaImaeT myTh K KOPHEBOMY KaTaJIOTy YCTAHOBJICHHOTO Ha KOMIThb-
I0Tep KOpITyca;

— readme() — Bo3Bpammaet coaeprxkanue daitna README kopmyca, eciid OH €CTb.

8.1.1. Kopnyc IIpoekTa I'yreH6epra

bubnnoreka Project Gutenberg http://www.gutenberg.org/catalog/ comepxur 60-
aee 5700 SJEKTPOHHBIX KHHT XYJ0’KECTBEHHOW JIMTEpaTypbl CBOOOJHOTO JOCTYIa B
dopmarax ASCII text, epub books u kindle books, KoTopsie MOXKXHO CKadaTh WIJIA Y-
TaTh online. B OCHOBHOM 371eCh pa3MeIIeHbl KHUTH Ha aHTJIMACKOM SsI3BIKE, HO €CTh
Takke TeKCThl Ha Jpyrux s3bikax (Catalan, Chinese, Dutch, Finnish, German, Italian,
Portuguese u Spanish).

Jl71st Toro 4yToOBI CKavaTh TEKCT C JIAHHOTO caiiTa, MO>KHO BOCIIOJIb30BAThCS TMaKe-
ToM requests. Tak kak OubOimoTeka requests npenacrasisier coOOM HAACTPOMKY HaJ
HU3KOypoBHEBO# Onbnmmotekoit Urllib3, To maker urllib3 momwken ObIThH Tak e mpeaBa-

pUTEIbHO ycTaHOBJIeH (puc. 8.1).

Project: Tokenizer } Project Interpreter For current project

Project Interpreter: | ©° Python 3.6 (untitled) e

R Package s Version s Latest +

nltk 33 33
numpy 1151 B 1152

pip 901 = 180
matplotlio 4.4.3 - 300
requests 2191 2191

setuptools 3841 = 4043
SIX 1.11.0 1.11.0
urllib3 123 1.23

Pucynox 8.1 — Ycranoska nakera requests B PyCharm

Python-6ubnuoTeka requests npeaHazHayeHa JjIsl BHIIOJIHEHHS 3apocoB K Beb-
cepBepy U 00paboTku OTBeTOB. [lonb3ysich MaHHOW OMOTMOTEKOM, MOXKHO TMOITYYUTh
COZIEP’)KUMOE BeO-CTpaHuIlbl B BUie html yist nanbHeiein 00paboTKu.

Hampumep, nst Toro uto0sr ckagyate CRIME AND PUNISHMENT By Fyodor
Dostoevsky B daiin text.txt, MOXKHO BOCIOJIB30BAThCS CICAYIOMMUM (PparMeHTOM Mpo-

rpaMMHOI0 KOJa:

108


http://www.gutenberg.org/catalog/

import requests

f=open(r'text.txt',"wb")

ufr=requests.get ("http://www.gutenberg.org/files/2554/2554-0.txt")

f.write (ufr.content)

f.close()

Monyns nltk.corpus.gutenberg npennasHaueH st paboThl ¢ KOPIycOM OUOIHO-
Teku gutenberg.

Hanpumep, ucrnons3ys ¢yakuuto fileids(), moxxuno monyunts uHbopMaiuo 00
uMeHax (aiiioB, conepxamuxcs B Kopryce ['yrrenOepra, a 3aTeM, HCIONB3YsT (QyHK-
muto words (fileids), momyunTs civicok c10B BEIOpaHHOTO (aiisia U ONpeIeUTh KOJIU-
YECTBO CJIOB B JAHHOM CITHUCKE:

import nltk

print(nltk.corpus.gutenberg.fileids())

carroll=nltk.corpus.gutenberg.words("carroll-alice.txt")

print (carroll)

print(len(carroll)) # xonuuecmeso cnos 6 mexcme npouszsedenus "Anuca 6 cmpane

02 /eamrs

e LTS

, 'bible-kjv.txt', 'bla

Ucnionp3ys 1ukin for MOKHO TOJNYYUTh HEKOTOPBIE CTATHCTHUYECKHE XapaKTepH-
CTUKHU KaXXJ10T0 (haiiyia Kopmyca TeKCToB npoekra ['yrenoepra:

— CPEIHION JUIMHY CJIOBa B KOPIyCE, PaBHYIO KOJMYECTBY CUMBOJIOB B KOpITyCeE,
JICJICHHOMY Ha KOJIMYECTBO CJIOB;

— CpeIHee KOJIMYECTBO CJIOB B MPEIJIOKEHUN KOPITyCca, pABHOE KOJIUYECTBY CJIOB,
JIEJICHOMY Ha KOJIMYECTBO MPEIJIOKEHUI;

— pa3mep rioccapusi KOpIyca, T. €. KOJTMYECTBO YHUKAIbHBIX TOKEHOB KOPITyCa;

— OILICHKY JIGKCUYECKOTO Pa3HOO0pa3us — KOJUYECTBO TMOSIBICHHUHN KaXXI0TO YHH-

KaJIbHOI'O TOKCHA B KOPITYCC:
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from nltk.corpus import gutenberg
for files in gutenberg.fileids():
num_chars=len(gutenberg.raw(files)) # xonuuecmeo 6yxe 6 mexcme
num_words=len(gutenberg.words(files))
num_sents=len(gutenberg.sents(files))
print(files, "average word length =", int(num_chars/num_words), \
"average sentence lenght =", int(num_ words/num_sents))
num_vocab=len(set(w.lower() for w in gutenberg.words(files)))
print ("YHUKaIBEHBIX TOKEHOB= ", num_vocab, " nekcuueckoe pazHoobpasme =", \

int(hum_words/num_vocab))

guTenoerg

austen-emmsa.txt average word length = 4 average sentence lenght = 24

YHMEANBHEHK TOREHOB= 7344 nexcuuecxoe pasHoobpasme = 26
austen-persuasion.txt awverage word length = 4 average sentence lenght = 26
YHMRANLHHY TORSHOB= 5835 onexcuuecxoe pasHoobpasme = 16
austen—-sense.tit average word length = 4 average sentence lenght = 28
YHMRANLHHY TORSHOB= 6403 mexcuuecxoe pa3HoobBpasue = 22

bible-kjv.txt average word length = 4 average sentence lenght = 33

Hcnone3ys pynknuto sents (fileids), MoskHO pa3aenuTh TEKCT HA MPEIIOKEHUS U
HOJYYHUTbH CIIHCOK CIFICKOB CJIOB KaXKJIOTO MPEIIOKEHUS:
print(gutenberg.sents("'shakespeare-hamlet.txt "))

print(gutenberg.sents("'shakespeare-hamlet.txt '*)[23])

JUTENDETD
[["["y "The", 'Tragedie', 'of', 'Hamlet', 'by', '"William', 'Shakespeare', '1599', ']'], ["ZActus"', "Primus', "."], ...]
['"Het', 'a", "Mouse', "stirring']

8.1.2. Kopnyc webtext

Kopmyc webtext comepxut Menee GopMaibHBIN S3bIK, 4eM Kopiyc ['yrenOepra.
On BKiIrOYaroT TeKCThI hopyma «Firefox discussion forumy, cuenapuii punsma Pirates
of the Caribbean, nuunble pekiiaMHbIC 0OBSBIICHHUS, PELICH3UH BUH U JIp.

Hwxe mpuBeneH pparMeHT Koja, MO3BOJISIONINKN YBUIETh UMEeHA (haiiIoB KOpITyCa,

KOJIMYECTBO CJIOB B KaXKJI0M (paitsie u repBbie S0 CUMBOJIOB Kaxaoro (paiina:
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from nltk.corpus import webtext

for files in webtext.fileids():

print (files, len( webtext.words(files)), webtext.raw(files)[:50], "...")

Tk

L=

web_texts

firefox.txt 102457 Cockie Manager: "Don't allow 3ites that set remove ...
grail.txt 16967 3CENE 1l: [wind] [clop clop clop]

KING ARTHUR: Who ...

overheard. txt 215413 White guy: Sc, do wvou have any plans for this even ...
pirates.txt 22679 PIRATES OF THE CRERTREAN: DERD MAN'S CHEST, by Ted ...
3ingles.txt 4867 25 S5EXY MALE, seeks attrac older single lady, for
wine.txt 31350 Lowvely delicate, fragrant Bhone wine. Polished lea ...

8.1.3. Kopnyc nps_chat

Kopnyc mraoBennsix coobmienuii yara «Naval Postgraduate School» cobpan mns

HCCIICIOBAHUM [0 aBTOMATUYECKOMY OINPEACICHUI0O HWHTEPHET-3J0YMBIIIJICHHUKOB.
Hanneiii kopryc conepxkut 6osee yuem 10 000 mocToB, KMEHAa aBTOPOB KOTOPBIX 3aMe-
HeHbl Ha “UserNNN”. Kopmyc BkimtodaeT 15 (aityioB, Kbl 13 KOTOPBIX COJIECPKHUT
COTHHU TIOCTOB, CTPYHIUPOBAHHBIX MO JaTe JJISI KaXKJA0W BO3PACTHOM Tpymnmbl (TUHIU-
moxepsl, 20-netaue, 30-netaue, 40-netaue, chatroom mis B3pocibix). MMs daitna co-
JEpKUAT JaTy, UMsl yata U Homep mocrta. Hampumep, daitn 10-19-20s 706post.xml

BKitovaet 706 moctoB, coOpanHbix u3 chatroom 20-netnux 19.10.2006:

from nltk.corpus import nps_chat

for files in nps_ chat.fileids():

print (files)

chatroom=nps_chat.posts('10-19-40s_686posts.xml')

print (chatroom)

for chat in chatroom:

print (chat)

10-19-20s_7T06&posts.xml
10-19-30s_705posts.xml
10-19-40s_686posts.xml
10-19-gdults_T706posts.xml
10-24-40s_7T06&posts.xml
10-26-teens_T0&posts.xml
11-06-adults_T706posts.xml
11-08-203 705posts.xml
11—ﬂ9—dﬂq_7ﬂ£nﬁqrq wml
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11-09-20s_7T0eposta.xml

11-09-40s_7T06posts.xml

11-09-adults_706posts.xml
1 11-08-teens_T06posts.xml

1 [["hi', '023'], ["lowve', 'me', "like', 'a',

Yo ['miv, 'U23']

I ["1lowe", "me', "like', 'a', 'bombk', 'baby’',

s ["hi', "O23']

I ["Pour", 'some', 'sugar', 'on', "me', "babe',
[*JOIN"]

8.1.4. Kopnyc bpayna (Brown corpus)

'bomb',

'come",

'ﬂ',

"baby"',

'on',

‘get',

' COm

"get',

'see’,

Mopynb nltk.corpora 6ubmuoreku nltk taxke BkimrouaeT Kopmyc bpayna (Brown

COIpUS), HpeI[CTaBJ'ISIIOH_[I/Iﬁ HGpBBIfI MUJIJIMOHHBIN BHCKTpOHHBIﬁ KOpIIyC TCKCTOB aH-

TJIMICKOTO S13bIKa, Co34aHHbIM B 1961 rony B YHuBepcurere bpayna. Kopnyc conepxur

TekcThl U3 500 HCTOYHHUKOB, KaTCIrOPHUPOBAHHBIX IIO KaHpaM (HOBOCTI/I, CTaTbu, Xya0-

YKECTBEHHAas JIUTepaTypa, OMOp | T. 11.).

Mo>kHO IIOJIYUUTH CIIMCOK KaTGFOpI/Iﬁ KOpIIyCa U CIIMCOK CJIOB KOHKpGTHOﬁ KaTce-

ropuu kopmnyca bpayHna:

from nltk.corpus import brown
print("Kareropuu xoprmyca bpayn")

print (brown.categories())

print("Cnucok cioB, kareropuu hobbies ")
print (brown.words(categories="hobbies'))
print("Cnucok ¢aiinos, kareropuu hobbies ")
print (brown.fileids(categories="hobbies'))
print("Cnucoxk cios, ¢aiina 'ce03' ")

print (brown.words(fileids=['ce03']))

HaTeropmd kopnyvca Bpaye

["adventure', 'belles lettrea', 'editorial', 'fiction',
Commcor cinoe, xaTerocpsd hobbies

["Toa", "often', "a", 'beginning', 'bodybuilder', ...]
Comcox daiinos, maTerops hobbies

["ceOl", "ced2', "ce03", "ce04", "cel5', "cel&', 'cel7',
CoMcox cloB, tdaitng "cel3!'

['"Five', ',', 'four', ',', "three', ',', "two', ',",
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"cel08",

'celqr',

'hokbies",

'celO",

"humor"',

'cell”,

"learned"',

"cel2?®,

"CE



8.1.5. Reuters-kopnyc

Reuters-kopryc Bximtouaet 10 788 10KyMEHTOB HOBOCTEH, Bcero coaepxkammx 1,3
MUJITHOHOB CJIOB. JIOKyMeHTHI kiaccuuiupoBanbl mo 90 TemMaMm W TpylmupOBaHbI B
JBa MHOKecTBa: “train” u “test”. Hampumep, daitn “test/21576” mpencrasisier coboi
JOKYMEHT U3 TECTUPYEMOTO MHOXKECTBA!

for files in reuters.fileids():

print (files)

test/21571
te3t/21573
test/21574
y | Lest/21575
test/215746
training/1l
training/10
training/100

B otnuume ot kopmyca bpayna, xareropum B Reuters-kopmyce mnepecekaroTcs
MeXay coOO#, T. €. OHAa M Ta € HOBOCTh MOXET OJIHOBPEMEHHO MPHHAJJICKATh He-
CKOJIBKUM T€MaM.

C nmaHHBIM KOpPITyCaMH TaK)K€ MOTYT WCIOJIB30BaThCs (DYHKIIMM  MOIYJIS
nltk.corpora:

from nltk.corpus import reuters

print(reuters.categories())

print()

print(reuters.categories([ 'test/21575",'test/21574']))

print(reuters.fileids(['barley','alum’,'ship']))

——————

['acg', "alum', 'barley", 'bop', 'carcass', "castor-oil', 'cocoa', '"coconut', "coconut-cil', "coffee', "copper'
["ipi', "ship']
3 ["test/14839", 'test/14357', "test/1495%", 'test/15368', "test/15484", "test/15531", 'test/15613", "test/15649"

L=

Process finished with exit code 0

8.1.6. Kopnyc inaugural
Eme ogun xopriyc, KOTOpbINA BKIOYaeT Oubnuoreka kopnycoB nltk, cogepxut 55

TEKCTOB MHHAYTypalMOHHBIX BhICTyIUIeHUN Tipe3uaeHToB CIIIA. Mms kaxmoro daiina
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COJICPKUT TOJl MHAYTYPAIUH:
from nltk.corpus import inaugural
print("Inaugural Corpus")
print(inaugural.fileids())
print ([fileid[:4]for fileid in inaugural.fileids()])

Inaugural Corpus
["17889-Washington.txt', "1793-Washington.txt', '1797-Adams.txt', "1E801-Jefferscon.txt"', "1E05-Jef
[*17g9', '17%3"', '17%7', '1&01v, ‘*1l&05', ‘*1s09°, '1B13', ‘'1sivv, ‘'1E21v, ‘'1825v, 'lE29', ¢

8.2. TexcToBbIe KOpIMyca HA Pa3IHYHBIX A3bIKaX. Mcnoab30Banne KOTHPOBOK

Kpome BblienepeunciaeHHbix kopiycoB, 0uoimoreka NLTK comepxuT MHOrO
TEKCTOBBIX KOPITyCOB pa3nuyHbIX s13bIK0B. Kopnyc udhr nakera nltk.corpus npencras-
nsieT coboit Beeobmryro nekmapanuio mo npasam desioseka (Universal Declaration of
Human Rights), mpencrasnennyto 6onee uem Ha 300 si3pikax. MiMst Kax10r0 BKIFOUCH-
Horo B Udhr kopriyc ¢aiina coneput Ha3BaHUE SI3bIKAa M UCTIOJIB3YeMyto B (paiiie ko-
mupoBky. Hanmpumep, UTF8, Latinl wm Cyrillic:

from nltk.corpus import udhr

print(udhr.fileids())

["Abkhaz-Cyrillic+ibkh', '"Abkhaz-UTFE', 'Achehnese-Latinl', "Achuar-Shiwiar-Latinl', 'Adja-UIF&’

OpnHako, K COXKAaJICHUIO, K HACTOSLEMY BPEMEHU JIJII MHOTHX SI3BIKOB HET CYIIE-
CTBEHHBIX KOPITYCOB. JTO CBSI3aHO C HEJAOCTATOYHON rOCYAAapCTBEHHOW WJIM MPOMBIIII-
JICHHOM TNOJJIEPKKOU Pa3BUTHUS JTUHIBUCTHUECKUX PECYPCOB, a UHAUBUYyaIbHbIE YCH-
TS SIBJISIFOTCS YaCTUYHBIMU, TPYAHO ONPEACISIEMBIMU U, 3a PEAKAM UCKIIFOUEHUEM, J10-
IIyCKAIOLIMMH ITIOBTOPHOE HCIOJb30BaHUE. KpoMe TOro, HEKOTOphIE SI3bIKM HE MMEIOT
YCTOSIBILIEWCS] CUCTEMBI IMCbMEHHOCTU Y HAXOAATCS HAa TPAaHU MCYE3HOBEHUS.

Pabota ¢ TekcTaMH pa3NUYHbBIX SI3BIKOB TPEOYET MCMOJIb30BAaHUS PA3IMYHBIX KO-
TUpoBOK. Eciii TOBOpUTH O TEKCTaX Ha aHTJIMHCKOM $I3bIKE, TO TaKHE TEKCThl OOBIYHO
ucnonb3ytoT ASCII-koanpoBky. EBponelickue s3bIKM OOBIYHO HCIOJB3YIOT paclIiv-

PEHHYIO JIATHHUILY, COJIEPIKAIIYI0, HAPUMEP, TAKUE CUMBOJIbI, KaK ¥, O WIH C; PyCCKUM
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1 YKPAaWHCKHUM SI3BIKK WCIIOJIB3YIOT KUPWIUIHIYY U Tak ganee. OObaHO mjisi 00paboTKu
Takux TekcToB B Python HeoOxommmo umcmonb3oBaTh Unicode. B mporpamme MokHO
MaHumyupoBaTh Unicode-cTpokoii mogo0HO 00BIYHOM CTPOKE.

J171s TOro 4TOOBI MPEACTaBUTh KOAUPOBKY TeKCTa B ¢aiine, B Unicode ncnonbs3yer-
cs nexoaupoBanue (decoding). M, HaoGopoT, 4yToOBI 3amucath TekcT u3 Unicode B
¢aiin WM BBIBECTH €T0 Ha DKpaH, MPEXkJIe BCEro, HEOOXOIUMO MPEACTaBUTh €0 B MO/I-
XOJAIIeH KoaupoBKe. Takoii mporiecc Ha3bIBaeTCs KoaupoBanueM (encoding).

Jl1is TorO, 9TOOBI KOJUPOBATh U JIEKOAUPOBATH Pa3INIHBIC KOJTUPOBKH TEKCTA, MC-
noJip3yercss Moy codecs makera NItk. Momyns codecs copepxut GyHKIMH JIEKO U~
poBaHus Tekcta B cTpoky Unicode u, Hao60poT, kogupoBku Unicode cpoku. OyHKIMA
codecs.open() comepkuT mapaMeTp BUa KOJAUPOBKH I 0003HAYCHHS Croco0a KOIu-
POBKH OTKPBIBAEMOro (paiina.

Hamnpumep, ects HeOOmbII0M TeKCTOBBIN (aitn polish-lat2.txt. Ums daitna npeamno-
jJaraer, 4YTo JTO OTPBIBOK TMojJbckoro Tekcta (w3 Ilonmbckoit Bukunenuu,
http://pl.wikipedia.org/wiki/Biblioteka Pruska) m uro ¢aiin 3akomupoBan kak Latin-2;
KOJIUPOBKa Takke uMmeeT HazBaHue 1SO-8859-2.

Oyukmus find() momyns nltk.data mo3Bomnsier HaxoauTh Gain A J1o0oro Je-
MeHTa Kopryca. Bo3Bpamaemoe ¢yHKIIMEH 3HAUEHHE MOKET OBITh UCTIOJIb30BAaHO B Ka-
YeCcTBE Mapamerpa s OTKPhITHS ¢aitila BCTPOSHHBIM MeToaoM OpPen() U MeToaoMm
codecs.open() moayns codecs. Tekcr, Bo3Bparaemblii pynknuerr codecs.open() mo-
aynst COdecs ist mocaeayroIero ureHus, mpeacrasieH B Unicode:

import nltk

import codecs

path=nltk.data.find('corpora/unicode samples/polish-lat2.txt")

print(path)

f=open(path)

print(f.read())

f=codecs.open(path, encoding="latin2")

print(f.read())
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encoding

Pruska Biblioteka Pacstwowa. Je] dawne zbiory znane pod nazws
"Berlinka™ to skarbk kultury i sztuki niemieckie]j. Przewiezione prze:z
Hiemcyw pod koniec II wolny Iwiatowe] na Dolny | li3k, =zostaily
odnalezicne po 1945 r. na terytorium Polski. Trafiiy do Biblioteki
Jagiellocskie] w Krakowie, cbkejmuj+ ponad 500 tys. zabytkowych
archiwaliyw, m.in. manuskrypty Goethego, Mozarta, Beethovena, Bacha.

Fruska Biblinteka Panstwowa. Jej dawne zbiory znane pod nazwag
"Berlinka™ to skarbk kultury i sztuki niemieckie]. Przewiezione prze:z
Niemcow pod koniec II wojny Swiatowe] na Dolny ﬂlqsk, zo3taly
odnalezicne po 1945 r. na terytorium Polski. Trafiity do Biblioteki
Jagiellonskiej w KErakowie, obejmujg ponad 500 ty3. zabytkowych
archiwaliow, m.in. manuskrypty Goethego, Mozarta, Beethowvena, Bacha.

B mpuBeneHHOM BbIlIe TpUMEpe, €ciau (aill OTKPhIBAETCS OOBIYHBIM CIIOCOOOM
(BcTpoeHHBIM MeTo0M open(path), TO mojlydeHHas CTPOKa TEKCTa BKIIIOYAET HEPACIO-
3HaHHBIC WJIM HEBEPHO PACIIO3HAHHBIE CUMBOJIBL. B TO e BpeMsi OTKpbITHE (haiina ¢
ucrnosib3oBanueM (GyHkUMH AexkogupoBanus —f=codecs.open(path, encoding='latin2')
MO3BOJISIET BEPHO MPOUYUTATH BCE CUMBOJIBI ITOJIBCKOTO SI3bIKA.

Crucok mapameTpoB, YKa3bIBAIOIIMX BO3MOXKHBIE BapUAHTHI KOJWPOBKH TEKCTA,
MOXHO YBHUETh Ha cTpanulie https://docs.python.org/3/library/codecs.html.

import nltk

import codecs

path=nltk.data.find('corpora/unicode samples/polish-lat2.txt")

print(path)

f=codecs.open(path, encoding="latin2")

for line in f:

line=line.strip()

print (line.encode('unicode escape'))

b'Pruska Bibklicteka Pa‘\‘\ullddstwowa. Jej dawne zbicry znane pod nazw'\\ullos’

b'""Berlinka™ to skark kultury i sztuki niemieckiej. Przewiezione przez’

b'Hiemc'\xf3w pod koniec II wojny “\wullibwiatowe]j na Dolny W\u0l5alnhall05sk, zostah\ulldzy'
b'odnalezione po 1945 r. na tervtorium Polski. Trafihwa0l42y do Biblioteki'
bB'Jagiello\h\ullddskiej w Krakowie, ckejmuj“\u0l05 ponad 500 tya. zabyvtkowych'
b'archiwali‘\xfiw, m.in. manuskrypty Goethego, Mozarta, Beethovena, Bacha.'
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8.3. 3arpy3ka co0OCTBEHHOI0 Kopmyca

JlocTynm K KakJOMY KOPIIYCY OCYIIECTBIISIETCS C MOMOIIBI0O OOBEKTOB KJIACCOB
"'corpus reader™ moxyns nltk.corpus. Kaxnpiit kimace ""corpus reader’ cnenuanusu-
pOBaH noj ONpPEIEIICHHBIN dopmar KOpITyca. Hanpuwmep, KJIacc
PlaintextCorpusReader mpennasHaueH mis 0OOpaOOTKH KOPIYCOB, BKIIIOYAIOIIHX
oObIUHBIC, HECAHHOTHPOBAaHHBIC TEKCTOBbIe (aiapl, a kiaacc BracketParseCorpus
Reader — mis o0pabOTKH KOPITYCOB, BKIIIOYAIONIMX (haiibl, coaepkaiiue CKOOOYHO-
pa3MEUYCHHBIE IEPEBbsI CHHTAKCUIECKOTO pa3dopa.

Ecnmu HeoOxoammo 3arpy3uTh HAOOpP COOCTBEHHBIX TEKCTOB IS MalbHEUIIEH HMX
oOpaboTkn MeTtomamu Moxyis nhltk.corpus, ucmone3yercs kimacc PlaintextCorpus
Reader() moaysnst nltk.corpus. KoncTpykTop Kitacca MMeeT JBa mapameTpa: NepBbIit
napaMeTp NpeacTaBisieT co00il CTPOKY, YKa3bIBAIOIIYIO TUPEKTOPUIO, U3 KOTOPO Oy-
YT 3aKa4yMBaTbCAd TEKCTOBBIE (haliibl KOpITyca; BTOPOM MmapaMeTp Mpe/CcTaBisieT coOoi
CIIMCOK (haiiyoB, mog00HO [‘a.txt’, ‘test/b.txt’] umm peryispHoe BbIpaxkeHue, mogo0Hoe
‘[abc]/.*\.txt’.

Hampumep, ecnu  TekcToBbie  (ailyikl  pacmoyioKeHbl B Karajore
d:/®aiinsiPython/KZ corpus, To (parMeHT Koja, O3BOJISIONIETO 3arpy3uTh BCe (pailiib
Karasora Oy/ieT BBITJIAJIETh CIACAYIONUM 00pa3oM:

from nltk.corpus import PlaintextCorpusReader

wordlist=PlaintextCorpusReader("d:/®aitnsiPython", "1 zakon 20.07.2018 ru
_raw.txt")

print(wordlist.raw())

wordlist=PlaintextCorpusReader("d:/®aiineiPython/KZ corpus",".*")

print (wordlist.raw())

print(wordlist.fileids())

8.4. Pabora c pazmedyennbiMu kopmycamu B NLTK

bu6morexka NLTK conepXUT MHOTO JTMHTBUCTUYECKH aHHOTHPOBAHHBIX TEKCTO-
BBIX KopmycoB, Bikouaromux POS-tagging, named entities, syntactic structures,
semantic roles u apyrue Buabl anHotanuu. NLTK npemraraer yaoOHbIi myTh q0CTyIa

K 3TUM KOpITycaM U MMeeT MaKeThl JaHHBIX, CoJIeprKallre 00pasibl KOPIyCcOB, CBOOOI-
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HO 3aTPYaeMbIX M HCIIOIb3YEMbIX JUISl IPEMNOIABAHMS H HCCIICOBAHMI .

B Mopdonoruueckn aHHOTHpOBaHHBIE Kopryca nobasineHa POS-paszmerka.
Hanpumep, eciu otkpeiTh Brown CoOrpus ¢ moMompi TEKCTOBOTO pPeaakTopa, TO
MOJKHO YBUJIETh CIICAYIOIIUN TEKCT, B KOTOPOM IOCJ]IE KaXXAOr0 TOKEHA CTOUT CJEll U
POS-rer:

The/at Fulton/np-tl County/nn-tl Grand/jj-tl Jury/nn-tl said/vbd Friday/nr an/at in-
vestigation/nn of/in Atlanta's/np$ recent/jj primary/nn election/nn produced/vbd / no/at
evidence/nn "/" that/cs any/dti irregularities/nns took/vbd place/nn ./.

Jlpyrue xopmyca MOTYT IPUMEHSTh HHOU (popmat pasmetku. Hanmpumep, ropuzon-
TaJbHYIO Pa3METKY, UCIIOJIB3YIONYI0 CHMBOJI IO TYC€PKUBAHUS:

The AT Fulton NP1 County NN1 Grand JJ Jury NNI1 said VVD Friday NPD1
an_AT1 investigation NN1 of IO Atlanta NP1 's GE recent JJ primary JJ elec-
tion NN1 produced VVD no AT evidence NN1 that CST any DD irregulari-
ties NN2 took VVD place NN1. YSTP

bubmuoreka nltk.corpus mpenocrasisier cranaapTHBIM UHTEpdEc padboThl ¢ pas-
MEUYEHHBIMH KOpIycaMH, He 3aBUCSIINI oT ¢opmatoB POS-pasMeTku, UCIONb3yEeMBIX
pasznmuuHbIMU  Qaitmamu. Eciim kopryc sBisieTcs aHHOTHpPOBaHHBIM, TO NItk.corpus-
uHTepdeiic numeet Meton tagged _words():

import nltk

print(nltk.corpus.brown.tagged words())

print(nltk.corpus.brown.tagged words(tagset="universal'))

print("Kopmyc nps_chat")

print(nltk.corpus.nps_chat.tagged words())

C:\Uzers‘\Nina'FycharmProjectai\project_l1\wenvh3criptsi\pytl
[{"The", "AT"}, ('"Fulton', 'NE-TL"}, ...]

[{*The", 'DET"), ('"Fulton', "HOUNM'}, ...]

Foponyc nps_chat

[{("now', "BB'), ("im', "PEE"), ("left', "WED"), ...]

* http://www.nltk.org/nltk data/
" http://www.nltk.org/data

118



POS-tag mMeTku TpaauWlMOHHO, ¢ MOMEHTa MyOnukanuu bpayHCkoro kopmyca,
oTtoOpaxarotcst 6onbiuMu OykBamu. OJIHAKO HE BCE KOPITyca MCIOIb3YIOT OJHO U TO
K€ MHOXXECTBO Mop(doJiornueckux MeTok (tagset). Jlis Toro 4ToObl N30€KaTh BO3MOXK-
HBIE CIIO)KHOCTH OTOOpaXeHUS 3TUX METOK, MOXKHO HCIIOJIb30BaTh BCTPOEHHOE OTOO-

paxenue yHuBepcaimbHbix POS-tag metok “Universal Tagset”, ¢gparmMeHT KOTOpOTro

rmokasad B Ta0J. 8.1.

Tabmuua 8.1 — MmuoxectBo  yHuBepcalibHbix  POS-metox  (Universal
Part-of-Speech Tagset)

TEr 3HaYeHHe IIpumep
ADJ pUIaraTeabHOe new, good, high, special, big, local
ADV Hapeune really, already, still, early, now
CONJ qacTUIa and, or, but, if, while, although
DET ApPTHKIIH, OIIPEICITUTCITH the, a, some, most, every, no, which
NOUN  CyIIeCTBUTEIBHOES year, home, costs, time, Africa
NUM YUCIUTEIBHOE twenty-four, fourth, 1991, 14:24
PRT peJyIor at, on, out, over per, that, up, with
PRON MECTOUMEHHUE he, their, her, its, my, I, us
VERB TJIaro Is, say, told, given, playing, would

3HaK IyHKTYyaluu .

X Ipyroe ersatz, esprit, dunno, gr8, univeristy

OOBIYHO pa3MeueHHBIC KopIyca Takxke obiamaroT metogoM tagged sents(), koto-
PBIN BBIJEISAET pa3MEUCHHBIC CJIOBA KAXKIOTO TMPEJIOKEHUS B OTACIbHBIN CITUCOK.

B NLTK pa3medeHHbIN TOKEH NMPEACTABISIETCS B BUAE KOPTEXKA, COCTOSIIETO U3
tTokeHa u Tera. C momornipio ¢pyakuuu Str2tuple() momyns nltk.tag moxHo co3aarts Ta-
KO KOPTEXK C MOMOIIBIO CTAHIAPTHON CTPOKHU, MPEACTABIISIONIEN pa3MEYEHHbBI TOKEH

import nltk

tagged token=nltk.tag.str2tuple('fly/NN")

print(tagged token)
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print(tagged token[0])
print(tagged token[1])

WeD_TEexTs
C:\Uzsera\Nina\ PycharmPro:
(*fly’, "NN")
fly

¥ NN

MOHO cO3/1aTh CHHCOK TaKMX KOPTEXKeH (TOKEH, Ter), oOpadaThiBasi TEKCT pas-
MEYEHHOTO KOpITyca:

sent=""" The/AT Fulton/NP1 County/NN1 Grand/JJ Jury/NN1 said/VVD Fri-
day/NPD1 an/AT1 investigation/NN1 of/IO Atlanta/NP1 's/GE recent/]JJ primary/JJ
election/NN1 produced/VVD no/AT evidence/NN1 that/CST any/DD irregulari-
ties/NN2 took/VVD place/NN1 ./YSTP """

list_tags=[nltk.tag.str2tuple(t) for t in sent.split()]

print(list_tags)

[{"The', 'AT'}, ('Fulton', 'NE1'}), ('County', 'NN1'}, ('Grand', 'JJ'), ('Jury', 'NN1'}), ('said', 'VVD'), ('Friday', 'NEDL'},

HawuGosee ynoOHbIM /i1 XpaHeHus nap (Word, tag) ssiseTcst CTpyKTypa ClIoBapei.

KoHTpoJsibHBIE BONIPOCHI U MPaKTH4YeCKHe 3a1aHud 10 TeMe «Padora ¢ kopmy-

camu B hltk»

1. Ha ¢aitnax kopnyca IIpoekra I'yrenOepra nokaxure, 4To cpeaHss AJIUHA CI0-
Ba KaXJ0ro aHajgu3zupyemoro (aiijia Kopryca paBHa YebIpeM CHMBOJIAM, a CPEIHSS
JUTMHA MPEUIOKEHUS B KaXKI0M (aiine pa3Hasi:
a) M3BecTHO, 4TO cpeAHsisi JUIMHA CJIOBA AHIJIMICKOIO f3bIKa paBHa TpPEM
cuMBosaM. Kak 310 coueTaeTcst ¢ IpOBEIEHHBIM UCCIIEI0BAHUEM?
b) B duem uzmepsieTcst JyiHa IPeJI0OKEHUS ?
2. Omnpeaenute KOIUYECTBO (PailioB B kopiryce webtext.
3. s daitnos pirates.txt u wine.txt kopmyca webtext onpenenure:
— KOJUYECTBO TOKEHOB;

— KOJHMYCCTBO YHHKAJIBbHBIX TOKCHOB,
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— JIeKCH4YecKoe pa3HooOpasue;

— CPEIHIOI0 UTMHY MPEJI0KECHHUS;
— 1nepsble 50 cIoB;

— 1nepBble 50 peoKEHNM;

— nepBbie 50 CUMBOJIOB.

BriBenuTe TEKCT KOPITYCOB Ha 9KPaH.

4. BwBenute Ha 3kpaH Qaitn onrcanus kopiyca bpayna (¢paiin README), kare-
rOpUU JAHHOTO KopItyca U (ailyibl OTHOM JIF000H KaTeropuu.

5. Ompegenure, K KaKUM OOIINM KaTErOpPHUsIM OTHOCSATCS (paitnsl 'training/9971' u
'test/27577" xopmyca reuters.

6. Kakme aiinel oTHOCATCA K Kareropusm 'castor-oil', ‘cocoa', ‘coconut’,
'coconut-oil', 'coffee’, 'copper’ kopmyca reuters?

7. Onpeaenurte nepBble ecATh CIOB ¢aiioB 'training/9971" u'test/27577' xopmy-
ca reuters.

8. Omnpenenure CIHACOK CIOB KaTETOPHUH 'COpper’ KopIyca reuters.

9. Haiinure B xopmyce Universal Declaration of Human Rights Bce ¢aitinbl, co-
JiepJKalue TEKCT IeKIapalii Ha YKPaAauHCKOM sI3bIKe. PackomupyiiTe TeKCTH B (pop-
Mat Unicode 1 BEIBEIUTE TEKCTHI HA DKPaH.

10. 3arpy3ute (haiinsl apxyBa ru.rar B Ka4eCTBE COOCTBEHHOTO Kopityca. BriBeau-
Te CIUCOK (hailIoB KOpITyca, KOJIMYECTBO CJIOB KOPITyCa, KOJUYECTBO YHHUKAIBHBIX TO-
KCHOB B KOPITyCe, TEKCT HECKOJILKHUX JIFOOBIX (DaiJIOB KopITyCa.

11. CpaBHUTE BHYTPEHHIOI pPa3METKy M BCTpOoeHHOe oToOpaxeHnue POS-merox
kopmycoB conll2000 u treebank.

12. [TonyunTe CUCKU TPENJIOKEHUM TareJMpPOBaHBIX CIIOB KOPIYCOB brown u

conll2000.
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Tema 9. [IPOCTBIE CTATUCTUYECKHUE UCCIEIOBAHUSA KOPIIY-
COB

9.1. Coznanue o0nexT nltk.Text.

9.2. Ucnonb3oBanue nakera Matplotlib nist moctpoenus rpadMkoB U 1UarpaMm.

9.3. I[TocTpoeHrEe YaCTOTHOTO pacHpeIeIICHHUs CIIOB B KOPITyCE.

9.4. Konnoxkanuu u ourpammsl (collocations and bigrams) B Tekcre.

KonTponbHble BOmpockl M MpakTHueckwe 3amaHus 1o Teme «lIpocTbie

CTATUCTUYCCKHUC UCCIICAOBAHUA KOPITYCOB».

9.1. Co3nanue oobekra nltk Text

Jlyist TOro 4TOOBI OCYIIECTBIISITh PA3IMYHBIC CTATHUCTUYCCKUE WCCIICIOBAHUS TEK-
cTa, HeoOXoIUMO TIpelcTaBuTh ero B Buae Nltk-tekera wim B Buae oO0beKTa Kiacca
nltk. Text, ucronb3ys B KauecTBe mapameTpa CIIUCOK CIOB (TOKEHOB).

Hanpumep, MokHO co3aath NItK-Tekcer, ncnosb3ys CUcoK clioB (haiiia mpousse-
nenust Y. lllekcniupa “Makbet” kopmyca gutenberg:

shek=nltk.Text(gutenberg.words(fileids="shakespeare-macbeth.txt")).

CyImecTByeT MHOTO CITOCOOOB HMCCJICIOBATh TEKCT, IpeICTaBICHHbBIN B Buje Nltk-
Tekcra. Mcronp3oBanne MeTona concordance oobekra nltk.TekeT mMo3BossieT yBUACTD
BapHaHTHI MMOSBJIICHUS JTAHHOTO CJIOBAa BO BCEBO3MOXKHBIX KOHTEeKCTax. CJIOBO, IS KO-
TOPOTO OMPENETATCS KOHTEKCT, UCIIOIB3YEeTCs B KaUeCTBE MapamMeTpa MeToa

from nltk.corpus import gutenberg

import nltk

shek=nltk.Text(gutenberg.words(fileids="shakespeare-macbeth.txt"))

print(type(shek))

shek.concordance("Macbeth")

<class "nltk.text.Text'>

Displaying 25 of 25 matches:

Macketh by William Shakespeare 1603 ] Actus

on the Heath 3 . There to meet with Macketh 1 . I come , Gray - Malkin A1l . Pa
: but all ' 3 too weake : For braue Macketh { well hee deserues that Name ) Dis
Dismay " 4 not this our Captaines , Macketh and Banquoh ? Cap . Yes , a3 Sparro
h , And with his former Title greet Macketh Rosze . Ile see it done King . What
ne King . What he hath lost , Nobkle Macketh hath wonne . Exeunt . Scena Tertia

PRI e o T Mmoo rere - = Thwsareres 0 W alemsl Amsls s 77 Tl samrmam el D o
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Meton similar() oosekra nltk.Text mo3BoJsieT MpOaHATU3UPOBATH CITUCOK CJIOB,
BCTPEUAIONINXCSA B TAKOM K€ KOHTEKCTE, KaK U CJIOBO, SIBJISIFOIIEECS MapamMeTpoM JIaH-
HOTO METO/1a.

Metox common_contexts (), mapaMeTrpaMu KOTOPOTO SIBJISFOTCS J[Ba CJIOBA, IMO3-
BOJIICT YBUACTHh OOIIMK (OJMHAKOBBIN) KOHTEKCT, B KOTOPOM 3TH J[Ba CJIOBa BCTpedYa-
IOTCSI:

from nltk.corpus import gutenberg

import nltk

shek=nltk. Text(gutenberg.words(fileids="shakespeare-macbeth.txt"))

shek.count("Macbeth")

print()

shek.similar("Macbeth")

print()

shek.common_contexts("Macbeth", "king")

shek.common_contexts(("Macbeth", "lady")

a6l

that king lenox what rosse lady macduff of by in be vpon with a which
not were cawdor against vs

haile_that enter_ lenox
enter_how enter_ lady

Merton dispersion_plot () mo3BossieT yBUACTh pacpeieeHnue CIUCKa 3aJaHHbBIX B
KauyecTBE MapaMeTpoB CJIOB B TeKcTe. Hampumep, MOKHO YBUIETh, KaK 4acTO JaHHBIC
CIJIOBA TMOSIBJIIIOTCS B HaUaJIe TEKCTA, B €r0 CPEeIHEH YyacTu  T. JI.

shek.dispersion_plot(["Macbeth", "King", "Lady","Enter", "Witches"]).

Ha stom rpaduxe pacnpenenenust nexkcuku (Lexical Dispersion Plot) mo ocu op-
IWHAT OTKJIAIBIBAIOTCS CIIOBA, & MO OCH aOCIMCC OTKJIABIBAETCS] CMEIICHHUE B CIOBaX
OTHOCHTENFHO Hauana Tekcta. Hampumep, Ha rpaduke pacmpeneneHus JTEKCHUKH, 3a-

JAHHOM B KAU€CTBE CITUCKA 3aMpallliBAE€MbIX CIIOB, KOTOPBIM MMOKa3aH Ha puc. 9.1, Mox-
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HO YBHJIETh, uTO ci0BO “Witches” BcTpeuaeTcst B Havane Tparequu “MakOet”, a 3aTeM

CIIIC HCCKOJILKO pa3 B HA4YAJIC BTOpOI71 IIOJIOBUHBI TCKCTA.

% Figure 1 ===
Lexical Dispersion Plot
Macheth mm [ Lo rn (1] (] nomi i | o
Kil‘lg A T 10 | ] ([ | 1 [ ni | 1
Lady - PORE T e ww o wmn I
Enter L (1 A I e
Witches 4 1 11 o
T T T T T
0 5000 10000 15000 20000

Word Offset

#/ €9 +Q|=]

Pucynok 9.1 — I'padux pacnpenenenus cioB "Macbeth", "King", "Lady","Enter",

"Witches" B nltk Text ¢aitna shakespeare-macbeth.txt Oubanorexku I'yrenbepra

9.2. Ucnoan3oBanue naxkera Matplotlib nis mocrpoenusi rpadukoB u amua-
rpamMm

J1j1st TOTO 9TOOBI IMETh BO3MOYXKHOCTH CTPOHTH Pa3IMUHbIC TPAQHUKU U THATPAMMBI,
HeoOxoauMo mHcTamupoBath naketsl NUMPY u Matplotlib. bubarnorexka Matplotlib
UCIIOJIB3YETCS JUIS BU3YAIM3allMi JaHHBIX, JUIS CO3JAaHMs JuarpamMm u rpadukos. [laH-
Hasi OMOIMOTEeKa OpraHM3OBaHa Hepapxuyecku. UToObl HapHUCOBaTh MPOCTYIO THUCTO-
rpaMMy, IOCTaTOYHO MCIIOJIBb30BaTh (pyHkuuto hist(arr) narepdeiica BbICIIEro ypoBHS
pyplot 6ubrorexu matplotlib:

matplotlib.pyplot.hist(arr).

CymectByeT (hakTHUECKH CTaHAapT Bbi3oBa PYpPlot, ¢ ucmonb3oBaHMeM ajmaca
(alias) plt:

import matplotlib.pyplot as plt

Wnin:
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from matplotlib import pyplot as plt

J5is Toro 4TOOBI PE3yabTAT PUCOBAHUS OTPAZMIICS HA SKpPaHE, MOXKHO BOCIIOIH30-
BaThCs Komanaoi plt.show().

Hanpumep, MOXXHO MOJY4YUTh paclpeesieHne TOKEHOB (CJIOB) MO HMX JIMHAM
(puc. 9.2):

from matplotlib import pyplot as plt

from nltk.tokenize import word tokenize

words=word _tokenize("This is a pretty cool tool!")

word_lengths=[len(w) for w in words]

plt.hist(word lengths)

plt.show()

% 1 Figure 1 ||| S
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Pucynok 9.2 — I'paduk pacnpeneneHus 0B M0 UX JIJIMHAM

9.3. IlocTpoeHue YaCTOTHOIO pacipe/ie/ieHUs CJI0B B KopIyce

PaboTtas ¢ oObexkToM nltk.Text, MOXXHO cpa3zy MOJYyYUTh MHOKECTBO YHUKAIbHBIX
TOKEHOB JIAaHHOTO TEKCTA M MIOCYUTATh YHCIIO TIOSIBJICHUI TOTO WJIM MHOTO TOKCHA B TCK-
CcTe:

print(sorted(set(shek)))

print (shek.count("Macbeth"))
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[I!Ir I&Ir I'I"r I{Ir I:IIr Irlr I_Ir IIIr Illr I16|'_'|3Ir I2Ir I3Ir I:Ir I;Ir I-?Ir I.l?".l.lr IAGGEHtSIr 1

B Hauase cniricka OTCOPTUPOBAHHBIX YHUKAIBHBIX TOKCHOB PACIIOIAraloTCs 3HAKH
MyHKTYaIuu, IuQpsel, a TOTOM CIIOBa ¢ OOJBIION OYKBBI, TIOCTIE CJIOBA C MAJICHBKOM
OYKBBI.

Bo mHoTHX 3amagax NLP Heo0X01uMo MOTYyYUTh YaCTOTHOE paclpe/ie]iCHHE CIIOB
B TekcTe. Hanmpumep, /U1 onpeaeneHus clioB, KOTOPBIE SBISIOTCS Hanboee nHpopma-
TUBHBIMU JJIsI TEKCTOB OIPEACICHHOTO JKaHpa WU ONPEACIICHHONW TEeMaTHUKH, MOXKHO
OTIPEACIUTh YaCTOTHI TIOSIBJIICHUSI CJIOB B JIAHHBIX TEKCTE, T. €. MOCTPOUTh YACTOTHOE
pacnpexaenenue. YacrotHoe pacnpenenenue (frequency distributions) ykassiBaer Ha
4acTOTYy, C KOTOPOM B TEKCTE BCTPEYACTCS KaXJ0€ M3 CIOB. Takoil YaCTOTHBIA CITUCOK
HA3bIBAIOT paclpe/iejICHUEM, TaK Kak 0011ee KOJIMYECTBO CIOB PACIPEIEAETCI MEXTY
CJIOBapHBIMU CTaThsIMH (OPUTHHAIBHBIMH CJIOBAMH) B TEKCTE.

B NLTK peanmusoBano otaensHbiii kinacc FreqDist B moxymne nltk.probability.
OOBEKT JaHHOTO KJIacca MPEACTABISIET COOOM CIIOBAph, K KOTOPOMY MOXHO TIPUMCHHTH
OCHOBHBIC METOJIBI CIIOBAPSI:

from nltk.corpus import gutenberg

import nltk

from matplotlib import pyplot as plt

print(gutenberg.fileids())

shekspeare=gutenberg.raw(fileids='shakespeare-macbeth.txt")

shek=nltk.Text(gutenberg.words(fileids="shakespeare-macbeth.txt"))
fdist1=nltk.FreqDist(shek)

print(type(fdistl))

print(len(fdistl)) #xoruuecmeo ynuxanvuvix cios

print(list(fdist1.items())[:10]) #nepswviit decsimb kopmedrceti ("cnoso™, vacmoma)

print(sorted(list(fdist1.values()),reverse=True)[:10])

print(sorted(list(fdist1.keys()),reverse=True)[:10])

print(fdist1.keys())

for key in list(fdist1.keys())[:10]:

print ("%s ->%s"%(key, fdistl[key]))
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<class "nltk.procbability.FregDist'>

4017

[{'['s 4), {'IThe', 118}, ('Iragedie', 1), ('ocf', 315), ('Macketh', &1), ('by",
[1962, 1235, &37, 531, 477, 376, 333, 315, 311, 241]

["vouths', 'youth', "yours', "your', 'young', "youl', "yvou', "yong', 'yoake',
dict_keysa(['[', 'The', 'Tragedie', 'of', 'Macketh', 'by', 'William', 'Shakespeare’,
[ -»4

The ->118

Tragedie ->1

of -»315

Machketh ->61

by ->36

William ->1
Shakespeare ->1
1603 ->1

] ->4

("William',

1),

'Ao

MO0>XHO OCTPOUTH TpaUK YaCTOTHOTO PACTIPEAEIICHHs CJIOB (paHr-4acTtora), Ko-

TOPBIA MOJHOCTHIO COOTBETCTBYET 3akony [{unda (puc. 9.3):

fdist1.plot(50,cumulative=False)
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Pucynok 9.3 — I'paduix 4aCTOTHOTO pacnpenesIeHus MATUIECITH HanboJiee YacThIX CJIOB

nodmbl [llekcriupa «Makber»

MOXHO NOJy4YUTh KyMYJISITUBHBIN rpaduk 4acTOThl (HAKArUIMBAIOUIUN WA CYM-

MUPYIOIINI 9acTOThI) HanOoJIee YaCTOTHBIX CIIOB TeKcTa (puc. 9.4):

fdist1.plot(30,cumulative=True)
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Pucynox 9.4 — KymynsaTuBHbIN rpad K 4aCTOTHOTO pacupeeieHus] TPUALATH

HamOoJiee yacTbix cjioB o3Mmbl Lllekcnupa «MakOer»

Hcnonw3ys meton hapaxes() oobekTa kimacca FregDist, MOXKHO MOTYYHTh CITHCOK
CJIOB, BCTpEYAIOIIMXCs B JaHHOM nltk-TekcTe TOJIBbKO OAMH pa3:

print(fdist1.hapaxes())

['Tragedie"', "William', 'Shakespeare', '1603', "Primus', 'Scoena', "Raine', "Hurley', 'burley', 'Battaile', "Gray', "Malkin',

Hcnonp3ys HEOOIBIONW (parMeHT KoJia, MOKHO TOJIYYHTh CITHCOK CJIOB, BCTpE-
YAIOMINXCS B TEKCTE OO0JIbIe 7 pa3 ¥ UMEIOIUX JUTMHY O0JIbIe 7 CHMBOJIOB:

print ("CIUCOK CJIOB, JUTMHHOW 0OJIbIIIEe 7 CHMBOJIOB M BCTpEUaOIIuecs 0obiie 7
paz")
fre_long=[w for w in set(shek) if len(w)>7 and fdist1[w]>7]
print (sorted(fre long))

COMCOX CHNOE, INMHHOH Comeme 7 CHMEOQNOE M BCTpedYanmmecHd Gojaeme 7 pas3
["Businesse', 'Children', 'Dunsinane', "Highnesse', "Macduffe", "Malcolme', "Scotland']

Kpowme Toro, nucnomnn3yst 00bekT kinacca FreqDist, MokHO TOSTyduTh pacrmpeene-

HUEC IJIUH CIIOB B TCKCTC:

fdist2=nltk.FreqDist([len(w) for w in shek])
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B ta6:. 9.1 noka3aHbl HEKOTOPbHIE TOMOJHUTENIBHBIE BO3MOXHOCTU PabOTHI € 00b-

exkToM yacToTHoro pacnpenenenus (FreqDist) Tekcra nltk.

Tabmuua 9.1 — qonoaHUTENBHBIE BO3MOXKHOCTH pabOThl C 0OBEKTOM YaCTOTHOTO

pacnpenenenus (FreqDist) Tekcra nltk

fdist=FreqDist(Texct_nltk)

Co3ziaeT 4acToTHOE pacrpesieiieHue TekcTa nltk

fdist[*Word’]

Omnpenenser 9uciio nosiBiaeHUH ciioBa ‘Word’ B TeKCTe

fdist.freq(‘Word’)

Omnpenensier yacToTy mnosiBieHust ciosa ‘Word’ B Tek-

CTC

fdist.N()

Onpez[ensleT KOJIMYCCTBO YHHKAJIBbHBIX TOKCHOB B TCK-

CTC

for sample in fdist:

OCYHIGCTBJDIGT HUTCpaluIo 110 BCCM YHHUKAJIBHBIM TOKC-

HaM B IIOPSAJIKC Y6BIBaHI/I$I qaCTOThbI

fdist.max()

Omnpenenser HanboJiee YaCTOTHBINA TOKEH TEKCTa

fdist.tabulate()

C03naeT TaOJIMIHOE IMpCaACTABJICHUC JaCTOTHOI'O

pacnpeneneHus CJI0B B TEKCTE

fdist.plot()

CrtpouT AuarpaMmmy 4acCTOTHOTO paclpeiesICHUs

fdist.plot(cumulative=True)

Ctpout KyMyJsSTUBHYIO JAWarpamMmy (amarpammy

C H&KOHJ’ICHHCM) YaCcTOTHOI'O pacrpCacjiCHus CJI0B

fdistl<fdist2

OHpCI[@JIHGT CJI0OBa, 4YaCTOTa IIOABJICHHSA KOTOPBIX B

fdist] menbie, yem B pacnpenenennn fdist2

Hwxe mpuBeneH npuMep HCTHOIB30BAHHS HEKOTOPHIX, MPUBEACHHBIX B TaO. 9.1.

(GyHKIMIA 1 METOAOB PabOTHI C YaCTOTHBIM PACIpe/IeSIEHUEM CJIOB B KOPITyCe:

from nltk.corpus import gutenberg

import nltk

from matplotlib import pyplot as plt

print(gutenberg.fileids())

shekspeare=gutenberg.raw(fileids='shakespeare-macbeth.txt')

129




shek=nltk.Text(gutenberg.words(fileids="shakespeare-macbeth.txt"))
fdist1=nltk.FreqDist(shek)

print(fdist1['Lady'])

print(fdist1.freq('Lady"))

print(fdist1.N())

print(fdist1.max())

fdist1.tabulate()

plot_tokenizad plot_tokenizad russian simple_statistics
C:\Usera\Nina‘\PycharmProjectaiuntitled\venvi Scriptaipython.exe D:/dfafumPython/statistica/CollocationsBigrams.py
["austen-emma.txt', 'austen-persuasion.txt’, 'austen-sense.txt’, 'bible-kjwv.txt', 'blake-poems.txt', 'bryant-storie
48
0.002074330164217805
23140
r
. . ! the : and I
1962 1235 a37 531 47 378 333

9.4. Kosutokauuu u ourpammbl (collocations and bigrams) B Tekcre

OdveHp 9acTO TMPH YAaCTOTHOM aHAJIW3€ TECTOB HMCIOJB3YeTCS aHAIN3 N-TPaMMBbI
(Bigram, Trigram). burpamma mnpencrtaBisieT coOOl TOCIENOBAaTEIbHOCTh U3 Mapbl
CJIOB B TeKcTe. MOXKHO TOJTYYUTh BCEBO3MOKHBIE OMTpaMMBI Ha CIUCKE CJIOB WIJIH TO-
KEHOB, MCITONIB3ys MeToa bigrams().

Koasiokanum npencTaBisioT coO00M MOCIeI0BaTeNLHOCTH CIOB, KOTOPBIE MPOSIB-
JITFOTCSI BMECTE Yallle, YeM OHH TPOSIBISUTUCH ObI, €CITM OBl MOSBIISIIUCH B TEKCTE HE3a-
BHUCHUMO JPYT OT apyra. B HeKoTopoM NmpuOIMKEHNN MOKHO CKa3aTh, YTO JIBYXCIIOBHBIE
KOJUIOKAIIMKM — 9TO YacTO BCTpedaronuecs OurpaMMbl. To €CTh MPaKTHYECKH, HEOOXO-
JTUMO OTIPEIEIIUTh OMTrpaMMBbl, KOTOPBIE MOSBISIOTCS B TEKCTE Yallle, YeM OXKHJIAeTCs
UCXOJIs U3 YaCTOTHI MOSIBJICHHS COCTaBIIOMMX MX cioB. Mertos collocations() oowekTa
nltk TekCT MO3BOJISET MOTYYUTh CIIMCOK KOJIJIOKAIIUMA B 3aJTAHHOM TEKCTE:

print("Bigramm and Collocations")

print(list(nltk.bigrams(['more', 'than', 'your', 'knowledge' ,'is'])))

shek.collocations()
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1| Bigramm and Collocations
[{"more', "than'), ("than', "vour'), ("vour', "knowledge'), ("knowledge', "ia')]
i Enter Macketh; Scena Secunda; three Witches; good Lord; thou art; Fire
burne; Scena Prima; worthy Thane; ten thousand; weyward Sisters; mine
owne; Cauldron bubble; haue done; C0ld man; Scena Quinta; thy face;
| | Enter Malcolme; Scena uarta; Lord Mack; Scena Tertia

KonTposbHble Bompocbl M mnpakTuyeckue 3aganusi no teme «IIpoctbie
CTATUCTUYECKHE MCCIIeJOBAHUS KOPIIYCOB)

1. Jns ocyiiecTBlIeHHUS CTATUCTUYECKUX MCCIEOBAHUNA TEKCTa Tpareauu
V. lllekc-nupa “T'amner” npexacraBbTe B Buie TekcTa nltk gaiin shakespeare-hamlet.txt
oubnmoTeku gutenberg.

2. IlpocmoTpute KOHTEKCT MosiBieHusl cioBa “Hamlet” B nmaHHOW Tparemuu.
Ckob-KO pa3 BCTpEUYaETCs JTAHHOE CIIOBO?

3. Haiigure B 1anHOM TekcTe o0mmii KoHTeKCT ciaoB "Hamlet" u " Horatio " .

4. Tloctpoiite rpaduk pactpeneneHus cioB "Hamlet", " Horatio ", “Ghost “, u
“Polonius” B TEKCTE JpaMBbl.

5. Omnpexnenure YUCIIO YHUKAIbHBIX TOKEHOB B KOPIyCE U OTOOPAa3UTE UX CIHCOK.

6. IlocTpoiiTe rpaduk YaCTOTHOIO pacHpenesieHUs CIOB B KOPIIyCE U KyMYyJIs-
THUBHBIN TpaUK YaCTOTHOTO PACIpPECIICHUsI CJIOB B KOPITyCeE.

7. Tlokaxure ciaoBa, KOTOPbIE BCTPEYAIOTCS B KOPITyCe TOJIBKO OJIMH pa3.

8. CocraBbTe J1Ba clHCKa CJOB: 1) nmuHOM OOJbIe 7 CUMBOJIOB, YaCTOTA TOSIB-
JIEHUsI KOTOPBIX B KOpITyce OOoJbllie ceMu; 2) JUTMHOW MEHbIIIe 3 CUMBOJIOB, BCTpPEUalO-
LIMXCS B TEKCTE MEHBIIE Tpex pa3. CpaBHUTE ciuckHU. Kak BbI Jymaere, KakOW U3 CIIHC-
KOB repeaeT 0osblie nHPOopMaIUK O CMBICTIE TEKCTA U TToUeMy ?

9. Cospnaiite (QyHKIUIO, TO3BOJISIONIYIO OMPEALIATh JICKCUYECKOEe OOraTCTBO TEK-
cTa (KOJMYECTBO CJIOB B TEKCTE, ACICHHOE Ha KOJIMYECTBO YHUKAIBHBIX CJIOB).

10. Co3pmaiite (QPyHKITHIO, OTIPENETSIONIYI0 BEPOSTHOCTh TMOSBIICHUS CIIOBA, TIEpe-
JaHHOTO B (DYHKIIMIO B KaUYECTBE MapaMeTpa B KOPIyce, pa3Mep KOTOPOro (KOJIUYECTBO
CJIOB) Takke mepeaaetcs B QyHKIUIO B Ka4ECTBE MapameTpa.

11. Onpenenure KOJUTOKAIMU AaHHOTO Kopryca. OOBsICHUTE, YTO TaKO€ KOJIJIOKa-

[IUH.
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12. CocTaBbTe CIIUCOK CJIOB TEKCTa, UMEIOIIUX JUTMHY OoJbie 12 CHMBOJIOB.

13. IlomyunTe pacupeneseHue IMH CIIOB B KOPITyCeE.

14. Onpenenure, Kakas JUIMHA CI0Ba BCTPEUAETCS B KOpITyce HauboJsee yacTo.

15. IlocTponTe quarpammy pacupeneseHus 4acToT JJIUH CIOB.

16. Onpenennre, Kakue IJIMHBI CJIIOB BCTPEYAOTCS B TEKCTE.

17. BeiBenuTe Ha 5KpaH UMEIOUIMECS IJIUHBI CIOB, C YKa3aHMEM YaCTOTHOCTH HUX
HOSIBJICHUS.

18. [locTpoiiTe AuarpaMmy pacrpeaesieHus 4acTOT JIJTUH CJIOB.
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